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HS5FL AWATIE I AT YU —1ERK Agatha Christie TS 31 % FeGEI B
LT, FRRDZLME 2 A5V —fES Dorothy Sayers & D kil % il L CRI M 72 2387
ZIFHZERANET A, OWMFELELT, 7Yy 7O —MTH % Random
Forests Z i L, @i#HEEGEAZZHE L7 2 fERDIESR O ZE T, SHICHS LT
FHEGEIC DWW T 24T 9 . Random Forests % 9417 L 72 /54, Christie & Sayers DfE
M 90% %t 2 2 IER T 5 2 LR, I N RGE L LG, Sayers
B3 everybody, anybody @ X 9 7&-body W44 till 345035 DAL T, Christie (%
everyone, anyone D X 9 %-one W44 il 2 until # %M L T3 2 LRSI R ST,
%7z, Christie I X MERA G B D@ L%  Figah & LTahitish, C
6 D% Christie YRSV 2 2 LB S Ich o7, BiFoEEEohT
LEEICE oL 28 EITEHT % &, HaE2 C BUCREERR IO T8RS AP D
fEA2LRBLAD, H LT —2Z > THHRA &1y Wl L Ik X9 THRE
L7h &, B APOTHOH G T RESNTED, Christie fEMASHHAIC E > T
FRME 2T, BUETHECER L T2~ E L > TR 5DTIEZA
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A Stylometric Approach to Agatha Christie’s Works Using Random

Forests
Comparing with Dorothy Sayers

Narumi TSUCHIMURA
Graduate School of Language and Culture, University of Osaka

1-8 Machikaneyama-cho, Toyonaka, Osaka, 560-0043 Japan

Abstract This study tries to make a quantitative analysis on characteristic words
in Agatha Christie works, comparing with her contemporary Dorothy Sayers. This
study applies Random Forests, one of ensemble learning methods, for classifying the
two writers” works. The variables used in Random Forests are the most frequent
words, and we discuss the 100 the most characteristic words. The results of this
analysis revealed that Christie’s use of characteristic words contrasted with Sayers’,
especially between synonyms: Christie tends to use someone, anyone and until while
Sayers tends to use somebody, anybody and till. Moreover, Christie tends to use words



related to the female gender and a number of past tense verbs. Among the past tense
verbs, we focus on the words related to movement. It revealed that Christie described
characters’ behaviour in her novels by using a number of co-occurring words like -/y
adverbs, and I assume that this makes readers to imagine scenes in her novels easily.
It may be one of reasons why her novels are read and loved all over the world now.

Keywords  Agatha Christie, Random Forests, characteristic words

1. EUSHIC

AL 2 A7 Y — {58 Agatha Christie fEM DOREAEVREICBI L T, #EIHYTFEZHWT
SNE T ZER2HNE T2, Christie fEICBIT 2 RN TFEZ O L LT, §E
ne AR B L Torlr % 175 72 Lancashire & Hirst (2009) %, a4l & i@ o507 7'a—
Fa#fro 7z Leetal. (2011) % EDHAET %, £72, A (2009; 2013) D & 9 12, Christie {f:
D AE—)L a—s,8Z % H\v», WordSmith Tools % Tl & -7 RFf#iE # JG12, Christie
DS PCOREZMFLET 2T 7=y V2 BEH LR LHS, LrL, IhsiRvuin
LTI O B{EMDIRENTH D, Christie DT E 2 —EhhD & BRAED {EN £ CHREFENIC
I EIT o TR R 72 & 2o, AWIESE T KEHE % & © 72 Christie @ 2 2 7V —{Ei %14
RBICH O %2179 .,

Christie & D NS & LT, Christie & [AIRFUCTGEREL 724 ¥ Y 2 D ZEES Dorothy
Sayers DEf %\ %, Sayers | Peter Wimsey I DML 2 A7) —{FRKTH S, H
AR TIEAANDIENT 72 DI, DR LIRS LA H E D EL R0D, T AT Y —if
SRR D 1930 FERUIC XM D WIGT £ Christie & #5519 % 12 £ (Malling and Peters, 1998)
NADEAEFRTH %, 72 P. D. James ¥ Minette Walters 7 &% DLk 3 A5 1) — 1%
PHBDOIERE L THIF2D Sayers THH (#,1998), 'S ATV —D2KLE; LLT
Christie £ MiA TRESN D Z D% i ®, AKREFSET Christie & HlZ2 179 5L L TEE
L7,

AW TIE Sayers {Ein 2 LLEoa R & L, $&0k7E O Tk %2 72 Christie fEMO 73 HT 2 1
9o FEMEE D T1:TH % Random Forests Z [\ 272 2 {fERDEM D73 K% 1T\>, Christie
fEAC B 2R EEEDOR 2179 . Z DT L T Christie D sl fi ] DR D i % 71~
T LERRADDVARWEDOHINTD 5,

2. EA7T—Y - BAFE
21. Y9 —FIOITAF3Y

AR TIEU T D 20DV Y —F 7 LA F a »#iE LT,

1. B&bk~= 5 o Fk % v T Christie D & Sayers D & 2 38T 5 2 L IEnHED>

A, JADH2016(September 12th to 14th, University of Tokyo) 2%\ T - 72 ilFE 76 ~Stylistic Analysis
of Agatha Christie’s Works: Comparing with Dorothy Sayers"lZ M4t « {E1IE2 {7572 LD TH %, K% iED 2
W2tz b, HHIEELSEE CRBORSY), S FeF o7 - R (RO 2130 o, %7 ey o7 ok
FIRCR Y NR=D iR ICHREICE TR ZIF2FH A, 2 IIELTERIEHPL LT w, &k, K
BT 28Y) BETEEOHETH 5,




2. BUCHL L -FiEED 9 B, Christie & Sayers & TEEDQOH W AIZED K 9 RiEoHS
HBHD

22. EHET—%

ST 27— 2122w T, ZNENOERDOIEME, R i, KERZLTD
KR L 7o, MifER & & Kl - M2 &8, MR e 88D v v LV ToffmisE 21T
BoTwED, Pr VDB X AMERDESZEEL T, MERLEL I AT —1F
W PRE LT &1 .

R 1: ThZhOEROERT—5 DB

Author  Number of texts  Types Tokens

Christie 221 40,885 5,230,256
Sayers 55 31,967 1,430,257

2.3. Random Forests & [Z{ah

AWFFE Tl ik & LT Random Forests % Ji\» %, Random Forests & (&, Breiman (2001)
DR L7, 8 W2 o7 v v IO MiTH %, Random Forests |,
LT =67 =R Iy 7V )73t 7—9 2w, ZROWERDIERZTT
Vo ZDEHDPEARD FUHTREZ M AGHYE, LERICE DI ZTE %, Random Forests
ETF—=D30D2%2HOTETVOERZITY, EBHOD3ITD 1 ZHOTERLAZET IV
DT A 2T,

Random Forests 37 ¥ A b REHEHOMRMIcBEWTLFHEI N TV, 4 - K | (2007) T
&, ANEE EC, Hato 3 o %z v, Random Forests % FIIH L 7235 & FO [ 217
W, iDL k FOLtRE, FER7 Pk, YR FR7 -2, NX VT
T—=AF 4 7)) SRR L 72, ZDOF5%, Random Forests (3 fth D235k X b (i@
P EPWME I NT S, /K - HH - B 011) 13, SEEERFIEG A & JESERE R
i DYHE U 7 SEEEAAITR IS DV, A YRR A A E LTI v A7 x VA E
W BIEITY, REEGE LIEREES Z N2 USRI 2 ZBloil 21T > 72, Z DRk
B, BEEGEH O 9EE X -ly B3 RhemEbial, hedges # %M T 2DICnt L, JERFEGGE L on
the other hand %> moreover @ X 9 7z Hii 2 BIR° show % think © X 9 7 [A— O FA TG %2 % H
LTwas Z eI, 7, HIM(2012) TlE, Charles Dickens & Wilkie Collins
DR 2wk il $ 2 FEGED i %2 Random Forests %\ Tiro 7z, WNEOLEHSA A
fiize EPEROFEGEM O, BAASED X I ICH 2 EDT ¥ A FDAICHBLIY 25k
ZREGE L LTI L TL £ 9 L) MR DH %553, Random Forests % 1\ % & Z OEfE
Z iR U 7 FEEhhii i cdh 2 2 L2 L 7,



24. ARAFE
Random Forests 2179 ICBX L, 2% & L TapMlEGEhEo MBIHIE Z 7o, 2B E R
& LT, MRS Jane Austen TESYD G117 XA HT % 17 - 72 Burrows(1987, 1992) 72 &
ICBEWT, EEOEERNT HIREL L COAMENRINT0wE O TH S, (FMTL
DI I 2 7o, B IZFIMIE 2 7o, IHTICIBHGHETY 7 + 7 = 7 R 2 1
>, randomPForests /¥ 77— % {{i il L T Random Forests % F17 L 72, 3Hric v 2 £ 8%
100 #7425 1000 3% % T 100 T >LL I ST 2 1T 72,

3. MR
3.1. Random Forests DT & overfitting DfEIRE

ERCD X 9 1228 100 552> 6 1000 55 % T 100 353 > 214k & & T Random Forests % F{T
L7zE 25, BHEEX 92.7%-95.3%TdH - 7=, LLFDF 212 Random Forests D JEf 74 %
AT,

5% 2: Random Forests {752 D —F|

Call:

randomForest(formula = author ~.,

data=cs.all, proximity=T, importance=T, ntree=500)
Type of random forest: classification

Number of trees: 500
No. of variables tried at each split: 24
OOB estimate of error rate: 4.71%

Confusion matrix:

Christie  Sayers  class.error
Christie 221 0 0.0000000
Sayers 13 42 0.2363636

& ZAH, Christie & Sayers TIEMEL - MGEBILIC 4 f513 E DR ELEDH 5 7291 over-
fitting L T L £\, Sayers fEfhAFELESIZ £ H71C Christie fEfh & L TEHEHIENTL 9
EW)WEDRE L7, 2D, S22 T 2HEMERD S 50 EMT 27 ¥ L4
Y7 v T RETw», SlE E L ERIC Random Forests Z i1 L7z, 7 v Ly vy 7Y v %
172 1BERD T BIRE IS 94%-100% & 72 0, IBRES M ELZ, ThkhhidIvyayy
7 v 7 %17 - FED Random Forests DGR 2 HI\VTEHE 21T ) . 283 600 iEDIFIC IRk

HEWTY S BRENG S Nl o b, D3 600 EDBROIATRER 2 ITICELE 21T o



3% 3: Random Forests RITHERO—H (F—Y DS LT ) 2001%)

Call:

randomForest(formula = author ~ .

data=cs50, proximity=T, importance=T, ntree=500)
Type of random forest: classification

Number of trees: 500
No. of variables tried at each split: 24
OOB estimate of error rate: 0%

Confusion matrix:

Christie  Sayers  class.error
Christie 50 0 0
Sayers 0 50 0

3.2. Christie & Sayers DFFEEED LLE

randomForests 73 7 7 — 212 1d varlmpPlot() PIE3FE S NTHE D, Vv — 7 DMK
ECHG LBz RD B T EDAHETH %, Christie {Ein & Sayers fEMDHHIZEBTKA
ECHFLGLIGE 30382 IR L7 b DD T DK 1 TH S,
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Christie ffii & Sayers fEMOHRNC B W TR E CHL L7z EAZ 100 5522 WT, fFRI L
WK D EHEETHBIT 202K EGE L LTHOBIL bR 4R L, ZOREGED Y A
MCHD LT ZDREEEZTI,

# 4: Christie & Sayers DR

Christie
she, murmured, her, everyone, someone, anyone, looked, paused, shook, smiled, spoke

once, everything, understand, herself, gave, mean, real, was, am, slowly, head, nodded
eyes, really, looking, is, were, possible, are, smile, girl, voice, thoughtfully, world, stared
yet, sometimes, going, suddenly, face, slightly, do, sharply, most, least, different
perhaps, minute, will, told, not, sure, one, shall, there, always, can, what, talking, you

Sayers

while, anybody, till, bit, by, and, the, lord, better, getting, Il, upon, o, somebody, if, turn
when, this, after, gentleman, replied, into, time, book, set, get, nobody, however
glass, clock, only, found, look, make, over, take, in, put, god

4. EE
4.1. -one vs -body, until vs till

#£ 4128 T Christie & Sayers DRFGEZ LT 5 &, % ’sf‘llhj-%"@ﬁ"]‘f'ﬁﬁ’ﬁ'ﬁ‘% 2 D3RI
it TH Y, Christie I& everyone, someone, anyone &\ > fz-one oD RN EGE L > TWw 3
DIZH L, Sayers (& anybody, somebody, nobody & \>- 7z-body WD EGE & LTIl S
N3, fhilh SN REEED TR E 72 o T % someone & somebody, anyone & anybody
EIDWT, ZNETNOEROMABILEZE 5 IR L 7,

£ 5: Christie & Sayers M-one f, -body F2D{EFRSERE (100 BEE&H D)

Author  everyone everybody anyone anybody

Christie 207.64 11491 416.81 97.51
Sayers 20.28 125.85 72.02 461.46

#2506 b5 L 912, Christie lX-one D %al 2 EHEIICEZH L TE D, ZHUIXL
T Sayers (3-body 6D %l 2 % L T 5 2 LA 55‘75 %,

Ff, THEHRICHNINTSH 2 D3, Christie 13 until BFHEGE L L THEB > Tw 5 DI
XL, Sayers & fill DWRHEGE L o> TWwb, ROIRT XIS, WHX until & ill IZDW»T
MR 2 2 LT3, Sayers (& #ill Z% JH L T2 DIZx L, Christie (& until O
FEDS I 12 v



% 6: Christie & Sayers @ until & till D{ERSEE (100 AEEH D)

Author until till

Christie  257.54 107.83
Sayers 84.60 491.52

Christie, Sayers 212 -one 445 & -body W44, until & dll ZfE L TV 2578, oD
372 LTS 0D H 5 B 2T, -one D %4 & -body D 4wl DFEF-ITD\NGT,
F 7z until & till DFEFUZOWT, Quirk et al. (1985) 1E KD X H 12l XTw 3%,

The pairs of pronouns with personal reference (eg: everybody, everyone) are equivalent

in function and meaning, but the pronouns in -one are regarded as more elegant than
those in -body. (Quirk et al. 1985: 376, 378)

In the Survey of English Usage corpus of (largely) British English, until occurs twice as
often as till, and is used approximately equally as conjunction and as preposition, and
equally too in spoken and written materials. On the other hand, #ll occurs chiefly in
spoken texts, and is predominantly a preposition. (Quirk et al. 1985: 533, 534)

HIE until IR THGENTSH % L DRdibd3H D, -one WD £illd-body KD %5l & D 1%
JEVEFHIN TS 720, T TG TIE-body TGO E till 3L Y % S,
D 3T ld-one D%l & until 3L D % S BIT 2 L DG Z VLT, ZRENDIERD
N DEDHHMIEZHETL I L L L, LMTDERT, #£8, £9ITZNZ 1 everyone &
everybody, anyone & anybody, until & till DHID L E AU BT 2 HBMIIEZ £ L o7, M
FE1342C 100 Hafd 72 DI L Tw 5,

# 7: Christie, Sayers {fEG® everyone, everybody D HIRSBEAER

Christie Sayers
everyone evervbody | everyone everybody
conversation 151.62 89.10 13.98 125.85
narrative 56.02 25.81 6.29 51.04

% 8: Christie, Sayers YE@®D anyone, anybody D HIRSEERNR

Christie Sayers

anyone anybody | anyone anybody
conversation  360.02 86.61 51.74 394.34
narrative 56.78 10.90 20.28 67.12




% 9: Christie, Sayers {ER®D until, till O HIRSEEAER

Christie Sayers
until till | until till
conversation 177.24 77.82 | 40.55 332.11
narrative  80.30 30.02 | 44.05 158.01

PLEDHT,8 X0, -one B4l & -body T4 allo D TE, MIfESILICHIO L D & 434f
XIZB W T-one 4 H -body 4l b H L TW B I L) DDA 5, HOLEBFELE
DA TIE, MERLE D NS DFEDMH BT ITIEITo TRV EITH S, K9 D uniil &
Al DOWTIE, Christie 1385 6 DL RGBT HH LTV B 2 L0915, Ll
Sayers (&, fill \$22EESCTOBEDE L, until \$IHLD SCTOBED /D 2o Tw 3,

4.2. KB

Christie M OFFEEE & U T, 2CMANAE she, her D35505 > T 5, FHIZ she 12T, K
1 26505 XIS, ¥ =RECHMA AR b KE <, Christie & Sayers D1 % R 3
% L TROHFGEPEGL o TV S, she & her DWERDMEHELE F 10 18T,

# 10: Christie, Sayers {EGRIC & 1T B she, her DIEFRAE (100 HEEH=D)

Author she her
Christie 12,238 9.215
Sayers 5,515 4,387

Christie {f5 T Sayers fEfICLER 2 & she, her I TEFEIIC S T SN TV 5,
Sayers D {f bl TIEPEFHZ B YED Lord Peter Wimsey D 4 T& % %3, Christie {4l Tl& Miss
Marple %> Tommy Beresford D /7-Td % Tuppence Beresford & \» - 7z 2RISR T
HDHEMOAHET B, 2D X9 G NWD she DERBILIEE 2 5 A TO 5D E 9
IZDOWTUE, fEMDEANRZ B L BB ELE %570, 5HOFEL L Tw,

43. BFEDBER

fll1i Christie DFFEGE TR 2 DX, Sayers (AR 2 LG OM LN S W2 L TH 5,
Al Dt LI EHLD ST D narration ICE SN B 780, HUI/NRT ¥ A b 7% 6 TIEORH
ThHbHEF A5, murmured, told D X 9 &K BHT 255, looked 5° stared D X 9 72T
BI9 25872 EDEDI 5> T %08, 2 2 TIREEICBIY 2 Bhid paused & nodded IZTEH T 5,

13U DI paused 122T, paused %2 & 2 55D cluster Z 158§ 2 &, HBIMEEDS D
LD T LI IcH o7, cluster, 207 —Y a voORERFavya—F v 274 vy O
A, 3 ¥ a—4#"v 4% — CasualConc Z i L 72,



5 11: paused ZEE 2 78 cluster

Rank Cluster Freq Rank Cluster Freq
1 he paused 681 6 paused then 78
2 paused and 403 7  poirot paused 62
3 she paused 391 8 paused to 35
4 paused a 174 9 i paused 33
5 paused for 97 10 paused in 33

2 2T 200D T B paused and 12D\ T, paused & XD X 9 7w SR and
ZHOTEOTW L DDHEN® 5 7280, paused and % node & L 7zFFIC A 1 G5H 1L T %

AR U AREDI MR 121008 T, S ZE SIGRELEZ A, 5

el

& 12: paused and D R1 ITH T 2 HEFE

Rank

Context word  Freq

1

[ I s I e

then

said

added

went
looked

196
28
25
21
10

=

D E i,

Christie |% paused and then & \»>9) R Z MO RBUIRTEH L TW5 2 LD 005,
paused and then DAY A =52 A 574 Dz FIZRT,

I2RLBR2BBBIBLLBRLBE63560002888

Kwic - 196 found in 69 files

. G Anna dzky. Mrs M

« Mr James Thesiger *

‘No, no, it's nothing to do with that. It’'s just

'I came straight back here.’

He
He
He

She

Madame Joilet
dangerous to those who do not know how to handle them!' She
ed a few words with her on the day she left Jerusalem.' She

‘I wanted to see for myself. I've been worried.’ He

‘He was this summer.’

She

At the doorway Jane
Half reluctantly, Rowley followed her. At the door, Lynn

a week ago that she would like nothing better than to

‘It is indeed.’

He

Miss Lemon

‘ he

Frankie
ght. A man’'s got to stick up for his wife. Dick would.' She

Poirot

He

‘Ah, you think that?’ He

He
He

less. I writhed in impotent agony. They came down the path,

r the sun. It was almost a guotation from Ecclesiastes.’

w

ix running once and I wasn't. I‘m not the bilious type.’

FEESRERE

paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused
paused

EEEEEEREEEEREEEEEEEEEEREEERNREE

then asked sharply:

then asked, ‘What did it say? At
then asked: ‘What made Miss Megan
then asked, ‘Why did you think
then asked with a sudden gleam of
then asked, ‘You have brought what
then blurted out: ‘As a matter of
then broke out, 'Why, Lucy

then burst out: ‘Mark will have it
then came back.

then came swiftly back. She spoke
then, clearing his throat, he
then continued:

then deliberately guoted, ‘“to put
then explained her plans for

then explained: ‘You see, I've
then hazarded a guess. ‘Are you,
then he said slowly:

then, his voice changing, he said:
then leaned a little farther

then murmured.

then Poirot himself appeared, his
then quietly, circumspectly, he
then quoted himself: ‘Yea, also
then remarked abruptly:

then remarked in a tone of

then resumed:
then resumed:
then said:
then said:

‘Discounting the

2: paused and then DAY A—45'>2 X514 > D—ER

FranE

The Seven Dials Mystery.tx
The Moving Finger.txt

The Moving Finger.txt

The Clocks.txt

4.50 from Paddington. txt
The Pale Horse.txt
Appointment with Death.txt
The Haollow. txt

The Body in the Library.bet
Death in the Clouds.txt
Taken At The Flood.bd
Lord Edgware Dies.bd
Hickory Dickory Dock.txt
Death on the Nile.bd

Why Didn't They Ask Evan...
The Moving Finger.txt
Dead Man's Folly.txt

Evil Under the Sun.bd

The Arcadian Deer.txt

The Pale Horse.bxt

The Sittaford Mystery.txt
The Big Four.txt

One, Two, Bucide My Sho...
Evil Under the Sun.bd
Death in the Clouds.txt
They Do It With Mirrors. tet
Five Little Pigs.txt

The Mirror Crack'd From...
4.50 from Paddinglon. txi
After the Funeral.bed



20660 TH S L 9HIZ, Christie & paused and then DFEITHEGE %2 C Bal 2 B E,
FEaiNBZRET 5, EWVITEEZLH L TWw5, Christie (XS APICTEGZ S 26, HUc
said %° asked D A THGHENEZ L DTIE % L, FHilGDBEOGHANYOE & HEBIL Tw3
CEDBnB,

RIZ nodded W= LT, nodded % ¥ 2 55D cluster D HBIMEE A7 50 (% DL IZRT,

% 13: nodded &% 2 58 cluster

Rank Cluster Freq Rank Cluster Freq
I poirot nodded 480 26  nodded gently 20
2 nodded his 256 26  nodded then 20
3 he nodded 211 26 nodded vigorously 20
4 she nodded 184 26  other nodded 20
5 nodded he 125 30 nodded at 19
6 nodded her 121 31 doctor nodded 18
7 nodded and 120 32 nodded sympathetically 17
8 nodded thoughtfully 93 32 race nodded 17
9 inodded 81 32 who nodded 17

10 and nodded 64 35 man nodded 16
11 nodded to 52 35 neele nodded 16
12 marple nodded 51 35 nodded a 16
13 nodded in 40 35 nodded the 16
14 tuppence nodded 34 39  girl nodded 15
15 battle nodded 30 39 latter nodded 15
16 nodded approval 28 39  luke nodded 15
16 tommy nodded 28 39 nodded approvingly 15
18 inspector nodded 27 39  nodded slowly 15
18 nodded yes 27 39  then nodded 15
20 satterthwaite nodded 26 45 nodded towards 14
21 nodded she 24 46  nodded as 13
22 nodded comprehendingly 23 46 nodded it 13
22 nodded gravely 23 48 quin nodded 12
22 nodded with 23 48  weston nodded 12
25 nodded i 22 50 frankie nodded 11

£ 13 &Y, nodded &K% 7z-ly BIGH AL T 5 2D8 Christie fEMICB W TEZHINT W3
L auisHH D 2 EDHKS, Christie 1F3H L W)l D% Lo TH, B4 ZilE %z it
WHWT, FOXI)BREHETZLT0 522G L THw5DTH S, Sayers {FimicDWT
\&, nodded DFSHBIHIEDS 119 1] &, Christie @ 2,322 [n] & [uifid U THFEIC A 7% <, nodded
and %320 ], wimsey nodded 73 19 [MIHHBLT 2 DLAF 4 THBIBEE DS 10 [RA W TR 4 72
<, iy ilgE e Db [ E R s o T,



YLD X 9 7% paused, nodded DD S Jj7> 6, Christie 35385 NI O1 18 %2 K819 %
%L&&&ﬁcWMLTVﬁT% LT, BHAYBLED LI IZECTL D%, NGHDB,
DERMGZ LD GHEICIEPTVEIICLTOEDTIERWIEEZELSGNS, FF(1998)
Tld, Christie 1"an I& Conan Doyle @ Sherlock Holmes > V) — & & i A TR E TH 2 Z
EDBRENTVEH, DX BEGANYOITHDOMGHIWHRINE TH 5 Z LICEI>T
Y, BHETHIAL Christie DEMDBBIL TN T2 -DDHEK L L > TV EDTIEBWE
%9

5. LI
AHFECTlE, Random Forests 12 & % Christie fEil & Sayers fES D%, MOV HUCE S L
T-RHEGE DM &2 17> 72, Christie fffh & Sayers fER D HIZ, 90% % # 2 % &\ K EECf T
EDN[HETH - 72, 2fEhh% Random Forests (27>1F % & overfitting @ §%8E ¢ Bk
7’)“?"?37‘% Tele®, WRMEMICIE T v ¥ L% 7)) v 7 aiT o THHER DR ECE fii 2 T
Random Forests # {1 L7z & 2 A, BN L 72,

Z L THERDOFEGE % WTH % &, Sayers \d-body W44 till # %M T 2 DIx L,
Christie (X-one JG4450%2 until Z#FA T2 2 LS IC o7, WERE D 2o DX
ICZ Bl L SIEMTP TR L TE D, DX EREEXE THEDEVFTZ L TWw5D
DI L 7223, HiZo iz L Tuin 2 E23RZIT s,

¥ 7z, Christie (& 2ZC1PEfR 445 she, her % Sayers & Flid L THAEINICZH L Tw % 2 23
ST o o, MISIZENEOMEIEIFEGE L LT D3> Tt W2 R B
LTecluster £ anu’7r— a YOO IS 2 g L7z & 25, Christie (355 AYIO1TH)
DEBUZ DO TR A 5B WiE L TS T % 2 LT, GiolsiiG25EicIEe vk
LTV EDTERVLRE V) 2 EBHEEI N,

SHOHNEE LT, it b b7 X 918, Christie fEAIC A4 she & her 23
BT 2 D%, WHERETZ EAR L THEMD -EREGEFNL D LI EELHZE LGN
Bo 2D, (EMOENL & LHERAFDOHIT & OBIFER #A L 72\, 5518, Quirk et
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