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Knowledge Graph Analysis of Japanese Literary Texts Using
GraphRAG: A Case Study of Edogawa Ranpo’s

“The Murder on D-Slope”

Chenwen Huang

Graduate School of Humanities, The University of Osaka
1-8 Machikaneyama-cho, Toyonaka, Osaka, 560-0043 Japan

Abstract  This study applies GraphRAG, a retrieval-augmented generation method
proposed by Microsoft in 2024, to Japanese literary texts and examines its effectiveness in
supporting textual interpretation through response generation and the visualization of
knowledge structures. While conventional RAG relies on referencing unstructured external
documents for generation, it faces limitations in capturing complex contexts such as
interpersonal relationships and causal structures. In contrast, GraphRAG integrates
knowledge graphs to structurally visualize the relationships between entities and generate
contextually coherent responses.

In this research, Edogawa Ranpo’s short story The Case of the Murder on D. Hill is used



as a case study. Two types of queries—one targeting thematic understanding and the other
aiming at identifying the perpetrator—are analyzed using GraphRAG-generated responses.
Furthermore, the resulting knowledge graphs are visualized using Gephi and Neo4j to
explore character relationships, structural centrality, and causal connections through
network-based representations.

The results indicate that GraphRAG successfully generates semantically coherent
responses in Japanese literary contexts and demonstrates high utility in supporting narrative
interpretation through structural visualization.

Keywords GraphRAG, Network Visualization, Narrative Structure
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1"source”: "\";AZE\"", "target": "\"=R\"","weight":1,"description”:"\"&®RII, EZE[LHFLLINOFEAICET D& E}-i’d.’iﬂeljlx.?s']'
{"source":"\"&EXEBDEA\"", "target" :"\"FEALHE\"", "weight":1,"description":"\"EZEDE AIFEAL
{"source":"\"HBZEDEA\"", "target":" " tweight":1,"description":"\"EEIFEEDEAICK
{"source":"\"HEZXEBDEA\"", "target":"\"HE\"", "weight":1,"description":"\"EZXEDEAZBAEH LLZ L

{"source":" klﬂﬂﬁ‘ﬁr ", "target":"\".LEAE\"", "weight":1,"description":" klﬁlﬂﬁ‘ﬁliLﬂa—m%éb‘a\f&c\ﬂ%{tl\_buf
{"source":" " target "\"F 28 \"", "weight":1,"description" :"\"Fa /X [ERFADER [ - BIJ) CBIBETEFvS50%
{"source":"\"7R Mim\" R weight":1,"description™:" c

{"source" < ' ok 'weight":1,"description 7 g R LT b - R=2x VM) IS
{"source' K " N\"LITF b s R=2 2 M\"", "weight":1," ipti K—LXE VST h - R=2z Y
{"source":" . "IM\"BEDEA\"", "weight":1,"description" :"\"EIBEDEADSBZAETHDLEZ TS, \"", "text_
{"source":" ", "target":"\"FZAJFE\"", "weight":1,"description" :"\"JBEDEAIRARZILLALLEDNTIVS, \"", "te
{"source":" " "target":"\"(@EAZMHEYLB\"", "weight":1,"description":"\"IEEDEAIITRHEE I HICEHREEVEE
{"source":" ", "target":"\"H— REN\"","weight":1,"description":"\"fBEMEA is connected to H— KMl through
{"source":" " "target":"\"&DwYyk\"", "weight":1,"description":"\"JBEDEA discovered ZMDTY v next
{"source":" " "target":"\"HEEDOHMBE\"", "weight":1,"description":"\"IEEDEA and HEEDHE both have sa
{"source":"\"&HEAEZDOME\"", "target" :"\"JBEDHE\"", "weight":2,"description" :"HEEDHE LEEDMEIL. HICESZEEFS. A

B 1 : GraphRAG £ DBEFRT—% ( TEEDEA. ICEET k)

GraphRAG &, Hli&k 77 7 LICHET 227474 (BEOFEAN) & 2o BiTo
k. 178, b & OBILR) Z2RAIICIE A SXh O RIEEE 2 HPICEHIH T 288 1 2R L e,
LITRE NS L) WED TN TR (B6R 127)  MEFT 2450 7253, (BIFR 128) |

o=y dy B 130) Lo EBOBREZEL THEINTE D, 2o DFEHRIZ
WD TZRR T 2EHELFNN) Lk>TWw 5,
7oL 203, BfR 128 ICB W THEDO EA L TEFRZ R 7202 725, & L Chidid
SNTEH, TNIWEENTOTE) GEILEER) LR onTwb, 7, Bk 130 T
o=y vk L OF BRGNS X 1, INE & g o Hilliz IR 288 z 7 ARBIfR
PELN DS, I HIKHEHTRELDIE, 2h o @B@hﬂ)ﬁ%?é@’@ﬂiﬂjé N7 FH X
(description) & HLICEIBRINT VLR TH S, 7L 21X, BIfR 127 12id THEOFAZBA
%%mLk&ﬁmeméj&mvﬁﬁ#%ménfﬁb\%7w®Mﬁ#$&6%EWUV
71859 BRW - BBHRNEEZROLDOTH L I L br 5

D X912, GraphRAG IFTEHRD R T FVERIEKIED RAG & 135740 | AakoME L
HASHEAEZ HAaBDE 5 2 LT, WRENOKRIEBIR 2 ARBI R o 5 g S % 1 12 32
25 EDARETH S,

4.3 Gephi IC&K 287 5 7 DHAEL

GraphRAG IZ X > CTHEIER S N AGR Y 7 712, WRENOEG Y., Fth, Gk %/
—FELTHRL, 2o BRItz =y P THIS Ry b7 —7REEZ IR L Tw %, AfiT
I%. GraphRAG D)1 7 7 4 )L summarized graph.graphml %\ >CT, 4 — 7>V — 2 D[l
Y —)b Gephi 1T & ) Z DfgiE 2 $5AL L WRERER O BWRIRGE & S AN oL tEZ2 51T L
72,
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8 7F—%- 7T x v

J—R @ v mE ©/-RoBm ®2o0Em iRFER T R7Ly Ry—hofoR—k T F-TLoTIR—k ¥ rEEsE v PR %4 Source v ¢
Source Target Type Id Label Interval Weight source_id description

=l "BAENEER" fRIE 0 1.0 9d2599ceccf6bb0605264... "BIE/NALERIZ A T...

" A" "ERE i) 1 1.0 9d2599ceccibbb0605264... " HAER (& EHFE DM

" EE" "IN Eanl 2 1.0 0a67a2a52a278f058bc54... */VHHHHIZEIE EREFF DS ...

"B "FARIU—LE" Eaol 3 1.0 0a67a2a52a278f058bc! —LEODE...

"B "RE" o) 4 1.0 dob B 5 REOHRT

"B = ol 5 1.0 2deB680aaf61df4fef4695... "BIFNRD B THIEHIC...

"EAR" "EAENRRE i) 6 1.0 ... BRI .

"EAR" "EAROLE" Eanl 7 10 5087820ed0a133f7f07f2f... ‘amgm;u%uazsg 5

"EEE BE = 8 1.0 7db73f4b538496abed46... "HABRDEF IS, F3l...

TEAE" Eaol 9 1.0 0fa5352cff2dcdedb4d03...

"EEE ol 10 1.0 0fa5352cfi2dcde3b4d03...

"ERE fR1E 1 1.0 0fa5352cff2dcdedb4d03...

"ERE SR 12 1.0 d73dbf62d07eed1bazce... *

AR ) 13 2.0 22905(85062ab20a7bf57...

"EAE" Eanl 14 20 2524343b4bdc7144dee

TEAE" Eaol 15 1.0 2524343b4bdc7144deed...

TEAE" ol 16 1.0 2524343b4bdc7144deedt... "HARRETEOBIC...

"HAE ] 17 1.0 144deedf... *EA

"HRENRR" SR 18 1.0 5087820ed0a133(7f07f2f... "BAE/NEEBE HAED.

RN =P 19 1.0 ab4147228cbec0f7e2819... "BHE/NEMBOMEIC ...

"EARINERR" Eanl 20 1.0 60cf32de4124458012fe! BAE/NEEBIZ B OF

"HEINEER" Eaol 21 1.0 ©ec3852bc947a5de5ee60... 3

T ol 22 1.0 7db73f4b538496abed46... -

"B E] 23 1.0 b40GITIB098aBCCO1BRNCh... * BHIEFOT ZMICIL.

"EAEOBHE A" SR 24 1.0 597b7c6aafce981987526... T &b ICHHFICEH'

A" = 2 1.0 06136b019dd8d50a2971... "AIFE—EBOIER Fi...

BB Eanl 26 1.0 7d79c947d7c51cc0lecd... "BARIZAEE—EBOE...

"em'a 5" Eaol) 27 1.0 7d79c947d7c51cc0lecd... " i by (SAETE—ER...

. ) 28 3.0 16330e454412109412447... BBE LA (D F) 3t
) 29 20 a21be91eb718899cad0b... BAMISFEBERRLIAL. .
i) 30 4.0 BRI, BEOMMER
0] 31 1.0 16583a497(83ab05C0b77... *4 is inquired about, an...
Eaol 32 1.0 185ed1796702b9c66b8! HEHBOBEILRE...

" A" i) 33 1.0 O6elaf124df74781e6881... "BARIFEAD EPEEN ..

"DIROHEH" o) 34 1.0 999d4a2e676d850f 1adec... "BE G DIROBHT ...
k-1 $1 35 1.0 187aab5ed6acacaebdds... ‘BEEEOMRICOW...

H2: TyvI5r—7I

Gephi TlX, A&7 7 72T %/ — FEB Ly P oilifE#Rz2 #EACHlERT 5 2 &
WTESL, Ty 7—7) (¥2) 12iE, Source (Bari/ — F) | Target (f&ri/ —F)
OHE R DOBIR DR X %278 Weight 25508 EINTE D, NS DIEFRVPEEN 2y b7 —
I REMDIERE L e o T,

AT R R=Y TV

f—
B .
g EXPLOE
A Rk
B s DEOHH FE ipmerep, -
e
T £ "RAF
"RYFOER"
s
"R
©) RO LB
'3 AR
iy LU
. R \
o [ BT -
_ju)
e
"REORA v F"

H3:2FxXy hNT—UR

X 3 1%, Gephi lZ X - CHEHLE NS 7 7 &tkoiErs R L Cw3, /—FO¥ A X
. 20/ —FIEHLTw2 2y POBIHBIL TE D, 4 XK Z0IZEL S ORIFEL
ZO)—FEHPLEAL TV ZL2EBKT S, ., Ty PDKRE (weight) (ZBIRDIE
JEZR L, ROfZ EBREREETH 2 L 2L LTw3, /— FotizABR SN2
FAZICHIGLTED, 2y P 7—=2HNDOY 7 a3 27 4 EEZHEBENICIETE 2, X3
TRHZEH SN A DX, THf TR, ME%, TIA, THEOFEAN) LwvoZ/ — )
Fy P =7 ORRABEICELE L TR EoTDVE L EREEEH L TCW L ETH S,
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non/ —Fix
5,

YiEE O G 2 TP 2 BE A ERTH 5 Z L BEIENIC R T

AAYF

E4:BANEHSBRYNT—0TS57

X, &7 706 TPAL BT R —FEhLE LTl - ER LAY 75 7T
Db, TOR»BIE, LA THE, TEZ, UMUE, THEoOTA, THEH, B
BED)—FLERINTHEZ kﬁ%w?§\%KME@%AﬁiE&%%/—P&LT
BENTEh, YWEBEHPTRAL L TRHOLNSSICH D 2 EDPEEINICORBEIN TS,

DX A7 7 7 onlik, E%;&r#%b@ﬁﬁ%ﬁi@ﬁf%@uﬁzm
W AR O BIRIE D IR EEL YRR IC B 1) 2 ARG L 2 BRI IR T 2 9 2 TR THA)
THH, TOYINALATBIT 20N FEE LTRELRWREEZEL T 5,

=

SOoEm M RFER T R7LY RY— DA VR— B F—TLOTIZAR— N 3 EREME v TN Id v 9
1d Label Interval source_id description type
"EEE " EEE 0a67a2a52a278f058bc549afd58d8ec6,... EIMHFIE, BARDBRTULH >/iB... "ORGANIZATION"
"EER AR 0fa5352cff2dcdeabad031769e079911,2... HARIE, FHAFELIIBATHD ... "ORGANIZATION"
"ARINERR" Ri-gisa 5087820ed0a1337f0712fa02867692f,60... BAR/NEEBIE, EARHIEBH THAD... "PERSON"
"EREOKE" "EEEORE" 5087820ed0a133{7f0712fa928e7e92f "EREROXFEIFHENERBOLHEIRT... "PERSON"
BF EF 7db73f4b538496abed466872adaebedf,... [EF i, BPIROMTIHFMBLMSN... "GEO"
"AR" "hA" 7db73f4b538496abed466872adaebedl  “AA. HOKD DM SROMED ... "EVENT'
"EAROBHS A" "HAROBBE A" & A IFBBBAREH, H... "PERSON'
"BROBHS A" "BEOBBE A" hbELBELTHED, ... "PERSON"
AR AR B . BIEE— B BERTHD... "PERSON'
AR -4 S E SBAMDBH T, "GEO"
e "HE" 0O6e1af124df74781e6881254c0cc7bea,... AL MEOBBAMTH D, “H.. "PERSON"
EN ES 0fa5352cff2dcde3bad031769e079911,1... "By &, WERAU < SLOEHT. "PERSON"
"Rk " gkt 7d79¢94; " TR by BREE—BONHT, fEd.. "EVENT"
R R 0fa5352cff2dcdedbad031769e079911  “HRIAIDIBTEMIRT 2HENERFDAY... "PERSON"
k4 k3 0fa5352cff2dcdedbad031769e079911,1... #id, MAFHDFLANTHD. ... "PERSON"
AR AR 0Ofa5352cff2dcdedbad031769e079911  "ARIHIBEARTHREUEHTHD... "EVENT"
"ER VER 59b3ab19ecdd0299acedbedeb5d830d... BHRIL, EWOREEITSHEMTT . "ORGANIZATION"
B wE BTHATNBLIET... "PERSON"
" ZEREOROR" ' ZEYRORDRE" . EOIELTH.. "GEO"
"RRE "RRE 1bdbabofa5f332081d1b26233ded3ci0  "REEM. &< D ANLMMORY... "GEO"
Kl e 1bdbabofa5f332081d1b26233dod3cl0  “FEBIE. EROEHD IC, EOMOY... "EVENT'
S S 0b9a792b952c3ac13a3(93ch68C1e996,1... ' IFBHICBONIHBEETHD... "PERSON"
KD RO 0b9a792b95203acf3a3f93cb6BCIeI9 KN FHICH D, ERAMBABLMS... "GEO"
3 "R 009a792b952c3acf3a3{93ch68Ce996  "RISHF—ET. —ADLAEKREN... "GEO"
" EEFOLINE" " LB ORI d73dbf62d07ee41bd2ceadBactleb77c  * EEFDIUNEIR. BEA K < HBIBA... "GEO"
"REROEHIA" '"BREBEOEWIA" d 7c Al BRICEATH... "PERSON"
R "HFEE" 2524343b4bdc7144dee0f2010744343f ...  "HSEHE) &, FHOBICEEKEDS... "PERSON'
"EAEDEA" REEN-DEIN 3fad50ab5e54124f2dad56aa047b5459,... HAEDEAIG. FHEDORLIEWSA... "PERSON"
"BHEA" "BEEA” b5459 B AT, B... "PERSON"
"KERER" "KERER" 07a2ae0d73e931c94b1877c21dece186... 'KERER, IEREOBRTHD, ... "PERSON"
R A viE 07a2ae0d73¢931c94b1877c21dece186... IS, ERORAEMKIRS nic... "PERSON'
"B @R "RHFOEFR" b54 SORBFTEIS... "ORGANIZATION"
"KERE "KERE" Sfad50abSe541242dad56aad47b5450 " K ERB K!ESEMWE?%:!R "ORGANIZATION"
"B ot 0722260d730931c94b1877c21dece186 SHETHD... "ORG ON!
R 07a2260d73931c94b1877c21dece186 RIS (S RMBEHEHET S1H... "PERSON"
EISREE" 07a2a60d73931c94b1877c21dece186 " FIAFAEKNBIIE%RIBLT SH(E.. "PERSON"

K5:/—

RKF—7IL
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—J. /=F7=7) (¥K5) Tk, %/ —FIZEH 4TSNk type (] : PERSON, GEO,
EVENT)  description (HAFREIC X 23iHH) & EDX S ERPIHERTE 203, TN6DE
PG Z 15 U 72858 Lt A & ni i RET TN % Neodj 12 X 2ERB L DL T
%o

4.3Neo4j Ic & 2HET 5 7 DHEIL

Neodj lZ, 77 7 7 =% ZAFINIKEMN, AIEULT 270D 77 7 77— XR—ZAEFHL AT
LATHY, T4 T4 ) b=y arzBIcHEatIn By d 5 2 L2SHRET
H 5, RFETIE, GraphRAG ST L 77 7 4 V% Neodj I24 Y R—1F L., AEk7 7 7 %)@
HR— 2 THINIRET 5,

Gephi 12X %%y b7 =73 FICBIRMEEDTIEIL L 7 7 A & iRk L T 2 ol xt
L. Neodj TIEH/ — FRY L—vavicftaankglEmzd Lo, 719 X—2TRE
DY 775 7 LR E R T 5 Z L3 CE B, ¥/, Cypher EWEEN D 7 1Y) SEHE
M2 LT BNy —r =y TV VPRIBIBIEORELEZ TH D . SEEFMNOR
RBRCEG A OBREH L o e aHTIcEHTH %,

Node properties ©

neo4j$ MATCH p=()-[r:IN_COMMUNITY]—() RETURN p LIMIT 25

Node properties ©

sAREHENES O

K6 :Neodj IcHFDAZTa =T s18E

X 6 1Z, Neo4j LT IN COMMUNITY VL —>avyZ2HOTHERY 77D a 3 225 4 1
waAh - b L 2 b D Th 5, 2T, BHAPRHEMENED X ) Lty - BEREN &
ITN—=TIBL T2 02T NIHHRET 2 2 L3 TE %,

M, Bz THARZRDICHER SN a2 =T 4 & TS & RFOMAICEHE
T5aia=74) PHERIN, 202D/ — PTG I N7 summary 7087 4 121,
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ZDa 3 227 4 DERERECYEEN TORRBNEHIZAATE TR I N TS, fle L
T, dikEZhLET %3 3 2= 4 IR/ ILE, RiEtE, 2REL EoERyE
EF., VEEOBERRECIATELS &L OBEIEIIIR I T 5,

—H MEZHLETE2H ) —=DDaAZT 22T 4 TlE, T4 A7 Y —LEDPLOFEE PHAEA
ALERDIEHAFL S NTE D FMFOPAE LHIUEEICE T 2 HEFDRFH SN T2, 2D LX)
12, Neodj TlE / — FIZf 5 3472 summary  title 72 EDBEMEERE D LI, Fa o =T
4 DFE D FERE- PRGNV E 2 EENICHEIE 9 2 2 L 23A[HETH D . Gephi TIEFFEI LI WE
RIS 2 2 23S AlRE & 72 5,

Node properties ©

43$ MATCH (n:Person) RETURN n LIMIT 50

neo

zﬁ L -
maen Node properties ©

Graph X

2]

e\ D ey
) 7‘ y § / L c

£

| ¢ e
& N 3
R

B 7: A\¥/—KOBREE

7 1%, Neodj IZEWT Person 7 N)LZ2HKf>/ — FziiiL, LAZHLETIAY v
F7—=2%2FRLIcbDTHS, M7 TR, AL/ — FORLNARAER O, HoEs
NPy (Z5, AT, B4, 7 L) L RDBIREZ A L T3 2 L ETENICHERTE %,

¥, THEOFEAN, ICEHT S E, 2D/ — FiZiX description JEMEE LT IR AH
THY, B ZRT DI Z2E D B0 L2 L T0d ) Lo iR HASEDR
B E-INTw 5, T3UE, GraphRAG 237 ¥ A Mo AVIG /T8 2 gkt L. BERIYIC
fERAlgE e 72 7 7 A L E L THEIEML TWA 2 L 2R LTV 5,

8 13, Neodj IZEWT Geo 7NNVZFKD/ — Nzt L, WEENICEY§ 2 R

(5GP OMEZBIHINCERL72bDTH S, 8Tk, THOM, £ TEO, M, %

EWB—FELTERIN, ZNZNDEEBED L) REG ANV EF LKL Twa
B LI N T 5,

7o 20 THoM,) 1k, Ko RfhricrnIntsh, MELHEEAEDaI2=54, ®

A 28 EDBREZFI > Z LR TE 5, AllloEkEE 2 —loRIns k)i, 2D

/ — FIZiZ description JEMEE LT THEOMIZILAEDLFER I N/ GHrT, BEIHE> T»iz
B &\ o ZHFICB T 25 OREIDEA S T E D | VIREN DOILIEREE 2 22 IRV IS8
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THMME L THAEEL T 5, 2D XIIT, Geo / — FOHEKZMEL T, HEOFAEYITE
SN OITE 2 GIRIICIER 5 2 & T, WEENOZRIN T 7 7 1« TREE R X D SRR
AR FBL ) MR oN 5,

Node properties ©

e __Entity__

<elementl 4:ae0514a1-cdc2-

d> 4709-b54f-
61e314f60fb8:74

<id> 74

descriptio "D FFEAENFR X

n NISHFRT. REHE
B> TWeBE, "

descriptio [0.0007018028409220

n_embedd 278,0.0333396606147

ing 2893,0.033280197530
98488,0.05030681565
403938,-0.0073686200
1940608,0.052606102
07915306,-0.03522269
8003053665,0.006...
Show all]

human_re 42

8 : 3R/ — N DORIREIE

AFfi TR L7 & 912, Neodj 13 GraphRAG I & > TIESE S N Ak 7 2 7 2 *tEE o @tk
R—ATHERT 5 LT, MO THMEFETH S, Fic, /—FPYL—yavitftaansk
type. description, summary &\ 7z X FERZIEN T2 LT, EGAYOKRE., FHFLD
BAMRME, WEEN COZRMIRY 22 ROV 72 & 2 M8 £ CRUC R K Z E23R[RE L k> 72,

5. 8bhic

AWML Tl GraphRAG 271 IELA D &/ NG TD RO HEME0 IHEA L 1R D RAG
TIEHUEDEE L 2> > 7GR - BURIVBIR D MHNIS I L, WEEN D 7 — = TP IL AR E &
Vo ZZIOIZ LT, EOREEE E S AN RIS Z R L7z, £7:. Gephi % Neodj &\ 7 A
by —ntoftick b, I NAHGR T 7 7 OREEZ HENICEE T 2 2 L 30RE & &
0. AR OBRSAETFIE L L oAb HER I L,

F 72, GraphRAG IFHERINICIZ X D ERE T X A MICHEAARETH D, 72 & 2 IXTLHIIEL
HDHES ) — APBUUINGLZ R E L7t B» T, B AYOZELY)REREG O B,
FREOTL & v o - R 2 GRS T 2)EHBHIR SN 5, 207113, BRENRA v
T v 7 AL RS & v o MO RS % OME L 4 5, F 7o, HEBUEWF O
k77 7 Z2lia L, VEBH R 2 W ot 3 2 St SR T~ RE O B I AN S
521259,
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Between Distant and Close:
Sea and Inland in Tennyson by Topic Modelling

Iku Fujita

Graduate School and Faculty of Information Science and Electrical Engineering,
Kyushu University

744 Motooka, Nishi-ward, Fukuoka city, Fukuoka, 819-0395 Japan
E-mail:  tnnysn.annie.if @ gmail.com

Abstract There have been many earlier studies on Alfred, Lord Tennyson, a rep-
resentative poet of nineteenth-century English literature. Despite the fact that quanti-
tative analyses have been used with prose texts, studies of Tennyson and other poets
have rarely used such numerical approaches meanwhile they have employed the quali-
tative approach based on their close reading. This study reads Tennyson’s poems from
a distance by using a topic model, a quantitative technique. The analyses are based
on the results of the latent Dirichlet allocation topic model (LDA), and examine how
the poet depicts his themes by using imagery of the sea and inland environments, the
latter including mountains and rivers. In the emerging results of LDA, the sea tends
to convey the impressions of despair and eternity (after life) with the image of the
broad sea itself, while inland landscapes of mountains connote a religious sense and
rivers are used figuratively as life, but not hopelessness or perpetuity. The study’s
findings are not necessarily novel, but they do demonstrate how integrating quanti-
tative and qualitative methodologies can be beneficial. Despite these components,
neither the author nor the topic modelling stressed that a poem should only have one
motif, theme or topic. The researcher ‘reads’ Tennyson’s poems from a distance and
up close while weighing the advantages and disadvantages of qualitative and quanti-
tative approaches.

Keywords  Alfred Tennyson, distant reading, LDA, poetry, topic model
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1. Introduction

This paper is a part of exploratory analysis and study of the verse texts of the nineteenth-century
Victorian poet, Alfred, Lord Tennyson (1809-1892). The analysis of this study employs an ap-
proach of stylometry, also called computational stylistics, ‘is concerned with the quantitative study
of writing style’ (Eder et al., 2016: 107). Numerous studies have examined Tennyson’s works by
focusing on similarities and differences between Tennyson’s and other poets’ styles, syntax, or
lexica. However, few studies have employed quantitative methods, whereas most studies take a
qualitative approach to specific poems based on close reading.

Moretti (2013) indicates that the problem with qualitative literary studies is that they inevitably
only rely on a few works or expressions of a writer. Furthermore, they only focus on a limited
portion of a particular work by a writer, thus omitting the remaining large portion of the work.
Moreover, it is not necessarily true that an exhaustive analysis is possible even if one does take the
time to do so. In fact, more than 130 years after the publication of Tennyson’s last work, there has
still been no macroscopic or comprehensive study of Tennyson’s work as a whole or a comparison
of his works with those of other authors using qualitative methods. The term ‘distant reading’ was
referred to by Moretti and is nowadays often used in contrast to ‘close reading’. Distant reading
enables us ‘to focus on units that are much smaller or much larger than the text: devices, themes
and tropes’ (Moretti, 2013: 48-49).

This paper employs the latent Dirichlet allocation topic model (Blei et al., 2003; hereafter LDA)
as a stylometric approach. LDA is a method specifically designed for analysing large text data.
Whereas previous studies that have employed LDA have mainly focused on prose texts, this study
attempts to apply LDA to poetry data and obtain efficient results and insights. LDA enables
distant reading by identifying underlying semantic relationships between words using probabilistic
calculations. This study not only demonstrates the usefulness of the method but also presents new
features produced by the method, thus reinforcing previous discussions. This study expands on the

previous study (Fujita, 2023; see details in Section 2.2), which presented comprehensive results
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using the same methodology as this study, but further focused on specific topics and broke down
the findings. The slight alteration of the data set from Fujita (2023) has been made; however, the
altered data set does not negate or contradict the findings of both this study and Fujita (2023).

It has been noted by several scholars that Tennyson had a particular affinity for bodies of water,
such as the sea and the lake. However, comparatively little attention has been given to rivers in
Tennyson’s oeuvre by scholars. Instead, it is the case that rivers in Tennysonians attracted readers,
and ‘The Lady of Shalott’, for example, has a notable presence and has been depicted in paintings
and other visual arts. It is evident that scholars and readers’ notions, as well as the following and
Fujita’s (2023) LDA results, have identified and classified the sea and river as discrete categories
(topics). This study will therefore focus on the portrayal of the sea and the inland, including rivers,
in Tennyson’s works.

In addition to the stylometric approach, this study also employs qualitative methods in its dis-
cussion. Given the emerging results of the quantitative method, LDA, this paper conducts a close
reading of Tennyson’s poems, along with previous studies. By combining distant and close read-
ings of Tennyson’s poems, this study sheds light on new aspects of Tennyson’s works. Computer
analyses can provide clues to draw human attention to unintentionally ignored aspects of poetry,
however, it is the responsibility of individuals to read, interpret, and engage in discussions about
poetry. Neither computers nor humans are perfect. The author of this study therefore expects
that quantitative and qualitative methods can be complementary in order to extend our knowledge
and to identify new and unperceived aspects of literature. This study also aims to demonstrate
that stylometric approaches and ‘distant reading’ can expand the scope of analysis and provide a

bird’s-eye view.

2. Literature Review
2.1. Previous studies on Tennyson

There are abundant previous studies of Tennyson’s life and his poetry, style and prosody. Ten-
nyson: A Memoir (H. Tennyson, 1897) and Alfred Tennyson (C. Tennyson, 1949) are undoubtedly
the closest source biographies to Tennyson, having been written by Alfred’s son, Hallam, and his
grandson, Charles. Brooke (1894) is nominated an earlier comprehensive study on Tennyson’s po-
etry that was published only two years after Tennyson’s death. In addition, Dixon’s (1896) survey
ranges from Poems by Two Brothers (1827) to Ballads and Other Poems (1880) and included a
detailed biography of Tennyson.

Ricks (1969, 1987a, b, c) never allowed other authors to overtake him in Tennyson annota-
tions. Indeed, previous researchers such as Shaw (1973) and Hair (1991), and later studies in-
cluding Thomas (2019) refer to Ricks’ both works. Ricks identifies references to other authors
in Tennyson’s poems, which Shaw (1973) confirms later. Shaw also counts the number of such

references and expands his own discussion of Tennyson’s style. Hair (1991) identifies qualitative
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features of Tennyson’s poetry, such as its vocabulary, concepts or motifs, by comparing them with
those of other poets. In a later critical study, Thomas (2019) highlights ‘echoes’ of Wordsworth’s
poems in Tennyson’s works.

H. Tennyson (1897: 20) notes that from his childhood, Alfred Tennyson ‘had a passion for the
sea, and especially of the North Sea in wild weather’, as well as emotional reactions to water:
“‘Somehow,” [Tennyson] would say, “water is the element I love best of all the four”” (H. Ten-
nyson, 1897: 49). Further, Okazawa (1969) explains Tennyson’s love for, enthusiasm for, and
exploration of waters such as seas, lakes, and rivers. Readers can find both seas and lakes in more
than 20 poems, including ‘Morte d’Arthur’, ‘Edwin Morris, or The Lake’, and ‘The Ring’ and
rivers in over 40 such as The Princess, ‘The Lady of Shalott’, and “The Brook’.

For years, Tennysonian scholars have found the sea to be a more intriguing motif than rivers as
well as a common motif in his poems. Keirstead (2019) broadly explains how Tennyson evokes
the sea, citing works such as ‘Mariana in the South’, ‘(Enone’, ‘The Lady of Shalott’, ‘Locksley
Hall’, ‘Ulysses’, In Memoriam A.H.H., Enoch Arden and the Idylls of the King series. He de-
scribes ‘Simply put, going to sea means almost certain death in Tennyson’ (Keirstead, 2019: 75).
However, he also suggests that when a beach or seashore is depicted in a poem, Tennyson is also
expressing or connoting aspects such as comfort or unstableness that readers can receive from
beach/seashore images (Keirstead, 2019: 84).

Keirstead is the most recent scholar to identify the sea motif in Tennyson and analyses a broad
swath of his work with a qualitative approach. Besides, Fulweiler (1965) also examines what sea
portrays, connotes, and relates to in Tennyson’s poetry; he discusses, for instance, “The Merman’,
‘The Mermaid’, In Memoriam A.H.H., ‘Ulysses’, ‘Crossing the Bar’, “The Holy Grail’ and ‘Morte
d’Arthur’. Although the sea where the dying Arthur heads for in ‘Morte d’Arthur’ and its later
version, “The Passing of Arthur’, is a huge lake, Tennyson describes it with the words sea, ocean,
water and lake in the two poems. Thus, Keirstead (2019) and Fulweiler (1965) discuss the lake
in ‘Morte d’Arthur’ and ‘The Passing of Arthur’ as an inland sea. These previous studies are
qualitative, which is a fairly standard approach in poetry research.

Whereas many of these researchers take a qualitative approach to studying Tennyson’s poems,
Plamondon (2005) is one of the few who employ a quantitative approach; he investigates differ-
ences in the frequency of some vowels and consonants between Tennyson’s and Robert Browning’s
poems.

One of Tennyson’s characteristics is his long-form poetry. He wrote over 400 lyrical poems,
with word tokens ranging from 12 to 300, but critics can never pass over Tennyson’s narrative
and epic poems, which are often longer than the lyrical poems. For example, his longest poem is
The Princess, whose word-token count is 26,526. Furthermore, his most representative poem, In
Memoriam A.H.H., is a lyrical poem that is also his second-longest work with 18,724-word tokens.

Although Tennyson has more short lyrical works than long or narrative poems, these eye-catching
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long poems are never neglected and are repeatedly observed by critics. Even though his works
contain shared elements beyond individual poems, qualitative researchers can sometimes miss

these elements when they focus on only representative but small subsets of Tennyson’s works.

2.2. Stylometric approaches and topic model

The qualitative approach is intimately associated with the practice of close reading. This method
is considered indispensable and consequential in literary research. Nevertheless, Moretti (2013:
48) states that ‘the trouble with close reading [---] is that it necessarily depends on an extremely
small canon’. He further explains that given that close reading focuses on a limited portion of
the work, it leaves ‘great unread’ aspects outside of ‘an extremely small canon’. Here, why he
employs the phrase ‘extremely small’ is because the quantitative can handle a relatively larger
amount of data at once while the qualitative finds it challenging to handle not only a small canon
but non-canonical works as well.

‘Distant reading’ utilises quantitative approaches and can be effective in exploring beyond the
canon, as Moretti suggests (2013: 48). However, neither I nor Moretti (2013) intend to criticise
research based on close reading or the approach itself. As few researchers use statistical and stylo-
metric approaches, this paper aims to identify the ‘great unread’ in Tennyson’s poetry employing
a quantitative method called LDA (Blei et al., 2003).

The basic idea of LDA is that ‘documents are represented as random mixtures about potential
topics, where each topic is characterised by a distribution over words’ (Blei et al., 2003: 996).
Briefly, LDA classifies words into groups called topics. The algorithm and emerging results reveal
‘the semantic structure hidden in a corpus of text’ (Tabata, 2018: 52). Additionally, LDA is a
specialised method for analysing big text data (Iwata, 2015).

Several researchers have employed topic models to examine prose texts (e.g., Onodera et al.,
2016; Kuroda, 2017; Tabata, 2017, 2018, 2020; Kiyama, 2018; Matsukawa et al., 2018; Huang,
2020a, 2020b). However, its applications for poetry are fewer than those for prose text studies
(e.g., Rhody, 2012; Navarro-Colorado, 2018; Henrichs, 2019; Okabe, 2019). Although this can
be seen as a consequence of difficulty in applying LDA to poetry, Fujita (2022) has shown that
LDA is effective when examining Tennyson’s poetical works. While Fujita (2022) focuses on
the methodological conditions of applying LDA to Tennisonian works, Fujita (2023) claims the
general results of exploratory analysis by LDA on Tennyson’s poetry. Fujita’s (2023) findings
include the different depiction of sea and river as well as the association between the environmental
materials and the emotion of characters, and the findings are closely related to this article, but it is
more general suggestions that what LDA detected than that giving deep discussion on the themes.
Thus, this study aims to gain more specific discussion on the specific themes that LDA found
including more number of quotations and mentions on the poems themselves. With this earlier
study as an empirical ground for justifying the use of LDA, I analyse 593 works of Tennyson,
focusing particularly on the nouns he uses in this paper. The next section will show more detailed

information about the data set of 593 poems, and about the methodology for the analysis.
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3. Methods and materials
3.1. Data sources and configuration

This study is an analysis of 593 poetic works written by Tennyson. Of the 593 poems, 423
were compiled from the Delphi Poets Series ‘Alfred, Lord Tennyson’ (2013), and the rest, 170,
were from Ricks (1987a, b, ¢). All the texts were converted to plain text data by optical character
read/recognition, and then it was manually proofread and edited for errors such as unnecessary
spaces, tabs, newlines and garbled characters. Table 1 shows the statistical data of the Tennyson

corpus, 593 digitalised poems.

Table 1: Statistical data of Tennyson corpus

The number of poems 593
Total tokens 351,063
The shortest poem in a number of words 12
The longest poem in a number of words 26,383
Mean tokens per poem 592.01
Standard deviation 1825.61

The texts of the works were given part-of-speech (PoS) tags using CasualConc 2.0.8 (Imao,
2022)!. The tagset is CLAWSS5, the same tagset as used in the British National Corpus. To analyse
components, which heavily reflect themes, topics and subjects of poetry, this analysis adopted only
nouns that were suggested by the PoS tags as °_NN1’ (singular nouns), ‘_NN2’ (plural nouns) and
‘_NNO’ (mass nouns). All other words were deleted before the LDA application after the works

were separated into consecutive segments (See Section 3.2 for more details about segments).

3.2. Modelling and data analysis methods

LDA calculates the probabilities of word frequencies and classifies words into groups, called
topics, on the basis of the hypothesis that documents should be classified into several groups
based on their tendency to co-occur (within the same document). Here, documents are defined as
contiguous segments of textual data, and they are not necessarily equivalent to poetical or prose
work units. Fig. 1 shows the sample results of running LDA (Blei et al., 2003: 1009). LDA
analysed the documents in the lower part of the figure and classified words into topics. LDA
outputs topics and other numerical results such as word-weight values for each word, alpha (
a ) values for topics and the density of topics in work, but did not produce the labels, ‘Arts’,
‘Budgets’, ‘Children’ and ‘Education’ in Fig. 1. The analysts of the study interpreted LDA results
by combining their knowledge of the text data and assigning labels to each topic.

LDA employs a bag of words model, which ‘treats each document as a bag of words’ and

ignores the order of words in documents (Jockers, 2014: 137). Regarding his own novel text

1 Notwithstanding the perpetual updating both of CasualConc itself and its manual, it should be noted that this article

is referring to the version of the program that was available at the time this study was conducted.
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“Arts” “Budg “Children” “Education”

NEW MILLION CHILDREN SCHOOL

FILM TAX WOMEN STUDENTS

SHOW PROGRAM PEOPLE SCHOOLS

MUSIC BUDGET CHILD EDUCATION

MOVIE BILLION YEARS I'EACHERS

PLAY FEDERAL FAMILIES HIGH

MUSICAL  YEAR WORK PUBLIC

BEST SPENDING PARENTS I'EACHER

ACTOR NEW SAYS BENNETT

FIRST STATE FAMILY MANIGAT

YORK PLAN WELFARE NAMPHY

OPERA MONEY MEN STATE

THEATER PROGRAMS PERCENT PRESIDENT

ACTRESS GOVERNMENT CARE ELEMENTARY

LOVE CONGRESS LIFE HAITI
The William Randolph Hearst Foundation will give $1.25 million to Lincoln Center, Metropoli-
tan Opera Co.,New York Philharmonic and Juilliard School. “Our board felt that we had a
real opportunity to make a mark on the future of the performing arts with these grants an act
every bit as important as our traditional areas of support in health, medical research, education
and the social services,” Hearst Foundation President Randolph A. Hearst said Monday in
announcing the grants. Lincoln Center’s share will be $200,000 for its new building, which
will house young artists and provide new public facilities. The Metropolitan Opera Co. and
New York Philharmonic will receive $400,000 each. The Juilliard School, where music and
the performing arts are taught, will get $250,000. The Hearst Foundation, a leading supporter
of the Lincoln Center Consolidated Corporate Fund, will make its usual annval $100,000
donation, too.

Figure 8: An example article from the AP corpus. Each color codes a different factor from which
the word is putatively generated.

Fig. 1: Example text from the AP Corpus (cited by Blei et al., 2003: 1009).

analysis, Jockers (2014) explains that LDA captures ‘some themes that run throughout and others
that appear at specific points and then disappear in novels’, and ‘it is useful to divide novels (and
other large documents) into chunks or segments and then run the model’. Further, LDA requires a
significant number of documents to make its probability calculation sufficiently accurate.

In previous LDA studies on prose texts, works were split into segments of equal sizes, such as
1,000 (Kuroda, 2017; Tabata, 2020), 2,000, or more words (Huang, 2020b). On the other hand,
poetry texts in studies employing LDA have not been sliced into segments; rather, scholars have
considered poems themselves as segments. Navarro-Colorado (2018) and Henrichs (2019) apply
LDA only to sonnets, whose tokens range from about 100 to 200. Meanwhile, Tennyson’s poems
vary in length, as the standard deviations in Table 1 show. The large deviation of word tokens
interferes with LDA results because a large population difference can affect the reliability of LDA
calculations and results.

Further, the large disparities in segment size, instantly exert an influence on the results because
LDA uses raw word frequency to identify the co-occurrence of words. Therefore, it is advisable
to divide Tennyson’s poems into segments of possible equal size following the method of prose
text studies considering the large deviation of tokens per poem. Jockers (2014: 137) additionally
mentions the size of segments: ‘the bigger the bag, the more words that will tend to be found

together in the same bag’. Nonetheless, careful segment sizing is necessary because in the reverse
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of Jocker’s words, the smaller the bag, the fewer the words that will tend to be found together in
the same bag.

Segment size should be set up for appropriate chunks that contain coherent topics in poems.
The results will not fruitfully reflect the essences of the works when the poems are divided into
too small segment size or concatenated individual poems. Therefore, segment size should be set
to minimise differences between segments. Regarding these concerns, Fujita (2022) suggests the
relevant segment size for LDA on Tennyson’s poems. This paper refers to Fujita and adopts a
segment size of 592 words based on the mean number of tokens in the Tennyson corpus shown in
Table 1.

After that poems were split into 592-word segment size, all words besides nouns (see Section
3.1) were deleted. LDA was applied to the segments using the Machine Learning for Language
Toolkit (McCallum, 2002). The number of topics was set at 18 considering results of experimental

trials, with the number of topics ranging from 10 to 200.

4. Results

This section presents the results of LDA for the Tennyson corpus. Table 2 shows one set of
output results, the a value for the 18 topics, the 20 most salient keywords for each topic and the
labels, which the author of this paper assigned manually. The keywords are ranked in descending
order of their weights from the upper left to the bottom right of the table; a value represents the
universality of each topic. The higher the value, the more prominently the topic appears in multiple
works; lower values indicate that a topic appears in fewer works, sometimes only one. Topic 1
in Table 2 had the highest a, 0.8774, of the 18 topics, indicating its greater prominence than all
the others; Topic 8 was the least prominent (a = 0.0581). Detailed analysis of the poems and the
LDA output results suggested specific labelling for each topic. The labels show that both Topics
2 and 3 refer to natural environment. Specifically, Topic 2 pertains to seas and their surroundings,
while Topic 3 pertains to natural ambience inland. The top 20 keywords for both topics include
words related to bodies of water, seas, and rivers. Although previous studies have discussed seas
in Tennyson’s work, rivers have been scarcely mentioned. The a values of Topics 2 and 3 are

similar, indicating that both topics are present in the corpus to a comparable extent.
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Table 2: Output results of LDA: 18 topics with their labels, alpha values and keywords

Topics  Alpha Values Labels Keywords (1-20)

0 0.2177 Nobles king queen knight knights hall man maid name field
court face table day quest brother men realm hands
sword prince

1 0.8774  Life (materials) light sun day eyes heaven time voice earth shadow
wind moon sea cloud sound stars hills land morn
glory hill

2 0.1345  Environment (sea) sea isle shore day boat sail seas ship wave side
ocean home bells sand tide blast sails vessel storm
beach

3 0.1266  Environment (in- mountain river valley melody music city palm

land) bridge pine mould tree prime water lake garden
gleam fountain torrent song level

4 0.6847 Male man life world things time men power years truth
mind nature days voice friend heart peace earth
change faith hands

5 0.2289  Natural scenery year rose flower flowers summer garden birds roses
air brook leaves feet tree spring leaf morning wood-
land day blossom wood

6 0.6871 Life (emotion) love heart eyes life death tears hand soul face name
lips beauty light cheek hope youth side dream blood
smile

7 0.0592  Ladies lady princess ringlet woman prince honour college
goose gown head girls girl sister highness women
letters echo web mirror books

8 0.0581 Discretions in life fool mark wine men leaf tongue cup swine ways

with seasons and hair innocence moment rhymes thing port lodge lies
nature pity summers cups

9 0.0823  Attractiveness eye air sense charms bloom face maze harmony lus-
tre language depth horizon dye course ecstasy spell
mysteries flash claim shrine

10 0.2844  Man and death death man fire war god blood men hell gods way
heaven hand earth battle head flesh foe flame king
shame

11 0.0903 Woman and where- woman dream gold boon child men charm faith eye

abouts music belt books ruin town wrongs mood cave wife
heaven street

12 0.0920  Knighthood horse hall prince arms wood damsel knight shield
lady knave pride walls horses squire bridge women
armour charger lance town

13 0.3860  Family mother child father heart man hand wife face day
house boy men head bride woman word children
will home daughter

14 0.1400  Battle and belief land name men fame people war freedom hearts
cause crowd sons friends kings throne queen shame
peace health tyrant greatness

15 0.0505  Cheering finiteness  ring laughter t"amo ward finger bone harp bells
month spring lisette cousin souls babble noise smile
chest spirits landscape marge

16 0.0370  Religions and life children bread people chains church enemy moor

outside the UK heresy women colony chorus roof east banner tem-
ple goddess sepulchre island friend berries

17 0.1446  Power of nature pride earth woe throne form storm eye course thun-

ders ray lightning thunder bones riflemen wreath
misery storms realms wing bow
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Figures 2 and 3 show the densities, which are output results of LDA for Topics 2 and 3, respec-
tively? 3. The density values indicate the proportion of each topic within a segment. Therefore,
it could be suggested that the lower the proportion of the topic, the more prominent the presence
of other topics in these segments. For the next discussion, segments were filtered out the top 65
segments to reduce the count from 1,041 segments in 593 poems. While most of the poems listed
in Fig. 2 for Topic 2 are lyrical works, several poems are narrative poems, such as T33_THEOTT
(‘The Lady of Shalott’, 1833), T62_ENODEN (Enoch Arden, 1862), and T69_COM-IK (‘The
Coming of Arthur’, 1869). The number of narrative poems in Topic 3 is relatively lower. In addi-
tion, the proportion of Topic 3 in narrative poems, for instance T47_PRIESS (The Princess, 1947)
and T42_AUDURT (‘Audley Court’, 1842), is also lower compared to other lyrical poems. The
years of publication and writing of the poems in Topic 3 are scattered, but approximately half of

the poems were published or written in the 1820s and 1830s.
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Fig. 2: Density plot of Topic 2.

Fig. 4 shows the mean density values of the top 65 segments for Topics 2 and 3. In cases
where poems are duplicated in the top 65 segments, the mean density values were calculated to
plot Fig. 4. It is worth noting that the density value for each poem is inversely proportional to the
other. Specifically, as the density of Topic 2 increases, the density of Topic 3 decreases, or vice
versa, in the poems for each topic. While most of the works tend to be allocated to only either

Topic 2 or 3, there are some exceptions, such as T27_THEARP, T32_MINRIT, and T68_eps22.

2 The abbreviated titles shown in lowercase represent that the poems are not published, whereas uppercase titles

indicate the opposite. A “T” at the beginning of the title indicates the poem is written by Alfred Tennyson, and
the following two-digit numbers indicate the last two digits of the year of publication (or, if unpublished, of its
composition).

For the comparison tables of the abbreviated and full titles of the poems under Topics 2 and 3, see the Appendices.
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Based on the density values, it can be inferred that Tennysonian poems tend to depict sea and

inland environments separately rather than concurrently and to the same extent in one work. The

11 elaborate on the content and details of Topics 2 and 3 and investigate the
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5. Discussion

Although the LDA analysis covers 18 topics that explain important and characteristic features
of Tennyson’s poems, this paper and subsequent discussion focus solely on his descriptions of the
natural environment in his poetry. As previous studies have pointed out, Tennyson had predilection
for describing and exploring bodies of water in nature. On the subject of bodies of water, Topic
2 specialises in the sea and Topic 3 has keywords related to water, river and lake (see Fig. 5 for
keywords of Topic 2 and Fig. 6 for Topic 3). Furthermore, detailed descriptions of bodies of water
are depicted in various natural settings. In Topic 2, geographic features, such as isle, shore, sand,
and beach, closely related to the sea, exquisitely represent landscapes. On the other hand, in Topic
3, plants and sounds, for instance, pine, tree, and melody, are ranked in the top 20 keywords. With
these detailed elements, Tennyson succeeded in describing and conveying highly detailed scenes
using words to illustrate the elements as well as the characters’ sentiments around the sea and river

that appear in Topics 2 and 3.
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Fig. 5: Word cloud of the top 20 keywords (Topic 2).

5.1. Sea

As Keirstead (2019: 75) notes, ‘Simply put, going to sea means almost certain death in Ten-
nyson’. Death, dying people, and dying animals are mentioned directly, indirectly, and figuratively
in 14 of Topic 2’s 65 prominent segments. Specifically, the word sea is associated with the concept
of death in eight poems. However, in the assigned poems of Topic 2, the sea is not necessarily
synonymous with death. The investigation of this topic reveals that the sea is linked to several con-

cepts present in the assigned poems, including death. In “The Sailor Boy’ (1862; T62_THEBQY),
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‘danger in the roaring sea’ (boldface added*) emphasises the dreadfulness of ‘a devil’ that ‘rises
in my heart’, saying that this devil ‘in my heart’ is ‘[f]ar worse than any death to me’ (1. 21-24).
The final line of ‘Prefatory Sonnet” (1877: 1. 14; T77_PRENET) uses a metaphor to convey a
sense of depth and gravity: ‘In seas of Death and sunless gulfs of Doubt’. Thought the word sea
is not used in ‘Sonnet [But were I Loved as I Desire to be]” (1832; T32_SONOBE), readers can

easily connect the surge and foam to the sea in the following lines:

But were I loved, as I desire to be,

What is there in the great sphere of the earth,
And range of evil between death and birth,
That I should fear if I were loved by thee?

Apart upon a mountain, though the surge
Of some new deluge from a thousand hills
Flung leagues of roaring foam into the gorge
Below us, as far on as eye could see.
“Sonnet [But were I Loved as I Desire to be]” (1832: 11. 1-4, 11-14; T32_SONOBE)
(Boldface and underlines added)

The final line of the abovementioned poem, ‘as far on as eye could see’ (I. 14) implies a gap
between us and the surface of the seawater. The theme of distance between objects is a recurring
motif in poems of Topic 2.

Related to distance and watercraft, both boat and ship also appear. These seagoing vehicles are
associated with regions and areas that are beyond the sea and with the action of travelling to those
far places. Because Britain is an island country, there can be no doubt that Tennyson associated the
sea with going abroad or establishing relationships with other regions. Ships take people abroad
as well as to sail into battle over the seas.

In ‘Lines [Here Often, When a Child, I Lay Reclined]’ (1850; TSO_LINNED), a distant region
(for Tennyson), Greece, is referred to in line 4 by the word Grecian, with the keyword of Topic 2,
ships. Not only the description of Greece but also solitude, lamentation, and the distance of time
are depicted in this poem.

In wartime in particular, the seas around the British Isles are the last line of defence for Great
Britain. The most significant poem of Topic 2, the unpublished work ‘Jack Tar’ (1859 circa;
T59_jactar) describes ‘the noble pride of the Mistress of the Seas’ (1. 4) in a battle, and the phrase
‘the pride of the Mistress of the Seas’ repeatedly appear in lines 4, 7, 11, 14, 18, and 21. ‘Jack
Tar’ is considered to be written while ‘anticipating war with France’ (Ricks, 1987b: 604). In
addition, the term ‘the Mistress of the Seas’ is the sobriquet of Great Britain; thus, it forms a
further compelling connection between war/battle and the sea.

Battle is the most significant scene in ‘The Revenge: A Ballad of the Fleet’ (1878; T78_THEEET)
and in ‘Buonoparte’ (1832; T32_BUORTE), which is regarding the Battle of Trafalgar. In these

Henceforth, boldface styling of terms in excerpts and quotations from poems will indicate the word to which the
topic is assigned.
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two poems, the sea is depicted as a site of battle. As with the images of shipwreck in Enoch Ar-
den (1862; T62_ENODEN) and battles, the sea is associated with an inescapable, unwilling, and
lonely death®. In scenes where the sea appears, the sound of its waves is almost the only sound to
be heard. The openness of the sea and the absence of any natural or artificial surroundings are also
signified. This nothingness around the characters in the scenes near the sea further amplifies the
feelings of loneliness, despair and fear, especially when the characters in poems lose their loved
ones.

Some works, including ‘Mablethorpe’ (1850; TS0_MABRPE) and ‘To Professor Jebb’ (1889;
T89_TOPEBB)® describe foreign countries or regions without mentioning death. Not only are dis-
tant nations such as Egypt (‘To Professor Jebb’) conveyed in these poems but also their aloofness
appears, specifically in the descriptions of archaic locations such as Ilion, recalling ancient Greece
and Greek mythology.

Other poems under Topic 2 suggest mental, rather than physical, remoteness. “We Meet No
More’ (1827; T27_WEMORE, quotation below) is a poem that both mental and physical remote-
ness depicted by referring to the parting of / who is standing ‘on a distant shore’, and Ellen (1l. 7,
12), and what separates them is ‘angry seas’ (1. 6). Although death is not explicitly represented
in ‘We Meet No More’, the [flarewell in the final line, in conjunction with the term ‘no more’,
conveys a sense of mental remoteness, loneliness, and an enduring sense of eternity. The phrase
‘no more’ is used repeatedly in this poem, yet it does not directly refer to eternity or nothingness.
Instead, it suggests that a particular event or state has reached its conclusion at a specific juncture
and is not capable of reoccurrence in the future.

According to Huddleston and Pullum (2002: 831), the function of ‘no more’ and ‘no longer’
is that of absolute negators, relating to the concepts of stillness and to ‘any more/any longer’.
Whilst still is regarded as a positively-oriented polarity-sensitive item (PPI), preferring positive
contexts, ‘any more/any longer’ is characterised as a negatively-oriented polarity-sensitive item
(NPD), preferring negative contexts. Huddleston and Pullum posit the view that both ‘any more’
and ‘any longer’ are aspectual NPIs. Despite the absence of overt expressions of time continuity
in the poem, it does exhibit a consistent time flow that can be inferred from specific lines such
as ‘[o]ur every hope on earth is past’ (1. 3), ‘[a]lnd lonely thoughts of days gone o’er’ (1. 9),
and ‘[f]arewell for ever, Ellen!” (I. 12). The poem’s repetitive depiction of events serves to
underscore the notion of time’s progression and its constancy. The absolute negators ‘no more’
and ‘no longer’ in the correspondence relationship of the aspectual NPI imply the negation of the
continuity of time. Consequently, events or actions that transpired during the period of continuous

time will cease to persist once the consistency of time is negated by the use of these words. It

5 The eponymous protagonist Enoch of Enoch Arden does not die in the shipwreck during his journey back home

from the Far East but ends up dying in sorrow, deep love for his wife and family members, a profound sense of
self-sacrifice and despair at the end of the story.
This poem is not ranked in the top 65 segments of Topic 2, but it is 86th and its density of Topic 2 terms is 0.1228.

32



can thus be interpreted that the phrase ‘we meet no more’, which appears in lines 5 and 11, is as
‘we will never see each other again’ or ‘we will never meet again’. The interpretations suggest
that the protagonists had had opportunities to see each other up until a certain moment. However,
it is implied that the occurrence of a future meeting is rendered implausible. This interpretation

suggests a connotation of everlastingness in the phrase ‘no more’.

WE meet no more — the die is cast,
The chain is broke that tied us,
Our every hope on earth is past,
And there’s no helm to guide us:
We meet no more — the roaring blast
And angry seas divide us!
And I stand on a distant shore,
The breakers round me swelling;
And lonely thoughts of days gone o’er
Have made this breast their dwelling:
We meet no more — We meet no more:
Farewell for ever, Ellen!

‘We Meet No More’ (1827; T27_WEMORE)

The poem entitled “The First Quarrel’ (1880; T80_THEREL) also describes the separation of a
man and a woman, and thier fates are sealed when the man dies in the sea, as alluded to in the final
line of the poem: ‘An’ the boat went down that night—the boat went down that night’ (1. 92). The
narrative of ‘The First Quarrel’ (1880; TSO_THEREL) is presented through the perspective of the
I-narrator, who remains anonymous apart from being referred to as Harry’s wife. The narrative
commences with the female narrator giving birth to a boy in challenging conditions. The narrator
provides a detailed account of her circumstances to her physician, reflecting on her life in the
context of her bereavement. Her husband, Harry, met his demise at sea. The narrator has been
experiencing a state of unhappiness, precipitated by the demise of her spouse and her new born
child. Nevertheless, the aspect that appears to be the most challenging for her is the fact that she
lost her husband prior to having had the opportunity to reconcile with him following the very first
and the last quarrel in their relationship. Their quarrel began when she suspected her husband of
having an affair with another woman. Harry denied it, but the wife did not believe him. Before
they become reconciled, Harry had to leave from the narrator’s presence for work. He had to travel
to a location across the sea by boat. Following his departure, the wife realised that she was wrong,
but it was too late, as the boat that Harry was on sank in the ocean, and she lost her husband and
the opportunity to apologise to him at the same time. In “The First Quarrel’, therefore, the mental
and physical distances, death, sea, loneliness and perpetuity, all of which are elements of Topic 2,
are conveyed in a single poem. While ‘The First Quarrel’ serves to illustrate Keirstead’s (2019:
75) proposition, the poem also demonstrates that the sea in Tennyson is not exclusively associated
with death; it is also linked to other elements, including mental and physical distances, loneliness,

and eternity.
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5.2. Mountain and River

Topic 2 associates the sea with distance, eternity, death, estrangement, foreign regions, and the
past. In contrast, Topic 3 explores religious motifs and their impact on people’s lives, as indicated
by the keywords (Fig. 6). The top 20 keywords of Topic 3 associate with creeds as well as a focus
on a moment or life before death but not everlasting or uncertain time and the afterlife. In terms of
religious motifs, the most prominent keyword is mountain in Topic 3, which is more conspicuous
than river. The religious mythologising of mountain-related terms in Tennyson, such as pinnacles
in ‘The Lotos-Eaters’ (1833: 1. 16) and mountain in ‘Youth’ (1833 circa), are referred to by Paden
(1971: 157) and Ricks (1987a: 637).
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Fig. 6: Word cloud of the top 20 keywords (Topic 3).

In a poem, ‘To E. L. on his Travels in Greece’ (1853; T53_TOEECE), in which Topic 3 densely
appears, the Gods and a mountain are not directly linked. However, a sense of holiness or, more
likely, a sense of solemnity from the surrounding items is expressed through Topic 3’s keywords.

Despite the absence of god(s) in ‘Merlin and the Gleam’ (1889; T89_MEREAM), the mountain
are filled with Wizard, Griffin, Giant, Fairies and dragons, and other supernatural beings, giving
the scene a surreal atmosphere. The definition of Gleam, a keyword in Topic 3 that frequently oc-
curs in this work, is given by Tennyson himself as referring to ‘poetic imagination’ (Ricks, 1987c:
205). Neither Gleam nor ‘poetic imagination’ have any theological overtones or connections to
the Almighty. However, Gleam, which appears on a mountain far from the real, human world,
colours the otherworldly imaginary world of the work. In addition, the protagonist of this poem,
Merlin ‘follow[s] The Gleam’ (1.10). A couple of stanzas later, ‘The Master whisper’d’ to Merlin,
‘Follow The Gleam’ (1. 33-34). The presentiment of Merlin’s death, as well as ‘The Master’,

who suddenly appears in the poem and murmurs to Merlin, further adjoin the sacredness for the
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word Gleam. In addition to their presence on the mountain, Tennyson depicted gods seated on the
clouds (floating) on the heights. These deities and their elevated positions also bear connections
to religious concepts. Another religious term, Heaven, also connotes altitude, for instance in ‘Thy
Soul is Like a Landskip, Friend’ (1830; T30_thyend).

As the keywords in Fig. 6 indicate, melody and sound are widely spread in the poems of Topic
3. Within the most dominant works of Topic 3, ‘Ilion, Ilion’ (1830; T30_iliion), ‘Elegiacs’ (1830;
T30_ELEACS), ‘The Dying Swan’ (1830; T30_THEWAN) and others, are filled with melodies,
sounds, and songs. In the 19 lines of ‘Ilion, Ilion,” the word melody appears five times: ‘when wilt
thou be melody born?’ (1l. 2, 9, 12, 19) and ‘ever onward to a melody’ (1. 5). Moreover, the first
line of ‘Elegiacs’, ‘Lowflowing breezes are roaming’ leads to a passage in which living creatures
make sounds: ‘Barketh the shepherd-dog cheerily; the grasshopper carolleth clearly; / Deeply the
turtle coos; shrilly the owlet halloos’ (Il. 5-6). One theme of “The Dying Swan’ is undoubtedly

death, but this poem is unlike the poems of Topic 2 with their scattering songs and sounds:

With an inner voice the river ran,
Adown it floated a dying swan,
And loudly did lament.

One willow over the water wept,
And shook the wave as the wind did sigh;

The wild swan’s death-hymn took the soul
Of that waste place with joy

Hidden in sorrow: at first to the ear

The warble was low, and full and clear;

With a music strange and manifold,

Flow’d forth on a carol free and bold;

As when a mighty people rejoice

With shawms, and with cymbals, and harps of gold,
And the tumult of their acclaim is roll’d

And the creeping mosses and clambering weeds,
And the willow-branches hoar and dank,
And the wavy swell of the soughing reeds,
And the wave-worn horns of the echoing bank,
And the silvery marish-flowers that throng
The desolate creeks and pools among,
Were flooded over with eddying song.
‘The Dying Swan’ (1830: 11. 5-7, 14-15, 21-24, 29-33, 36-42; T30_THEWAN)

As can be seen, the anthropomorphic plants and animals talk, sing, and surround the people in
the poems of Topic 3. Unlike the cases of Topic 2, living creatures are present in the poems and

make various sounds. These works do not convey any impression of fear or despair of the type
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felt in the works of Topic 2. Furthermore, both in ‘The Dying Swan’ and in the aforementioned
‘Merlin and the Gleam’, the final moments of the characters’ deaths are not described. These
dying animate beings are surrounded by sounds and other living beings. These situations do not
necessarily convey utter solitariness or despair to readers. This therefore suggests not only the
reflection of the characters’ emotions but also Tennyson’s intention to sketch differently in relation
to the natural surroundings, evoking these emotions not directly but in an indirect way.

Not only incidental sounds but also those of people, animals, and apostrophised nature, includ-
ing plants and water, crowd the poems of Topic 3; this contrasts with Topic 2 poems whose scenes
highlight the sea. Even the difference in altitude alluded to by mountains and valleys influences
how people perceive their surroundings. In some cases, the objects under discussion are located
distant in the physical realm of poems; however, in the case of Topic 3, these objects are rendered
visible through their depiction in poems. This visibility, whether clear or vague, can be seen by the
narrators, the characters, and the readers, even if they are distant. Such visibility does not convey
the sense of despair felt in the poems of Topic 2. This suggests that the objects not only mirror the
characters’ emotions but also that Tennyson’s intention was to sketch and evoke these emotions
indirectly rather than directly.

In Topic 3’s poems, Tennyson employs rivers as a metaphor for life, for example in ‘Compro-
mise’ (1884; T84_COMISE):

Steersman, be not precipitate in thine act

Of steering, for the river here, my friend,
Parts in two channels, moving to one end—
This goes straight forward to the cataract:
That streams about the bend;

But though the cataract seem the nearer way,
Whate’er the crowd on either bank may say,

Take thou the ‘bend,” ’twill save thee many a day.
‘Compromise’ (1884; T84_COMISE)

As can be seen in the quotation of ‘Compromise’ above, rivers wind through bends and cataracts
until they finally reach a broad, soundless, open sea. This suggests that lives with ups and downs
ultimately come to an end. Poems in Topic 3 do not extend rivers to the ocean, focusing instead
on the present moment rather than the eternity or death of the sea, through bends. Religious con-
notations pertaining to death, such as the term Heaven, are not necessarily taken as an indication
of a character’s death within a poem or of characters’ eternal life after death. Rather, the concept
associates with a belief that one may hold while still alive. Hence, the poems in Topic 3 centre on
the moments when the characters are alive. The belief and the focus on the living moment serve

as the pivot in the poems of Topic 3.
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5.3. Did LDA overlook a canonical poem?

Discussion of Tennyson’s concept of the river cannot overlook several works, for instance, ‘The
Lady of Shalott’. The scene in which the Lady is on a boat floating into Camelot is illustrative. The
river in this poem is one of the impressive elements in many paintings of the scene, such as those
by J. W. Waterhouse and Henry Peach Robinson (Chesire, 2009: 57, 90-91). However, this poem
does not appear in the discussion of the river in this section or in the top 65 significant segments
of Topic 3. Did LDA miss a prominent and representative theme in the Tennysonian canon, while
it was handling and analysing large amounts of poetry, including the ‘great unread’ dimensions?

‘The Lady of Shalott’, belongs in fact to Topic 7 (the eighth most significant poem/segment)
rather than to Topic 3. The reason why this poem was assigned to the topic is that it emphasises
the extent of the Lady as well as the Lady’s despair and her remembrance, even following her
death. Here again, the river metaphorically suggests the Lady’s life. In the poem, the river does not
reach a vast, silent sea after all of its bends, windings and cataracts through Camelot; nevertheless,
rivers generally reach the sea finally as vicissitude-filled lives inevitably come to an end. The river
in ‘The Lady of Shalott’ unquestionably attracts readers’ attention; however, what LDA detected
here was not the Lady’s life rendered as the river but her melancholy, forlornness and despair.

Tennyson, as a ‘landscape-painter in words, a colourist’ (Hair, 1991), lays out his multiple
themes in detailed word portraits of nature. Although some LDA results contradict earlier schol-
arly readings and readers’ intuitions, as shown in this section, LDA unfolded and spotlighted latent
semantic connections between words spread over multiple poems that are hidden behind canonical
or eye-catching themes or motifs. However, this does not amount to a cancellation by LDA of the

outcomes of the close readings found in previous studies.

6. Conclusion

In this study, I observed poetic depictions of sea and inland landscapes, mountains and rivers
based on the results of the LDA topic model. What were mentioned and discovered in this study
were not necessarily new and groundbreaking findings; nevertheless, they revealed that quantita-
tive and qualitative approaches combined can support each other and help to discover hither to
unknown dimensions of Tennyson. Of course, I was not insisting that poems should have only
one topic. The topics in LDA are interrelated; in particular, in the works with two topics, they are
often complexly intertwined rather than occurring independently within each work; this is not a
problem but rather a testimonial to how complex Tennyson’s depictions are in his works and how
accurately the topic model captures this complexity.

In addition to the interpretations of the sea in Section 5.1, eternity can interweave with immor-
tality, which is another prominent theme in Tennyson. Although LDA facilitated my reading of
Tennyson’s poems beyond his canon and revealed new dimensions, this paper does not provide a

comprehensive analysis of all their elements. Future research should explore Tennyson’s works
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in greater depth, using both qualitative and quantitative approaches to investigate the motifs of
immortality and others that emerged from the LDA results. By doing so, it will be possible to

prevent leaving a gap of the ‘great unread’ in Tennyson’s works.
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Appendices

Appendix I: Comparison table of abbreviated and full-length titles of poems: Topic 2.

Abbreviated Titles  Year of Publication = Poem Titles
T26_nomore 1826 ‘No More’
T27_SHOMER 1827 ‘Short Eulogium on Homer’
T27_WEMORE 1827 ‘We Meet No More’
T28_homome 1828 ‘Home’
T30_ANAONA 1830 ‘Anacaona’
T30_DUASMS 1830 ‘Dualisms’
T30_HERDER 1830 ‘Hero to Leander’
T30_odeook 1830 ‘Ode: O Bosky Brook’
T30_SONOWL 1830 ‘Song: The Owl’
T30 _THEAID 1830 ‘The Mermaid’
T30_THEIES 1830 ‘The Sea Fairies’
T30_THEMAN 1830 ‘The Merman’
T30_THEPER 1830 ‘The Grasshopper’
T32_BUORTE 1832 ‘Buonoparte’
T32_SONOBE 1832 ‘Sonnet [But were I Loved As I Desire to be]’
T32_sonous 1832 ‘Sonnet [Conrad! Why Call Thy Life Monotonous?]’
T32_THEDES 1832 ‘The Hesperides’
T33_THEENT 1833 ‘The Lovers Tale: A Fragment’
T33_THEERS 1833 ‘The Lotos Eaters’
T33_THEOTT 1833 ‘The Lady of Shalott’
T34_faiace 1834 ‘Fair is that Cottage its Place’
T34_omouup 1834 ‘O Mother Britain Lift thou Up’
T37_blaate 1837 ‘Black Bull of Aldgate’
T42_AFAELL 1842 ‘A Farewell’
T42_BREEAK 1842 ‘Break, Break, Break’
T42_MORHUR 1842 ‘Morte D’ Arthur’
T50_LINNED 1850 ‘Lines [Here Often, When a Child, I Lay Reclined]’
T50_MABRPE 1850 ‘Mablethorpe’
T54_TOTICE 1854 ‘To the Rev. F.D. Maurice’
T55_THEISY 1855 ‘The Daisy’
T59_jactar 1859 ‘Jack Tar’
T62_ENODEN 1862 Enoch Arden
T62_REQCAT 1862 ‘Requiescat’
T62_THEAGE 1862 ‘The Voyage’
T62_THEBOY 1862 ‘The Sailor Boy’
T62_THELET 1862 ‘The Islet’
T64_AYLELD 1864 ‘Aylmer’s Field’
T65_CAPAVY 1865 ‘The Captain (A Legend of the Navy)’
T68_eps09 1868 ‘Epigrams’ (1868, ix)
T68_eps10 1868 ‘Epigrams’ (1868, x)
T68_eps21 1868 ‘Epigrams’ (1868, xxi)
T68_LIN866 1868 ‘Lines (1865-1866)’
T69_COM-IK 1869 ‘The Coming of Arthur’
T69_HOL-IK 1869 ‘The Holy Grail’
T76_SPBE21 1876 ‘Songs from the Plays [‘Becket” Act II Scene 1]’
T77_PRENET 1877 ‘Prefatory Sonnet’
T78_THEEET 1878 ‘The Revenge: A Ballad of the Fleet’
T79_THENOW 1879 ‘The Defence of Lucknow’
T80_THEREL 1880 “The First Quarrel’
T80_THEUNE 1880 ‘The Voyage of Maeldune’
T85_THEECK 1885 The Wreck’
T85_THEEET 1885 ‘The Fleet’
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Appendix II: Comparison table of abbreviated and full-length titles of poems: Topic 3.

Abbreviated Titles  Year of Publication = Poem Titles
T27_HUNONG 1827 ‘Huntsmans Song’
T27_MIDGHT 1827 ‘Midnight’

T27_ONSITY 1827 ‘On Sublimity’

T27_SONIME 1827 ‘Song it is the Solemn Even Time’
T27_THEARP 1827 ‘The Exiles Harp’

T27_THENES 1827 ‘The Vale of Bones’

T27_THEOFE 1827 ‘The Dell of E—’

T28_armdon 1828 ‘Armageddon’

T28_topeat 1828 “To Poesy [O God, Make This Age Great] ’
T29_TIMTOO 1829 ‘Timbuctoo’

T30_ANAONA 1830 ‘Anacaona’

T30_CIRNCE 1830 ‘Circumstance’
T30_ELEACS 1830 ‘Elegiacs’

T30 _iliion 1830 ‘Ilion, Ilion’

T30_ODEORY 1830 ‘Ode to Memory’

T30_RECHTS 1830 ‘Recollections of the Arabian Nights’
T30_THEIND 1830 ‘The Poets Mind’

T30_THEUSE 1830 ‘The Deserted House’

T30_THEWAN 1830 ‘The Dying Swan’

T30_thyend 1830 ‘Thy Soul is Like a Landskip, Friend’
T31_AFRENT 1831 ‘A Fragment’

T31_CHELLY 1831 ‘Check Every Outflash Every Ruder Sally’
T31_SONETH 1831 ‘Sonnet [Me My Own Fate to Lasting Sorrow Doometh]’
T32_THEART 1832 ‘The Palace Oo Art’

T32_THEDES 1832 ‘The Hesperides’

T32_THEERS 1832 ‘The Sisters’

T33_OENONE 1833 ‘(E none’

T33_THEERS 1833 ‘The Lotos Eaters’

T33_youuth 1833 ‘Youth’

T36_STAEVE 1836 ‘St Agnes’ Eve’

T42_AMPION 1842 ‘Amphion’

T42_AUDURT 1842 ‘Audley Court’

T42_THEONG 1842 ‘The Poet’s Song’

T46_THEEAR 1846 ‘The Golden Year’

T47_PRIESS 1847 The Princess

T49_theady 1849 ‘The Little Lady’

T49_theild 1849 ‘The Losing of the Child’
T53_TOEECE 1853 ‘To E.L. on His Travels in Greece’
T55_THEISY 1855 ‘The Daisy’

T62_INTETZ 1862 ‘In The Valley of Cauteretz’
T62_MILACS 1862 ‘Milton (Alcaics)’

T62_ONTMER 1862 ‘On Translations of Homer’
T62_SPERSE 1862 ‘Specimen of a Translation of the Iliad in Blank Verse’
T62_THELET 1862 ‘The Islet’

T68_eps03 1868 ‘Epigrams’ (1868, iii)

T68_eps18 1868 ‘Epigrams’ (1868, xviii)
T68_LUCIUS 1868 ‘Lucretius’

T72_ENG782 1872 ‘England and America in 1782’

T79_spfalc 1879 ‘Songs From The Plays [ “The Falcon’]’
T80_THEERS 1880 ‘The Sisters’

T84_COMISE 1884 ‘Compromise’

T89_BEAITY 1889 ‘Beautiful City’

T89_ceplis 1889 ‘Cephalis’

T89_MEREAM 1889 ‘Merlin and the Gleam’
T89_PARSUS 1889 ‘Parnassus’

T89_ROMRSE 1889 ‘Romneys Remorse’

T89_THPRNG 1889 ‘The Progress of Spring’
T92_KAPANI 1892 ‘Kapiolani’

T92_THEONE 1892 ‘The Death of (Enone’
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Identifying Binary Oppositions in the Lord of the Rings:

A primary quantitative approach to binary oppositions
Dimitra Vogatza
Graduate School of Language and Culture, University of Osaka
1-8 Machikaneyama-cho, Toyonaka, Osaka, 560-0043 Japan

Abstract This paper presents a primary quantitative approach to identifying bi-
nary oppositions in the Lord of the Rings. Using a custom-built Word2Vec model
trained exclusively on Tolkien’s works, and integrating it with BERTopic for topic-
modelling, the study explores how semantic relationships reflect Tolkien’s narra-
tive structure and thematic oppositions. These oppositions were revealed through
analysing the results. The analysis showed binaries such as healing and trauma, and
nature and war, which are examined both at a contextual and lexical level. High and
low cosine similarity scores between topics are used as indicators of semantic dis-
tance, identifying oppositions both within the same thematic categories and across
conceptually distinct ones. The study concludes with a discussion on the implications
of an embeddings model for literary analysis, proposing further exploration across
Tolkien’s legendarium to understand the broader impact of binary oppositions in his
work.
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1. Introduction
1.1. Binary Oppositions and The Lord of the Rings

J.R.R. Tolkien’s (1892-1973) the Lord of the Rings’ primary and overall concept that might
come to the mind of any reader of the work is the triumph of good over evil—a very apparent
binary opposition found in many an epic story. Yet, one of the structural observations that are
made on Tolkien’s work is in fact a form of a story-long established recurring opposition: havens in
perilous situations (Holmes, 2014: 147). He creates these moments of safety in increasingly more
dangerous situations as the narrative progresses. This is not all however, there is also deliberate
linguistic and stylistic contrast between the Hobbits—plain and modern—and other more archaic
peoples (Turner, 2007; Turner, 2014: 392). Additionally, on a more lexical level perhaps, Tolkien
plays with words for colours, nature, emotions and moods to express opposed states. He even

coined a word himself to express opposed states: eucatastrophe. He states (Letters 131):

In the scene where all the hosts of the West unite to do honour and praise to the two
humble Hobbits, Frodo and Sam, we reach the ‘eucatastrophe’ of the whole romance:
that is the sudden joyous ‘turn’ and fullfilment of hope, the opposite of tragedy, that
should be the hallmark of a ‘fairy-story’ of higher or lower tone, the resolution and

justification of all that has gone before.

Along the varying voices that discuss the style in the Lord of the Rings, one has given a quite
intriguing view on binary oppositions. It is Le Guin’s (2001) appraisal of the rhythmic quality of
the work that inspired me to explore if and how binary oppositions in the Lord of the Rings function
as rhythm. She claims that they appear in a pattern of stress and relief, much like a contextual
trochee on a multitude of levels (from chapter to book to volume). Other scholarly works on
binaries in the Lord of the Rings is from Pretorius (2002) focusing on a few specific binaries
through a literary analysis approach, Doyle’s (2020) cultural and moral approach on Tolkien’s
good and evil, and Khan’s (2024) approach focusing on linguistic and narrative structures on
binary oppositions. Verlyn Flieger, has also explored oppositions in the Splintered Light (1983),

stating:

No careful reader of Tolkien’s fiction can fail to be aware of the polarities that

give it form and fiction.

This paper focuses on a primary quantitative approach to identifying binary oppositions through
the creation of a Tolkien embeddings model and its incorporation in topic-modelling techniques.
The model consists solely of Tolkien’s writings that are stylistically and contextually relevant to
the Lord of the Rings. The works and manuscripts that are included in the embeddings model are
listed in Tables 1 and 2.
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Table 1: Published works by Tolkien included in the model

No. Date Title Classification ~ Word-tokens
1 1935 The Hobbit Legendarium 95,968
2 1945 Leaf by Niggle Short Story 7,467
31949 Farmer Gilles of Ham Short Story 16,476
4 1954-1955  The Lord of the Rings Legendarium 496,764
5 1962 The Adventures of Tom Bombadil — Legendarium 8,738
6 1967 Smith of Wootton Major Short Story 10,237

Sum of word-tokens: 635,650

1.2. Tolkien’s Textual Background

The contextually relevant writings along with the Lord of the Rings are part of Tolkien’s legen-
darium. They start as early as 1914 and continue on well into the 1960s, yet throughout his life
only three relative works were published (see Table 1). From the numerous unpublished works
that are related to the legendarium some were complete yet abruptly ended (i.e. the Children of
Hiirin), but most were either incomplete, revised a multitude of times or existing in a few different
versions of varying discrepancy (i.e. works published in The Fall of Gondolin see Table 2). Along
his work on his legendarium, he also wrote a few different short stories and poems or verses, a
small number of them is also included in the model based on their relevance.

Inspired by the Finnish and Celtic language when he was still a teen, he started creating his
own languages, and they needed a world to exist in—the legendarium (Letters 219-220). It could
actually be considered a ‘side project’ and his languages a ‘secret vice’ as he called it (Letters ,
Fimi 20), as he was a professor of English Language and Literature at the University of Oxford—
not that his academic interests and his writings do not have common roots. His translations of
Old and Middle English epics or romances like Beowulf and Sir Gawain and the Green Knight,
influencial and analytical lectures on said works (Beowulf: The Monsters and the Critics), and
his background as a lexicographer for the Oxford English Dictionary mirror his own romances
and epics and language creation. Yet it is because of this that he did not have the luxury of time
to dedicate to his creations, which leaves us with numerous unfinished manuscripts, hastily and
infamously illegible writings on loose pieces of paper, or poems written on the margins of books.

After Tolkien’s death the vast majority of his writings has been edited and published by his son
Christopher Tolkien (henceforth Christopher). This process entailed many challenges, as it would
often be the case where Tolkien would cross out words from manuscripts and make emendations,
or create a whole new version of that writing. Sometimes the style was different, some other
times the story would change, or some others the character names would change—more drastic as
Tevildo to Sauron, or simpler like Melko to Melkor. The problem that arises here is that due to this
multiplicity of versions and emendations, and manuscript completeness the process of identifying

the appropriate texts for the model became significantly more time consuming than expected.
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Table 2: Posthumously published works by Tolkien included in the model

No. Due Approx Publishe I Crezory | Workokens
U 0 v T
VR PR 200
e
* oo Beren e Lihien Legendarium 15230
501 Lotters from athe Chrsimas Letters 13966
6 19?;)8617?37 YZI:EZ’I?Z ”OJ} Z’L’r’; Legendarium 60,124
A
o R
o G i
o G
E N R
0 (Bg;) QZ:ZZZ;’ZZ Short-Story 25,091
13 laﬁ 9199 3? )0s H istor? t{?ﬁflﬁlﬁlfﬁéﬁiﬁ%ﬁjﬁ& Ring Legendarium 8,708

Sum of word-tokens: 320,962

Note: Dates reflect the estimated time of original composition. Publication dates refer
to editions edited by Christopher Tolkien or later editors. The works are represented
with the original composition followed by the book it was published in beneath it.

Some years after the initial publication of the Silmarillion, a work intended by Tolkien himself
to be published along with the Lord of the Rings, Christopher went on and published a series of 12
volumes called the History of Middle Earth including as much of his father’s unedited writing as
he could with ample commentary and discussion. Primarily the History of Middle-Earth follows
closely the contents of the Silmarillion, the latter having received considerable editing to be able
to be published as a complete narrative. However, due to the sheer size of the volumes and the
overall time required for separating editor from author, these writings are not included in this
paper’s model construction, apart from Athrabeth Finrod ah Andreth finished some time around

1959. The Silmarillion in this case is included, albeit with slight caution.

2. Quantitative Methods for Identifying Oppositions
As discussed in 1.2. the model was constructed with the texts listed in Tables 1 and 2. The

model was trained on sentence level granularity. This is due to the fact that there is no one way
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the oppositions appear, there are cases where they appear in between a couple of pages (5.08.011-
5.08.020)! or just within a paragraph (4.08.004)! or on chapter titles (i.e. chapters 1 and 2)?. So I
chose finer granularity for this paper (Ding et al., 2021). Furthermore, I maintained the hyphenated
words, i.e. when I removed the punctuation after the sentence breaks. This is to ensure Tolkien’s
characteristic hyphenation (Alden, 2021; Tauber 2025) as part of his stylistic choice. Similarly,
accents to words belonging to Tolkien’s languages are also maintained, i.e. Lithien. Finally the
sentences were broken on periods, exclamation marks and question marks. Only point of note
with breaking the texts into sentences is the poems and songs found throughout his texts. I chose
to maintain sentence level breaking and not break them per lyric, so that each line of the corpus

would be a linguistically sound sentence.

2.1. Training the Tolkien Model

To train the word embdeddings for the model on around 950,000 tokens of my Tolkien corpus,
I used Word2Vec’s skip-gram architecture. Even though it is primarily directed towards consid-
erably larger datasets than mine, it suited mine because of its ability to capture nuances. Skip-
gram has been shown to perform better with infrequent words (Mikolov et al, 2013: Golberg et
al, 2014), which is particularly relevant in a literary corpus compared to other architectures like
CBOW (Continous Bag of Words). This choice was also influenced by prior comparative work
in NLP textbooks (Albrecht et al., 2020), as well as my own preliminary tests, where skip-gram
produced more coherent clusters for the analytical goals of this study.

The skip-gram model was trained using a vector size of 100 and a window of 5. Words occur-
ring fewer than five times were excluded from training to reduce noise. The model was trained
over 5 epochs, providing sufficient convergence given the corpus’ size and thematic consistency.
Additionally, following the approach introduced by Mikolov et al. (2013), I employed negative
sampling (negative=5) to improve efficiency.

I would like here to note that at an early stage I tested GloVe’s applicability in identifying
oppositions in the Lord of the Rings. GloVe—gigaword 50d variant—is trained on Wikipedia and
newswire text, which can be considered as non-literary English usage (Pennington et al., 2014;
Parker et al., 2011). It has a vocabulary size of approximately 400,000 words. This preliminary
evaluation was conducted by measuring high-similarity word pairs using cosine similarity. Yet
the results were quite unsatisfactory. It was with this incentive that I created the Tolkien model.
While the Tolkien model proved to be more useful, I needed to confirm whether it was Tolkien’s
language that made it better or if this could be contributed to it being a literary model. With this

in mind I constructed two comparative Word2Vec models: one trained on British literary texts

1 Citation format taken from the Digital Tolkien Project. The Lord of the Rings is broken down into 6 books through-

out 3 volumes, 2 books per volume. The main text format is <book>.<chapter>.<paragraph>.
Chapter 1: A Long-Expected Party
Chapter 2: The Shadow from the Past
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from Tolkien’s period (1900s-1950s), and another on texts by authors known to have inspired
Tolkien. While both literary models performed better than GloVe, the model based on Tolkien’s
inspirations yielded the highest opposition-to-vocabulary ratio (see Fig.1). Simply put, aligning
style and theme in training embdeddings for literary analysis is highly important. Although the
Tolkien-trained model did not produce the absolute highest ratio, it significantly outperformed
GloVe, suggesting that domain-specific embeddings offer more precise semantic representation
when applied to texts of similar register and lexicon. Refer to the Appendix for a high-similarity
lexical comparison between GloVe and Tolkien models, based on a few keywords relative to the
the Lord of the Rings.

Opposition Density by Model

35 1
30.94
30 A

25.06 25.86

25 1

20 A

15 A

10 4

Oppositions per 100 Vocabulary Words

5 4.00

GloVe Tolkien 1900s-1950s Inspirations

Figure 1: Opposition-to-vocabulary ratios for different word embedding models.

2.2. Tolkien Model Implementation in BERTopic
2.2.1. Data Preprocessing

As the aim of the methods in this paper is to identify binary oppositions in the Lord of the Rings
with as little qualitative intervention as possible, I opted to explore topic-modelling as means of
identifying opposed words or themes. Preprocessing of the plain text consisted of: stopword re-
moval and document segmentation. The Lord of the Rings contains very high frequencies of many
proper nouns (see Table 3 for examples) that significantly influence the quality and coherence of
the topics, so I included them in the stopword list. To maintain thematic cohesion within all the
documents processed by BERTopic I segmented the text on paragraph level and in cases of dia-
logue I kept the dialogue from start to finish as part of the same segment. There was a need of
re-arranging the segments after stopword removal as some segments’ final token count was re-

duced to very low values such as 3. This resulted to a document length average of 105.13, with
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Table 3: Examples of proper nouns and their frequencies in the Lord of the Rings

Frodo 1982

Sam 1290

Gandalf 1118
Aragorn 721
Shire 277
Gondor 261

the total tokens of the documents post stopword removal being 142,874—a little over one fourth
of the original. While it is the typical fashion in topic-modelling to segment in bigger chunks of
text (Misra et al., 2011; Riedl & Biemann, 2012; Tabata, 2020) by setting a set amount of tokens
per chunk, I chose to maintain the semantic cohesion of a paragraph—whether long or short—as
the work changes places and perspectives often after volume 1 the Fellowship of the Ring, where
the narrative breaks into three major fronts. Similarly, keeping dialogues intact ensures that the
intricacies of character speech (also discussed in sections 1.1. and 3.) remain untouched within

each segment.

2.2.2. Cosine Similarity in BERTopic and Word2Vec

BERTopic is a neural topic-modelling technique that leverages progress done in model em-
beddings and clustering techniques to achieve more coherent and representantive topics than tra-
ditional models like LDA(Latent Dirichlet Allocation) or NMF(Non-Negative Matrix Factoriza-
tion)(Grootendorst, 2022). For this paper, I utilised the normal BERTopic function with HDB-
SCAN(Hierarchical Density-Based Spatial Clustering of Applications with Noise) for document
clustering and UMAP(Uniform Manifold Approximation and Projection for Dimension Reduc-
tion) for dimension reduction. I opted for BERTopic as it comparatively produced more coherent
and nuanced results than LDA, but this will not be further discussed in this paper. As BERTopic
typically converts documents into embeddings using pre-trained transfomer based models such as
BERT(Bidirectional Encoder Representations from Transformers) by default, it was also useful
in measuring inter-topic distance by applying my Tolkien model as a model for measuring oppo-
sitions using cosine distance. For the computation of inter-topic cosine distance, I averaged the
Word2Vec embeddings trained on Tolkien’s corpus for each topic. In other words, the mean of the
word vectors for each topic. I checked how the word similarities are distributed, and it is a normal

distribution (see Fig. 2), so taking the mean instead of the median leads to the same results.
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Distribution of Term Similarities
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Figure 2: Distribution of term similarities based on the Word2Vec Tolkien model.

Now, BERTopic has its own cosine similarity function, however this similarity is calculated
differently. The default function in BERTopic utilises the embedding’s model used to extract the
topics (this is based on the language set as an argument at the extraction/learning point of the
topic-modelling process, in this case the all-MiniLM-L6-v2 (Sentence Transformers all-minlm-
L6-V2, n.d.;Wang et al., 2020) is used). While the topics were highly coherent in their contextual
nuances, this was not the same for the default inter-topic distances. A clearer representation of the

differences between the default inter-topic distance matrix and the Tolkien Word2Vec model can

be seen in Figure 3 below.
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Cosine Similarity Between Topics (BERTopic) Cosine Similarity Between Topics (Tolkien Word2Vec Model)
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Figure 3: Default BERTopic (left) and Tolkien model (right) cosine similarity matrices

The figure on the left depicts the inter-topic cosine similarity of just the BERTopic emdeddings
based on the model I mentioned above, while the figure on the right is based on my Tolkien
Word2Vec model. As it can be observed, there are distinct differences between the two. The
discussion on the topic meanings itself can be found later on in the paper, so I will not go into
in depth detail as to what each topic represents, however, I would like to draw attention to a few
specific differences that are striking. Topic 12 dealing with war and 7 dealing with trees have
a difference of 0.41 between the two graphs, with the Tolkien model showing low-similarity. As
Word2Vec embdeddings capture the meaning of a word in the context of the corpus that it is trained
in, this difference goes to show that to Tolkien trees and war are very far apart in contextual usage.
Additionally, while both graphs’ cosine threshold was set to 0.5 or higher, the Tolkien graph has
more significant fluctuations between high and low values. The Tolkien Word2Vec model overall

provides more accurate and educated distances than the default distance.

2.2.3. Most Representative Chapters per Topic

As this paper aims to identify oppositions in the Lord of the Rings, and as a rhythm as well, I
utilised BERTopic’s most representative document function to identify which chapters were more
representantive of which topic (similar to LDA’s alpha value, (Blei et al., 2003)). Based on each
chapter’s narrative note—a chapter’s negative or positive note—as well as the terms themselves,
I classified the topics into positives and negatives. The argument here is that, since this function
aids in understanding in what intervals the topics are appearing throughout the work, by classifying
them into these two categories can quantitatively showcase the contextual trochaic rhythm. For
the visualisation of the topics throughout the chapters I used ChatGPT and a table containing the

top three chapters per topic (see Figure 4). This is further discussed in section 3.
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Topic Appearances Across Chapters
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Figure 4: Topic occurrence throughout the Lord of the Rings

3. Results

The implementation of topic-modelling and semantic vector analysis yielded several notable
patterns in the textual structure of The Lord of the Rings. This section is divided into three parts.
First, I present the extracted topics, including their distribution and content (Table 4). Second,
I examine the semantic proximities between topics by applying cosine similarity to averaged
Word2Vec embeddings as introduced above. Finally, I focus on identifying recurring thematic
binary oppositions throughout the work by analysing the most representative chapters across the-
matically distinct topics.

Apart from the contents of each topic in the table below, we can also see the positive (+) or
negative (-) classification, and the most representantive chapters for each topic. Under the umbrella
of positive I consider topics that deal with Tolkien’s forces of good (Elves, Hobbits, kings, nature)
as well as positive concepts as seen in Topic 14 that deals with love and healing. Topic 17’s positive
classification despite its connotations of war is derived from the context of valiant and honourable
warriors. For the negative classification, concepts such as death, war, suffering, battles, danger and
uncertainty are marked as negative. Topic 9, which at a first glance cannot outright be discerned
as negative by looking at its terms, deals with the state of Gondor at the first stages of the work.
A city whose Steward was manipulated by evil forces and later on tragically ended his life while

trying to kill his unconsious son in a moment of despair.
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Table 4: Topic overview with terms

Topic Labels and Classification Chapters Top 15 Terms

0 Gifts and Farewells ....... (+) 20,20,20 silver, gave, set, virtue, gifts, wrought, lady,
spoons, parting, gift, garments, gems, fair, leaves,
small

1 Merrymaking ............ +) 1,2,3 hobbits, good, began, birthday, guests, supper,
food, fire, party, small, table, hobbit, people, hob-
biton, eat

2 The Scouring of the Shire . (-) 61, 61,61 ruffians, farmer, hobbits, rosie, lads, village,
leader, chief, weapons, score, hobbiton, waggons,
gang, hundred, sheds

3 Uncertainty (Hobbits) ..... -) 9,9, 60 hobbits, inn, chief, folk, travellers, gate, bob, time,
good, hob, times, farmer, ponies, big, pony

4 Discussions of History ....(-) 14,2,24  ring, time, men, power, orcs, fear, thought, enemy,
dark, found, find, elves, ents, hope, night

5 Travelling - Walking ...... @) 8, 8,24 trees, road, light, land, dark, mountains, sun, river,
side, hills, path, high, looked, sky, night

6 Travelling - Resting ....... () 38,55,8 sleep, asleep, water, night, light, heard, woke, lay,
sat, dream, wind, fell, soft, eyes, awake

7 Ents (trees) .............. (+) 27,27,26 ents, elves, hobbits, trees, forest, folk, call, heard,
days, time, woods, land, speak, thought, men

8 Elf Company ............ (+) 19,19,13 sleep, thought, looked, face, food, night, end, lady,
hear, bright, head, words, deep, fire, elvish

9 Gondor and Steward ...... (-) 50,50,47 lord, city, door, house, servants, houses, stood,
burn, turned, healing, death, kings, steward, men,
face

10 Danger .................. (-) 54,54,17 door, doom, passage, ran, stairs, orc, orcs, light,
side, heard, hall, feet, gate, steps, sprang

11 Frodo’s Journey .......... (-) 33,33,34 eyes, precious, master, dark, felt, hands, looked,
thought, head, hand, hobbits, lay, face, hobbit,
moment

12 OrcBattles ............... (-) 54,34,17 orcs, orc, hand, legs, head, fell, eyes, black,
sword, sprang, cried, ground, cry, knife, red

13 Sieges ... (-) 47,47,53 men, wall, retreat, city, walls, gate, cried, enemy,
orcs, black, horsemen, army, lord, fire, rock

14 Love and Healing ........ (+) 58,58,51 lady, warden, lord, house, king, healing, city, care,
days, battle, healer, houses, looked, women, war

15 Aragorn ................. (+) 37,37,28 sword, lord, man, speak, hand, master, son, men,
spoke, ring, eyes, thing, words, leave, days

16 Theoden’s Death .......... ()  59,59,49 king, city, prince, victory, men, knights, mark,
lord, arms, bear, death, rode, ride, honour, lay

17 RidingtoWar ............ (+) 52,29,48 king, rode, men, ride, riders, lord, night, rider,

host, road, turned, white, days, wind, passed

I would like to separately discuss topics 5 and 6 as they deal with travelling. While they can
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be marked as negative and positive, walking and resting respectively, the classification would not
follow the same principles as above. There are cases in the work when walking is not a perilous
thing even though it is tiring, and there are cases when resting does not provide rest. Thus I classify
them as neutral and kept the brackets blank.

Consequently, in the above Figure 4, topics 5 and 6 are coloured yellow, positives green and
negatives red. While this figure needs refining, we can observe that at a primary stage there are a
few areas showcasing a reversal between positive and negative. Quite intriguing is the back and
forth between positive and negative topics from chapters 47 to 54, with 7 different topics actively

coming in and out of the narrative.

3.1. Inter-Topic Distance
In this section I will closely examine the high and low similarities as depicted in the graph

below, while investigating the more appropriate cosine threshold for each.

Cosine Similarity Between Topics (Tolkien Word2Vec Model)
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Figure 5: Cosine similarity matrix based on the Tolkien model.

Firstly, when evaluating cosine distance the rule is that the higher the value the closer the dis-

tance and the opposite (Sahoo & Maiti, 2025), but what would be the appropriate threshold? What
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value or higher and what value or lower works the best in this case? To evaluate this, I firstly
crossed out the middle values, from 0.70 to 0.80, with the output range being from 0.5 to 1. I
would also like to note that this calculation was also run with range of O to 1, but the results were
still above 0.5 which did not produce an easily readable graph, hence why in this case it is set to
start from 0.5.

Starting with the first 10 decimals on either side—0.60 to 0.70 and 0.80 to 0.90—there are
few things that can be easily seen. For example topics scoring at 0.85 like 2 and 15, or 2 and 7,
are irrelevant, but not necessarily opposed either. These two pairs deal with the Scouring of the
Shire—Hobbits returning home at the end of the work to find it overrun by evil forces and reclaim-
ing it—trees, and Aragorn—the second protagonist reclaiming his position as king. Consequently,
anything below 0.85 gives the same results of thematic irrelevance between topics. Now, we can
redirect our attention to topic distance of 0.88. Topics that score 0.88 do show some relevance,
for example topic 9 and topic 13. Topic 9’s context of Gondor and Steward does occur during the
siege of Gondor, but topic 13 that deals with sieges is not limited to Gondor. At the same time,
topics 11 and 12 also score 0.88, this score can be attributed to Frodo’s journey taking a negative
turn and Frodo suffering for the majority of his travels because of the same forces that mobilise the
orcs into battle. However, topics 9 and 17 have much less in common. As previously explained in
the above section, topic 9 deals with Gondor’s steward and topic 17 with warriors, these two also
do not have thematic connections through the work. As this score is not consistently applicable to
function as a threshold for high-similarity, I move one up to 0.89. At 0.89 there are topic pairs like
13 and 17, both dealing with war on the same fronts which confirms their similarity. Interestingly
enough, 0.89 appears only in this topic pair. From this threshold and higher the topics along with

their scores and similarity characteristics are portrayed in Table 5.

Table 5: High-similarity topic pairs with threshold 0.89 or higher

Similar Themes Topic Pairs with Scores
Frodo and Resting & 11 ..... 0.91
Elves and Resting 8&6 ...... 0.93
1&2...... 0.95
Hobbits 2&3 ..., 0.97
3&1 ...... 0.97
9& 14 ..... 0.96
9&15 ..... 0.91
Kingdoms of Men 14&15..... 0.90

14&16 ..... 0.96
16&17 ..... 0.90

Si d W
leges and War 13&17 ..... 0.89
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Now focusing on the low-similarity thresholds, the scores are evaluated in a similar fashion. In
this scenario however, I am evaluating the opposition between the topics. Topics scoring at 0.68
like 9 and 12, are again irrelevant. Similarly topics 10 and 16 score 0.68, they deal with dangerous
situations, and one of the characters’ death, respectively. These two are again irrelevant even
though they are negative, because topic 16 deals more with a character’s death and discussions
about his death rather than danger. From here, let us lower the threshold to 0.66. Topics 10 and
15 are up to an extend opposed, as the topic concerning Aragorn deals with heroism and kings
in contrast to topic 10 that deals with danger. Yet I cannot call them thematic oppositions with
certainty, due to their contextual differences (one deals with a character and the other with a state
of things). Topics 3 and 12 are quite irrelevant, as the former deals with uncertain situations
around the Shire (where Hobbits live), which could be described as typical British countryside
(Curry, 1997; Weidner, 2002). The uncertainty that is occurring around the Shire in the work,
and the orc battles in topic 12 have some similarities based on the forces that cause both of them
in the narrative, but they are not opposed nor precisely similar. Consequently, we move to the
next value of 0.65. Here, topics like 1 and 13 start to show more clear oppositions. Topic 1 deals
with merrymaking, especially Hobbit feasts and celebrations, while topic 13 deals with sieges and
of course has very strong connotations to war. These two are more thematically opposed than
the previously discussed, as this distinctly shows times of peace versus times of war. Similarly,
topics 12 and 17 dealing with orc battles and valiant warriors riding to war, are opposed as the
two sides of good and evil. From 0.65 and lower the topics along with their scores and opposing
characteristics are as found in the table below. Note here that travelling has low-similarity with
a variety of different topics and it is difficult to locate the reason. It is possible that the terms
in topic 5 are significantly more nature oriented than all the other topic terms which can lead to
low-similarity by default. However there are a couple of topics that pair with travelling that show

oppositions and are highlighted in Table 6.
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Table 6: Low-similarity topic pairs with threshold 0.65 or lower

Opposing Themes Topic Pairs with Scores
5&0 ...... 0.62
Travelling and Merrymaking S5&1 ...... 0.61
5&I11 ..... 0.65
5&12 ..... 0.62
Travelling and 5&15 ... 0.54
5&16 ..... 0.62
6&9 ...... 0.62
. 6&14 ..... 0.56
Resting and War 6&15 ..... 0.65
6&16 ..... 0.56
. 0&10 ..... 0.63
Danger and Healing 10&14 ..... 0.64
11&14 ..... 0.62
Frodo(Hobbits) and Men 11&16..... 0.60
11&17 ..... 0.62
T&12 ..... 0.52
Ores and Men 12&14 ..... 0.56

12&16 ..... 0.62
12&17 ..... 0.65

Note: Travelling and Merrymaking’s respective score
and topics are marked with blue. Travelling and
Healing’s are marked with purple.

4. Discussion

This section evaluates the reliability and limitations of the methods used to extract and measure
oppositions in The Lord of the Rings. Rather than using the topics as thematic representations,
the analysis assesses whether topic-modelling combined with semantic vector similarity can serve
as an effective means for identifying binary structures. The subsections that follow are organized
around broad thematic clusters—not to showcase oppositions directly, but to examine how well
these methods capture meaningful groupings and separations within the text. These reflections aim
to determine whether the patterns observed can be trusted as indicators of semantic opposition or
merely statistical noise. This critical approach is particularly important given the interpretive risks
of applying unsupervised machine learning methods to literary texts, where meaning is deeply

context-bound and not always aligned with statistical patterns.

4.1. Exploring Topics Dealing with Hobbits and Men

In his legendarium Tolkien has created a variety of different races with their own cultures and
intricacies (History of Middle-Earth: The peoples of Middle-Earth (Tolkien, 1996)). In this paper
I touch upon three of them: Men, Hobbits and Ents. Starting with the case of Hobbits and Men

in Table 6, it can be observed that topics that deal with Frodo (the main character) are opposed to
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Men. Now, Men in the Lord of the Rings and Tolkien’s legendarium while they physiologically
correspond to the average human, their culture does not correspond in the same way. Tolkien’s
influece from Anglo-Saxon romances and the Classics is projected onto his depiction of Men—
heroic, valiant and kingly, yet easily corrupted (Fimi, 2008; Ferndndez Camacho, 2023). Hobbits
on the other hand represent an idealised and non-technological England (Weidner, 2002; Turner,
2014; Letters 230). Turner (2014) further states:

Hobbits are stolidly unheroic, but they have a streak of deep-seated courage which
enables them to take on responsibilities greater than their physical stature would sug-
gest, allowing them to lead the modern reader into contact with traditional heroic

attitudes and situations which might otherwise seem completely alien.

This is can be also observed in the language the two races use when they speak. Figure 6 below
is taken from the Digital Tolkien Project, an online scholarly source that provides a plethora of
different quantitative information on Tolkien’s works. This particular figure is a rug plot of where
each not-contraction occurs in the three volumes of the Lord of the Rings, separated by chapters.
Hobbits appear consistently from the start of the Fellowship of the Ring (henceforth FotR) until
its end, however as the narratives break from there onwards there is a very noticeable difference
in the usage of not-contractions whenever Hobbits appear. In the Two Towers the contractions
appear from chapter 3 to 5 and from 9 to 11 when two of our four Hobbits—Merry and Pippin—
appear. The chapters before and in between only deal with Men, and have 0 not-contractions.
Following chapter 11, the narrative shifts to only Frodo and Sam—our other two Hobbits—and
Sméagol—a creature that used to be a Hobbit. For the remainder of the Two Towers (henceforth
TT) we follow these three characters’ journey. An interesting point of note here is in chapters 16
to 18, as they encounter Men and the frequency of the contractions becomes much lower as it is
visible by the amount of occurrences. In the Return of the King (henceforth RotK) for the first
10 chapters where Merry and Pippin appear, the contractions are much sparser as the characters
are separated and meet again in chapter 8 and the contractions increase. Again Hobbits appear in
chapters 11 to 14, and from chapter 16 to the end. This stylistic difference further supports the
opposed topics of Table 6, with evidence that is usually part of stopword removal and not included

in the topic-modelling process.

The Fellowship of the Ring
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The Return of the King
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Figure 6: Not-contractions throughout the Lord of the Rings as taken from The Digital Tolkien
Project’s Glossary
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To add to this, topic 11 that particularly deals with Frodo’s journey (TT chapters: 12-21 and
RotK chapters: 11-19), and is opposed to topics that deal with Men, has one more dimension of
opposition within it that is irrelevant to style. Frodo’s quest objective is to destroy the One Ring.
He proves to be resilient against the corruption of the One Ring in contrast to Men that throughout
the history of Tolkien’s legendarium were easily influenced by it, and failed in its destruction.
Now, a knowledgeable reader of the work might argue with me here, that Frodo in the end did
not actually succeed in destroying the Ring, but it was rather, a coincidence, or the result of his
pity for Sméagol that led to the destruction of the Ring. To which, I agree, yet even though this
is indeed the case, Frodo withstanding the will of the Ring up until the last moment, while other

characters fail (Boromir), showcase the opposition in resilience between them.

4.2. Lexical Distances in Similar and Opposing Topic Pairs

A part of this overall study is to also identify binary oppositions at a lexical level. In this
subsection I examine the relationship of terms in opposed and similar topics. While I cannot
examine every single pair in this paper, I select two from each. The goal of this examination is to
evaluate if terms semantically follow their topic distances, by showing opposing words.

Starting from high-similarity topic pairs, we have the topic pair of 1 and 2 also seen in Table
5 dealing with Hobbits. Topic 1 that deals with Hobbits and Merrymaking contains terms like:
bithday, supper, food, good, party, eat. This topic is mostly respresented by chapters at the start of
the work (see Table 4) and is classified as positive. On the other hand, Topic 2 is only represented
by chapter 61 (or RotK 18) the Scouring of the Shire. This topic as briefly discussed in section 3., is
negatively classified. The interesting point between these two topics is that they portray departure
(topic 1) and return (topic 2) of the Hobbits from and to the Shire. There is an opposition that
appears here, as when the Hobbits leave the Shire, they leave it in a peacefull state, untainted by
the evils of the world, yet when they return back the find it in the exact opposite state. The high-
similarity appearing here can be attributed to the fact that both topics deal with Hobbits containing
relatively similar vocabulary, and as discussed in the previous subsection language and style are
changed. Taking a closer look at the terms in Figure 7 below, the term ‘weapons’ in Topic 2 is
opposed or dissimilar to most of the words in Topic 1, especially words like ‘hobbits’ and ‘good’.
From an evaluating standpoint this shows that the Word2Vec model functions well in measuring
semantic distances. Similarly, other words, like ‘village’ and ‘hobbiton’ show high-similarity
which is also to be expected. A few key points can be concluded here, high-similarity can mean
similar or semantically close themes, but it can also lead to opposing ones which questions the

primary argument that low-similarity means oppositions.
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Word Similarities Between Topic 1 & Topic 2
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Figure 7: Top 15 term distances of topics 1 and 2 with similarity score of 0.95

Continuing to another high-similarity pair, topic 9 and 14 (Figure 8). Now topics 9 and 14 both
deal with Men, but again we have a negative and a positive one. Topic 9 labeled Gondor and
Steward, is most represented by chapters 50 (Rotk: 7) the Pyre of Denethor and 47 the Siege of
Gondor (Rotk: 4). As briefly introduced in section 3., topic 9 deals heavily with negative concepts
like death, suicide and war. This is visible in terms like: ‘burn’, ‘death’, ‘steward’ and ‘city’.
Topic 14 on the other hand labeled Love and Healing, deals precisely with these two concepts and
it can be seen in the terms: ‘healing’, ‘lady’, ‘lord’, ‘care’. Topic 14 is mostly represented by
chapter 58 (RotK 15) the Steward and the King and chapter 51 (RotK 8) the Houses of Healing.
Both topics connect to the character of Faramir. In the documents included in topic 9 he is nearly
killed by his father in a moment of despair before killing himself, and in the documents included
in topic 14 he is healed, falls in love and takes his father’s place as steward when the city is healed.
This case, is very similar to the one above, high-similarity topics leading to opposing themes. The
high-similarity that arises in this topic pair again could be attributed to similar vocabulary and
register. Of course, it can also be said that, both topics deal with Faramir and Men in general and

thus they are similar. However, the more nuanced analysis would suggest otherwise.
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Word Similarities Between Topic 9 & Topic 14
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Figure 8: Top 15 term distances of topics 9 and 14 with similarity score of 0.96

Moving on to low-similatity topics, I first examine topics 11 and 14 (Figure 9). Topic 11 deals
with Hobbits, but particularly Frodo’s quest to destroy the Ring. The most representantive chapters
are 33 (TT: 12) the Taming of Sméagol and 34 (TT: 13) the Passage of the Marshes. Frodo’s
quest is that of suffering, physical and more importantly psychological, and as such this topic is
classified as negative. However, the terms do not so clearly express this. The terms ‘precious’ and
‘master’ relate to Frodo’s relationship with Sméagol, but the rest are not that easily distinguished.
Nevertheless, there is a clear opposition between these two topics. Topic 14, as discussed above,
deals with healing and characters being able to mend their physical and psychological wounds.
Frodo even after the quest was done and the Ring destroyed, could not be psychologically healed.
The trauma induced by the Ring was too much, as opposed to Faramir or other characters being
healed in the documents that represent topic 14 (Eowyn and Merry). The overall discussion of
Frodo or Hobbits being opposed to Men as above, is still applicable in this case, however if we look
at isolated instances we can delve deeper into specific oppositions that appear through measuring
similarity. Yet, and this is an issue that arises when looking at the relationship between terms, as
can be observed by the heatmap below, the terms are not opposed with each other, nor are they
similar. They are vastly irrelevant, especially the cases where cosine similarity is the lowest: felt
and house, felt and city, head and war. The words ‘hobbits’ and ‘lord’ do show the opposition

discussed above, but this is not the norm of the relationship between the terms.
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Word Similarities Between Topic 11 & Topic 14
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Figure 9: Top 15 term distances of topics 11 and 14 with similarity score of 0.62

Finally, the last pair I examine is topics 7 and 12. Topic 7 deals predominantly with Ents. They
are sentient trees that shepherd the forests and guard them. There has been extensive research on
Tolkien’s portrayal of nature and his personal love for it (Saguaro & Thacker, 2013; Curry, n.d.;
Tolkien, 2022), with this in mind as well as the context of the topic itself I classified it as positive.
The most representative documents for this topic are in chapters 26 (TT: 4) Treebeard and 27 (TT:
5) the White Rider. Trees and nature in general in the Lord of the Rings suffer and is easily affected
by evil forces like orcs, as they cut trees for war which very well opposes topic 12. Topic 12 deals
with orc battles, with most representative chapters being 54 (RotK: 11) the Tower of Cirth Ungol,
34 (TT: 13) the Passage of the Marshes and 17 (FotR: 17) the Bridge of Khazad-Diim. All three
of the chapters mentioned deal with battles or armies, orcs and evil forces—Ringwraiths, goblins,
Balrogs. Now, taking a closer look at the term distances a similar pattern as the previous topic
pair can be observed. Terms with very low-similarity scores are irrelevant, e.g. ‘trees’ and ‘cried’,
or ‘heard’ and ‘sword’. The terms overall seem to have almost no semantic relevance either, yet

nature versus evil is part of Tolkien’s major oppositions in the Lord of the Rings.
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Word Similarities Between Topic 7 & Topic 12
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Figure 10: Top 15 term distances of topics 7 and 12 with similarity score of 0.52

There are two major points that can be concluded from the above examinations. First, oppo-
sitions can be found in both ends of the spectrum. Highly similar topics (as were grouped in 3.)
score high-similarity because they are indeed similar, i.e. Hobbits being in the Shire (topics 1,2
and 3). However, oppositions can be found in high-similarity topic pairs. The difference from the
oppositions of low-similarity pairs, is that these oppositions are found within the same concepts—
positive Hobbits and negative Hobbits. Whereas in low-similarity pairs, it is about two separate
concepts that are opposed by default—trauma and healing. Measuring inter-topic distance through
Tolkien’s Word2Vec model seems to be providing significant insight into these conceptual rela-
tions. However, distance on a lexical level cannot be measured well with this method as of this
moment. Secondly, Tolkien’s Word2Vec model can also catch differences in style even when the
style appears more pronounced in words that are by default in stopwords, which further solidifies

its usability in identifying thematic oppositions.

5. Conclusion

This study presented a primary quantitative method for identifying binary oppositions in the
Lord of the Rings, exploring how they contribute to the work’s structural and thematic rhythm.
By creating a Tolkien-specific Word2 Vec model and combining it with BERTopic topic-modelling
technique, I was able to identify distinct thematic oppositions, such as healing and trauma, as well

as more subtle oppositions within Tolkien’s narrative. The model, trained exclusively on Tolkien’s
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texts, enabled a deeper semantic alignment, revealing patterns that non-literary models could not
capture.

The integration with BERTopic allowed for a detailed examination of inter-topic distances,
showcasing that binary oppositions do not always appear through low-similarity scores. In fact,
high-similarity topic pairs often revealed oppositions within the same theme, for instance positive
and negative situations concerning Hobbits. Additionally, examining low-similarity pairs revealed
more distinct oppositions, such as nature versus war or simple Hobbits against higher Men. These
results suggest that Tolkien’s use of oppositions is intricately woven into both the structure and
semantics of the narrative, and it can be further examined as a form of rhythm.

While the findings offer insight into the possible contextual rhythm of oppositions, this paper
also points to areas for further exploration. Analysing the recurrence and distribution of these
oppositions across other works like the Silmarillion could provide stronger evidence for their role
in Tolkien’s larger legacy. This would help solidify the idea that these thematic oppositions are

not isolated to the Lord of the Rings but are a deliberate stylistic choice in his entire legendarium.
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6. Appendix

Table 7: Top 10 similar words for example words in Tolkien and GloVe Models

Example | Tolkien Model ‘ GloVe Model

gleam ...................ol.L O.77) | air ..o (0.78)

bright ............... ... ...... (0.75) | lights ..., (0.76)

SEAT .. (0.75) | heavy ..., (0.75)

dimmed ....................... (0.75) | lighter ........................ (0.75)

light shine ......................... (0.74) | surface ........................ (0.75)
pale ... (0.74) | display ..., (0.75)

sunlight ....................... (0.73) | bright ......................... (0.75)

shining ........................ (0.72) | visible .............. ... ... (0.74)

brighter ....................... (071) | ground ............. ... ........ (0.74)

visible ... ... O0.71) | color oo (0.73)

finger ......... ...l (0.71) [ 1IngS v (0.89)

ruling ... i (0.69) | hanging ....................... (0.69)

T2 101 ¢o) s R (0.69) | triangle ....................... (0.69)

burden ........................ (0.67) | gate ......covviiiiiieiiinnn... (0.68)

i wield ....... ... . L 0.64) | sword ............ . il (0.68)
T8 weight (0.62) | Wire «ovovoooee (0.67)
chain ......................... (0.62) | hidden ........................ (0.66)

stroke ....... ... (0.62) |mask ...................... (0.66)

dreadful ....................... (0.62) |inside .............. . ... (0.65)

ENEMY . ovvvveeeennnnn. (0.62) |IntO ..ovviviii (0.65)

finished ....................... (0.96) | democratic .................... (0.88)

bag-end ....................... (0.96) | opposition ..................... (0.88)

arrived ... (0.96) | parties ............ccoiiiiiin.. (0.84)

attention ................0.0.0.... (0.94) | coalition ...................... (0.83)

polite ............... ...l (093) |leader .............ccoviiiii.. (0.83)

party .

week ... (093) |election ............coviun.... (0.83)

CAEN .. .vitt et (0.93) | candidate ..................... (0.83)

1= (0.93) | elections ...............ccn.... (0.82)

actually .............. ... (0.92) | socialist ....................... (0.82)
important ..................... (0.92) | liberal ...............ccouinn. (0.81)
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Table 8: Top 10 similar words for example words in Tolkien and GloVe Models

Example | Tolkien Model ‘ GloVe Model
suffer .......... ... (0.97) | destroying ..................... (0.84)
perish .............. .. ... ... (0.96) | destruction .................... (0.82)
attempt . ... (0.96) | protect ........ovviiiiii. (0.78)
fulfilment ..................... (0.95) | terrorists ..............ciin.... (0.76)
abide ......... ...l (0.95) | enemies ....................... (0.76)
destroy )
restrain ....................... 0.95) |rid ... (0.75)
VENZEANCE ..o oevveeeennnnnn.. (0.95) |invade ........................ (0.75)
rule ... (095 | Kill ...ovviiiii (0.74)
fulfilled ............. ... ... ... (0.95) | s€I1Z€ .ovvvveiiiiii 0.74)
achieved ...................... (0.95) | dismantle ..................... (0.73)
betray .......cooviiiiiia, (0.96) | ultimate ....................... 0.77)
folly ... (096) | dream .........ccoviiiiinnnnn. (0.76)
release .............. ..., (0.96) | destiny .........cccvvvvnnnn... 0.73)
test e (096) | dreams ...............couuinn. 0.71)
desires ..........oiiiiiiiiia... (0.96) | survival ..............ooiiiit. (0.69)
quest .
choice ........................ (0.95) | SUCCESS . .vvviieeeiiiiae (0.69)
VAN .. (0.95) | pursuit ..., (0.69)
fulfilled ..................ooot. (095) | glory ... (0.69)
doubtless ...................... (0.95) | opportunity .................... (0.68)
nonetheless .................... (0.95) | struggle ...l (0.68)

67



68



Hardy @ Wessex /Nl BT 5 {rizHi &
XxY o778 74E8—-av

==
i =1

RBRFARFABENSCAWTTERE

T 560-0043 SrpifFsILMT 1-8
E-mail: u327503a@ecs.osaka-u.ac.jp

Ho5FL AT, 19HFLA £V ZDIEFR Thomas Hardy D Wessex NIz 38
5 MeEfi) WEHL, 2O XOAEEANOFEZIHO0IIT 5%
HIE 32, DHICEIT 2 RFHEEYEEOEIT 2T, EHAYOME L2 /5
THEERFIETHD, FICERNETIIHO XD ATIHMED D12 WIHHRZ /T
L, VIREBICHBREZ 5 2 215%8 2 R, (LEHIE, SEELRTR TR, HiFED
OIS, BEZEASZ8ICLD, wEPER YOI L2 XD EGEEH -
THfET 2 FBI 2T %,

ARIFFETIE, 14 D Wessex Nt e MRITHE DO 2 — R A 2R L, £ 3 mZHl
ZHIE L7z 208, mE#EF L BEFOHEZ oL, S5 IICHE & EIFE o<
R—V B LT T2, v 727 2—RlOaHETV, >y U —27RHILT S
2T, FEEGAYICE T 2 ERF L AR OFHER OBV EHELL, £h
WEoTHardy D¥ ¥ 77 X574 ¥ = a VFEOFBERFEZHDICTSZ%2H
L7z, SRIIMDIES & DL REE L S S 572 2 RENIFE LB
b,

F—U—F (EH, BEcEFONE, &y by — 27l
¥y 7RI 4 - a v

Reporting Clauses and Their Role in Characterization
in Hardy’s Wessex Novels

Cao Fanghui
Graduate School of Humanities, The University of Osaka

1-8 Machikaneyama-cho, Toyonaka, Osaka, 560-0043 Japan

Abstract This study focuses on the role of reporting clauses in the 19th-century
Wessex novels of Thomas Hardy, aiming to clarify how they contribute to character-
ization. Dialogue in novels not only advances the plot but also serves as a key tool
for expressing the personalities, emotions, and relationships of characters. In partic-
ular, reporting clauses—indicating the speaker and manner of speech—help convey
nuances of tone, attitude, and emotion, allowing readers to grasp the atmosphere of
the conversation beyond what is directly stated. By examining how Hardy uses these
clauses, this study seeks to shed light on his distinctive techniques of characterization
within the fictional world of Wessex.

69



To achieve this, a custom-built corpus of 14 Wessex novels was created. Report-
ing clauses were systematically extracted, and the frequencies of reporting verbs and
adverbs were analyzed. The study then investigated co-occurrence patterns between
verbs and adverbs, followed by a character-based analysis. Additionally, a network
visualization was employed to clarify differences in the use of reporting verbs and
adverbs across major characters, revealing distinctive stylistic tendencies. Through
this multifaceted approach, the study highlights the linguistic strategies underpinning
Hardy’s character portrayals. Future directions include comparative analysis with
other works and advanced sentiment analysis to deepen understanding of speech rep-
resentation in literary texts.

Keywords Reporting Clauses, Verb-Adverb Co-occurrence, Network Visualization,
Characterization

1. FLBHIC

NI BT B REEE, B OMEREPBEGREZHE ITIRA 2 L TEEREEIZR LT
W3, FRCEHR/INTIE, HOXDOAICHEH - 7R dFE ICAlEE 5 2 2r[REErH b,
[ERMNFEDEANC X o TYRBICIE NI b 71263 N5, MERIVEEDHEITICH ST 57250 TR
<, BIGNYOMEMESDEIREEZME T 27D DEBERTFIETH 5, Page (1973: 51) 1%, 7
AU B %01 (dialogue) DEBEMEIZOWTRD & 5 IR TWVW S,

The dialogue in a novel is [...] multifunctional: it can serve to further plot, to develop
character, to describe setting or atmosphere, to present a moral argument or a discussion
on cabbages or kings, or to perform any combination of these purposes.

RAEERE/NIRDED LB ICB W TEELRKZEZRT L T2, Reaahziit L Tothrs
2 Z AR R HRIDE S . ARRTIX, 25 LRl ERIRL, ENZOHFEE AV
%5Z LT, wﬁﬁ%#Ux@@%Tmm%HmWUMOw%ﬂﬂ%$w¢ﬁk Bl 5 =EhEEb
WHEREYT, FIC M 2R 2 BRSNS R 7 $REERETT %,

1L1. EEELE

=i (Reporting Clause) & 1&, fh# (fERICL o TD M), TRDB/NROEHAY)
DREPEEERER27DICHVLNLHIDOZ L TH 2, BHIM (2017: 158) 12 XU, 1
FRITEE L FLBbORESLHEOHFTOH,1 5T, BuzFk L7z CD &R EDEHRI LW
BE, RMEOFEMR L OA WD B, FO LI REHC RIE 252 3%E %
RIFTOPMEERMTH L] VI, mZEH I, MEEXHICBWTEHEERED HZ2 T HIT
bh, @, FE, SEIPREB X UCRFEEBMGENE TN S, BlZI1E, Wessex N 5RXD

XoBIrE TN 5,

“I know hardly any poetry,” he replied mournfully. (Jude the Obscure, Part Fourth AT
SHASTON, V)

Z Z°T, “Iknow hardly any poetry” & 5[HFFCTH £ 72 H87713 he (Jude) DFHFETDH 5, he
replied mournfully BMiEEITH D, replied DMRIEBNEA, mournfully 23BN % (&3 2 ElFFC
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T4 = ay (NYOFRHEDT) oBEMEICOWTHRED FIFTWw L,

1.2. Wessex VR & IE

Wessex /Nt & 1%, TESR Hardy DBIE L 72RO TV 2ty 7 R 28FH LT 5/0N0
BEfET, ZoHEiX, Hardy OB K —t v MNEHFOISA > 275 > REGPESED H R
ZETNALELTED, 1871 05 1897 FFITH T THREI N U ERP ZICEEN 5,
Hardy DIEM T, BRtEZORSR, 2%, 186, ERCOFER BT —<r LTHi»rh,
BN O DESRERESERICHEI NS Z e RETH 5, £z, FEREXFEDTIAIIZ
REEL, HOXDARZ S FTRFFHTITE VT HEG AV OFEMESLERIEN AR RHE N 5,
FRZEEIIC B W T, RFEE ORI EFOMEHZ@EC TREL IR I e h%
{, Hatdy DF ¥ 7 7 X5 A ¥ =2 a Y OFELERT 5 L THERDINRE KRS, 2D
£ 5 R £ D Wessex /N, [RZEHIORERECIXE 2 AT 2 L TRIFO TR & 7z
%, AR TIE, ZhoDIEMICBT 2 InZHOBANZAEZ L, ZO/RZEL T
BHODIZRE2F XY TR IAX—=—a YORBERA TS Z e 2HIES,
2. HARER
2.1. {GEESICOVWTOEITHE

RZENE, VEEFICEB) 2 8@ EE OIRRICB W TR RGN ERTH 5, HARIC
13 he said X° she replied D & 5 \ZHEED T2 R0, ZDORENIHZ 2RI & F 5780,
Leech and Short (2007: 339-241) 1%, 1EZ T. F. Powys DR YIEE The Bucket And The Rope %
77T L, the bucket & the rope DIRZEHIZ HE L 72, Z DFR, ERGEEICH T 2 mEHEH O
BEEZMEL, UFOX (Table 1) D& 5 74Ai R %215 T2 (Leech and Short, 2007: 340),
Z DFER, bucket 121X exclaimed = laughed ¥\ - 7= IR 2 EIFA 2% V6N TWB D
WXL, rope 12l 5 L#ENIR SN W e NiEf S Lz, £72, bucket IF remarked
% observed 1 X o THAH DI & L TOREHGEF S N, rope 1& continued X answered %
BUTVERNRERIZRZLTWS ZeRENTz, T LIAREHIOEWT1T1E, bucket
DEEIHI DD RAF A &, rope DIHE CTHIMER IR MRS & DXL 2 BB 78, PIREICBT
2F%F ¥ 77 X74X - a Y DPMUCERREEZRIZL TV,
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Table 1: DS reporting clause verbs (Leech and Short, 2007: 340)

Verb Bucket Rope
exclaimed 2 0
laughed 1 0
murmured 1 0
asked 2 1
remarked 2 1
observed 4 2
continued 0 2
said 4 8
answered 0 2
replied 1 2
reasoned 1 0
suggested 1 0
Total 19 18

—7J5C, Semino and Short (2004) 1%, 2 — 2 ZEHWTHEDE X SHEICBIT 3 HaGER
NE— 2 ZUFERNC O L, RZFFOFEHERZH S L, Hi%a — S I, 72,000
FRDT XA MY 2TV 120 11 (R4 258,348 58) 225/ D, 20 AL O H & S HEDH[E K
BEMRL L TWVWS, ZOa—,RiE, 7u—X -7 427 a3 (Prose fiction : 87,709 78),
Hri#E (Newspaper news reports : 83,603 ), {xic + Hix (Biography and autobiography :
87,036 58) D=DDFEY ¥ VI HFHIN, &2 ¥ Y MIZ 04DV IAngEh s,
Tz, MEIMDEFFD 7 V7 7 Xy MEY X FDIERENTE D, Zh2 DD
T4 rvay, FMEE, (H) GEHEWIZ2o0Y v YA THERT 20 E 300 RENT
Wb, EHIZEY v E Tserious (BEIR) 1 & Tpopular CRZERMNT) ) Wi Eh, 74
7varyBIY (B) BRRBOTE—AR - ZAMFL—ra ORI ERBEI LTV,
Semino and Short (2004) DIFZELX, TNHDIHZEL T, KXET F R MBI 5 FHbE
IREAREHIOFHANF ¥ 77 X 74— a YOVEEREICMIETHERHL L, FiE
TERIIFE DM 2 TN BE LTI AED T b1 5,

22. Wessex WD F ¥ SV 2F14E—2 3 VIZOVWTDOFRITHE

Hardy @ Wessex NaitBf (f9l] © The Return of the Native, Tess of the d’Urbervilles, Jude the
Obscure) 1%, ZRZEDHITTH2> Wessex #FEH & L, HA A, A, Eame HH
BERz Vo243 2 2 8 THIS NS, Windle (1906), Lea (1925), Hawkins(1983) 7%
YO, NN S M Y B D Wessex HIlE & DX EBIRICERZENT WS,
F¥ T RITAL =Y a yOGHITBWTE, DI G2 HEE ORI E R 2 BV
9E3Z < (] © Weber, 1965), BUMKIE, & D DIHREHD XS5 I 70k L RVDEFE
BIRDR 72 THENL, ZhFETIELALERINT IR o7z, 1ERD Hardy 55T, )
eSS FE L E 72 D HEEER T O B RERVRF U IRRANC R 2 Y TRMIUIIRE
HTHoTzo LA L, BHANYOMMELEGRERR, LIXUIXNGEZE L TRbEIHIREH
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5, F, IREENCHE T 2 BEPEIFI O, HiE O NVRMRICIERE 2 KX ATl
Md b,

PED LS HEREZEER, AL TIIEROERNMFEOERZREE & LoD, (REHIC
THULREN - BNZEEH I Z1T5 28T, Wessex NaiicBII 5 F ¥ 77 X —iEEB
K UFED QWG DI H - 2R 2R T 2 Z e 2 HWE T %,

3. HREM

ARFED HIIX, Hardy @ Wessex /NiiC B B ZHiOMHEREZHL ML, F0H
BEHNYOMEHBEICED XIS ICHFE G L TWA0E0liT2 2 Ths, BRI, miE
fioHHE, HHXN (B EMRlEOREE, SHE, HEEICEH L, Hardy O AYHEE
DFEE TR OEINRIFT 2,

4. HRERAE

1871 -2 & 1897 T THIRR X 4172 14 D Wessex /NfidD 7L — > T F 2 b 7 — XIZ,
Project Gutenberg! 2> 5 AF Lz, mEMie ¥ ¥ 77274 €YY a Y ORBREDIN T 212H
2o T, NRDORLZDSDEFTIET—RE LTIRWIZ We, SEGAYIOFEGEHITNT
LTCENZIERZ A 720 XEGEBRT DIFRRUT T 1X, Text Encoding Initiative (TED) DA A K
TANHDWEDTH B, BIRIICIE, SFEEICOWT IFELF), HEF) 255
NN & FECHAAAL ETHIBIL, TEI X 7Tk L7z, b7 — X DIERENES
KPR E D — B R AR T 2729, TRIEEE HE D FEETITY, ChatGPT 213U
YLEALY — VUM Loz, Z DEFIIHEE/ N ONETE, hd & M EToH,
X7 DEMELADEEDIRLTH Y, BHICO21EEL ko7,

TEI % 7 %3 % Z T, /NatORFEEBZ A D HIHMEICIXRITZ 27213 T <L, KE
N EDNYORFEZEML TV E2E WS IFERS T —X e LTHIETE %2, 2D X512,
AL CED 7z TEVXML 7 7 4 W, NRERFEE D A BNT, MiHD D 57— Xk -o
leEZoN3, T—XEEZ =%, Python 227V 7+ ZHWT XML f#ffi 2170, 7—%
EHH LU CTEMONEEML 72, BRI, ZRZRDHEFECOVTEELTE, MEF, &
EE, BXOBHEFOAREZIR LT &t koT,

DIRTIX, KD T —XEEXB LI UDHOERT v 1oV TidR 2, 31%, 14 it
D Wessex /Nt D 3 — SR 2T 2 (B 5 Hi), X, [REHOSIMCERZYTS (56
i), mONC, mEHZHE L, SEEFECEFOBEZ Zzh e T5 (G561 HiLH
6.2 ffi), HWT, B EFOHELZFHEL (F 63, o2, ¥+ 7277 —hlonth
2175 (58 6.4 1),

https://gutenberg.org/
https://tei-c.org/release/doc/tei-p5-doc/en/html/index.html
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5. O—/NRIBE

—

Table 2: 14 fl#D Wessex NRDEEHT—4

Year  Wessex Novels Abbr. Tokens Types TTR STTR

1 1871  Desperate Remedies DR 141,388 11,220 0.08 0.46
2 1872  Under the Greenwood Tree UtGT 57,236 6,981 0.12 0.46
3 1873 A Pair of Blue Eyes PoBE 130,745 11,328 0.09 0.46
4 1874  Far from the Madding Crowd FftMC 137,802 12,041  0.09 0.45
5 1876  The Hand of Ethelberta HoE 141,777 11,525 0.08 0.46
6 1878  The Return of the Native RotN 142,151 10,769  0.08 0.44
7 1880  The Trumpet-Major ™ 113,626 10,054 0.09 0.46
8 1881 A Laodicean L 138,846 11,427 0.08 0.46
9 1882 Two on a Tower ToaT 94,254 9,373 0.10 0.46
10 1886  The Mayor of Casterbridge MoC 116,321 10,781  0.09 0.45
11 1887  The Woodlanders W 135,930 11,114 0.08 0.45
12 1891  Tess of the d’Urbervilles TotD 149,685 12,862 0.09 0.45
13 1895  Jude the Obscure JtO 145,238 11,355 0.08 0.44
14 1897  The Well-Beloved WB 62,797 7,373  0.12 0.46

Table 2 1%, AL THE L /za— R RIZEEN S Wessex Nt T — X OMETH %, 1871
FED 0 1897 FITHIT THIT X Nz 14 B %Z TEIERICHER L TR 7 F L, a— 2%
|72, Year] DFNIE/NROPIREZRLTWS, %72, [Abbr.| (Abbreviations : B&FR) @
TR E NN DIEFRE, Hardy FFFEICB W TRERBINTEDTH %, Tokens)
(FeFERD DB 63 X512, Ka— Rk N7 EmD AT 11 FREUL EEB LT
BY, MBI 5 TRBIGET 5. —H, ROEOMEME 1872 FFHITD Under the Greenwood
Tree THDH, K16 TFETH b, IO 41EMZ TN TRHL, EEHEHED TELZHEILL TX
I I EITo72b D%, KD T —RX—2¥ L7z, [TTR] (Type-Token Ratio) ¥ [STTR |
(Standardized Type-Token Ratio) DN/ NHFER D ZRIEZ R L TW b, BEDK Z 1T U,
HHINZEEPEETDHD, (FROBREENSVI E2EKT 5, [TTR) 13 Type £
(B2 DFER) & Token B (RRFEXD) OEIGZRLTEBD, fEMORE (BFER) ko T
RKESELAENZ 729, EMECEBESRER BT 2B, BRI - TORVWESR,
ZDHIFNIME T T 5, [Tokens) (FRFEED THH % & 51, ROWEMEEWERTIX, 3
BITH3MEDZED D 270, T TR BEHEL LTIRRT 212D %, Hiid [STTRY
i, 10007EH 7D DEZDFEHERLTVED, TXNTOIEMT 0.44~0.46 DHEIPFHICINE -
TED, fEETRERERIA SN LRI, 2N LD, Hardy O XURIFFEREZEEIZE WL
T—EDHAZRLTED, MFHORIITKFE FRERMHILE LTV 2 ATREMED R X
N3,
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6. EEMDSF
Table 3: Wessex NiRICH 1T D EBZAYDOGES ICERIN385E &R (B1)

Novel Speaker Listener Verb Adverb
1871_DR Cytherea Owen said sadly
1871_DR Cytherea Owen - -
1871_DR Owen Cytherea - -
1871_DR Cytherea Owen - -
1871_DR Owen Cytherea added gloomily
1871_DR Owen Cytherea - -
1871_DR Cytherea Owen - -
1871_DR Owen Cytherea continued —
1871_DR Owen Cytherea - -
1871_DR Cytherea Owen said firmly
1872_UtGT  Mrs Dewy Penny - -
1872_UtGT  Penny Mrs Dewy - -
1872_UtGT  Mrs Dewy Penny - -
1872_UtGT  Penny Mrs Dewy - -
1872_UtGT  Mrs Dewy Jimmy inquired -
1873_PoBE  Robert Stephen - -
1873_PoBE  Stephen Robert repeated mechanically
1873_PoBE  Stephen Robert - -
1873_PoBE  Robert Stephen - -
1874_FftMC  Bathsheba Gabriel answered -
1874_FftMC  Bathsheba Gabriel - -
1874_FftMC  Gabriel Bathsheba murmured —
1876_HoE Christopher Ethelberta resumed cheerfully
1876_HoE Christopher Ethelberta - -
1876_HoE Ethelberta Christopher - -
1876_HoE Lady Petherwin  Ethelberta said -
1876_HoE Lady Petherwin  Ethelberta - -
1876_HoE Ethelberta Lady Petherwin exclaimed innocently
1876_HoE Ethelberta Lady Petherwin - -

Table 3 1%, Hardy @ Wessex /N> & EFRITHIH U 7 mZ8hE & 2 U TRE 3 2 BIFR o
HBZ R L7z DTH 5, ROBITICIE, #ELF (ISpeaker)), BIZF ([Listener)), {#FH
SN EE ([Verb)), B XUZ OB ZEHI S 2RI ([Adverb)) 2GRS TV 3,
Novel) DFNIX, ZNZND/NGD THIRE_BEFR) O TieE X TW5, Wessex /)y
FlE 141D 203, MRET 2 TN TO/PFHITHBIT 5005 Z & DInES)E 3 X CRElEE D
AEHEE —DORIHEINIRS 2 L IFHIEMTIE R WD, I TEEEMDP LD
OB ZHEL, RENLREHE LTIRRL TV, #EE LHNITE 2720 EE BT,
/NEEHCEE U CHLANL 2 EEER T 2 B EANICHLD B, 2D KD I—H0 T — X AL
DETRZERT 2 28T, AAKITBIT 2T — X DRERRILRTEIC DOV TEKINTIRT
W TED, B, Table 313, £7 — X DMETHIHASLHE i 2R D TIIRL, H
CETHNICHWE 7= X DXL NEZ#HHT 27200 —fITH %,

Bl Z1X, 1871 4E®D Desperate Remedies (1871_DR) TiX, Cytherea 2% Owen {ZXf L C said
sadly (ZEUFIZE o72), Owen 23 Cytherea {Z®f LT added gloomily (BEEEIZAHIINZ 72)
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Vo REDPHWSLNT WS, £z, 1873 4D A Pair of Blue Eyes (1873_PoBE) T3,
Stephen %3 Robert \2%f L T repeated mechanically (BEPNCAED IR L72) CfiEINTW5,
Zhs DElEE, EHAYORERPRFEOFHRzME T 2%E 2R LTEBY, 5BO7D
TR DEIZONWTHEREIT,

MVerb) B TAdverb) #2% T—) TIREINTWVWAEGEIE, ZYTEERBDVFHRINT
WA, ThbE, MEFMEHIR TRV EZRLTWS, NROFTIE, $XXTOD
IR L TB—, HFEEDPED XIS o2 EEHTHET 2 0 F I 7L, LU
SIHFOATAA 2 \IB BGEICE>TidzhUL) ORFENEEINE, ZD10,
EEEFFE X CEFPHRINZVT — 2L L A2V, REFHIFA IR TWRVWES
T, TR K> THIEENEL D -2 Z e IIREND 20, T L b ZEEHL T 24
B3, ZD7=®, Verb) B X TAdverb) 23 -] (ZEHH) & 72 2 &/ NRNICZ <
FIES %, ZORIDVWTIE, MHERALEROD 25 H I o CIHBEL LT VWTH A
5o ARIFFETIX, DT —X%ZHWT, Hardy @ Wessex /NICIBIET 288 — V&5
T,

6.1. ZEENFADIEE R

said
continued
replied
cried
murmured . e shouted
eeeeeee o whispered
aded gasped asked
exclaimed argued o “Stammered concluded
sked nprpeetoee o
o L e e e A A1 R R A roares & shrieke
& whispered
g wnspers answered -
> returne expostulated ;
resumed - implofed d Q
observed murmurea =
remarked persisted insisted
peated ° f_{
thought O
inquired thOUght Yrox
pleaded 2
joinedd B entretes declared ¥ U
poke ed ><
0 500 1000 1500 2000 2500 3000 3500 4000 4500 8 eadaechoed Q
Frequency explained s repeated = Pleadedy posed

Fig. 1: EIFADFEREES Vx> (EAL2058) Fig. 2: $IFADOEET—KI 5K
(ZBHR)

2Dt T > a rTIX, Wessex /NI B ZEBFICOWT, %27 (Fig. 1) £V —
K272 F (Fig. 2) o _fEHOHE A E@E LT, ST 2 mEFFEOEME T %,
Fig. 1IR3 Z 71%, B 20 DIZHEEOHBBHE Z R L TW\Wd, mdZfEHS
NTVEDE said (§53) WO HFEERTEANLREEFTH Y, EFNICZNZ 22D
M3, RN continued, replied, cried 7% ¥ DEJFN K HHNATWS Z & DR TE 5,
continued (Fil} %) IRFHED AT 2HBE T, replied GRET 2) 3R ITEZDIE, cried
(EE - PLEALR) BB RHEFTEOBRICZHEIN S, 206 08FEIE, BHAYORIED
MARRERBUC BV TEHELRZEZRLZ L TWDE Ze2bd 5,

5 NS T MRERE R A (] said) THW32Y, AR TEAROMEE -, HAGERIIRHZ R &
VWEIE (Bl Eo/ > F5) TH—T %,
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Fig. 2 1%, mEHFOHEIIGC THBORZIIZEZTAFLL7dbDTH %, Fig. 2
DY — K759 Fd, FHEEOHBBEEICHE SOV TER I TWE 728, Fig. 1 X FREDMHE
MR TEN S, FHZ, said 3D HIDFTERRSNATED, HELTWE Z TN
WCbhbh b, £z, murmured (DXL ), whispered (ZXXL), exclaimed (JXHET %) 72
Y, REORIGPRIEOIAD T2 RTHFANZ FFNTVWE ZEPRETDH 5, /Datics
WX, BUZ TGEF) 20 TRLE, EDXIEEL TR D0 (RIE - O#f) 28R 5 RHD
ZRCEA SN TWE Z e Dbh 5, Fig. 1 LIZEALD, Fig. 2 T, Z0 14 ESHICES
T 5 TOREHFHHINERIN TV S, LA 20FEREIREDDOLFTRINTVEN, Th
DA OEG S 5N THEIISC TRREXNTE D, &bl 101 55238 ihﬂ\éo TIho,

Wessex /NI B 2 ZERAO ZHME, OWTid Hardy OFEROEE I ZEH VWIS Z A3
TZX 5%,

6.2. EEHBFRZEMHT SEFEDEES

quickly
gently
hastily
eeeeee tly
quietly warml dd
suddenly u l e t l y agerly y $ l{vlm‘y gmﬂyl y
bitterly soothing
presently ,_>f
5 2o q JJJJJJ C yg
5 evasively) fre
3 blandly +
2 cheerfully blandly"' Chesr’lflu y o arer -‘0:0
firmly BWY, vn; 8
drily
soothingly Ty tl indifferen +
tenderly gravely p r e Sen YZ;L‘.”{JZ
thoughtfully {mee T sternly
warmly z 7’ ; il e
mournfully - :{ 3 =
musingly J’ omil drll uskily 2
0 10 20 30 40 t l
e ency bltterlyea rnes Yot

Fig. 3: BIFADEREES »* 4 (LfiI2058) Fig 4 BIFHOEET—KRISUR
(£FEXR)

RIZ, AcZEICB T 2 EEIEMOMHICOWTHE T 5, 2Ot r > a »Tld, HibicH
W 5B REER 2 B3 2 BIFE O EHMEE 2 703 %, Fig. 313, bHEBICHEHEINS
BIFAD LA 203E%# R LT d DT, Fig. 413, 2RI FHE A ZHRINIR LY —
K229 FTH%,

%9, Fig. 30 TRFOMHHSEE S > x> 27 (E12058) ) Z RTA XS, #Hl (Frequency)
PO 5 KD, FED 40 B2 2 2EFIIFEE T, Fig LIRS NIHENILAN, (5
AN BV TRE CElEDHE DR LA SN2 EBIID RN e b, &b, HlEEHFEER
WAREFFAZ B L TV 20 5200, AXFOERMZ =20 O L L THE %
Toletzd, MROMEZEWEE R 5, BlFOHEHIZAF 308 FEICNG, 2D 5 BHE 1
Db DA 1655k &P EZ DT\, HE LM OREFE UTI,, quickly (7<) %
gently (BL <), hastily (B\NT), earnestly (BRINZ), quietly (FED12), suddenly (Z29R)
REBRETFoNE, Zhoid, BHAYORFEDOERS LM, & LFORKIER b— > Z kil
WRHATAHREZRLZLTWEEEZILNS,
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RIZ, Fig. 4 DU =R 2759 FIZEHT %, BHHT2EENZERZLSKREINTED, 2
R EmA 2 R EANCHEIETE %5, 22T, quickly, gently, hastily &\ - =Bl D3
Hiib, 5618, warmly (&5 <), blandly (4 k), cheerfully (FFxUZ) L\ o 7i&lE%
AT BEFRDOZ IR TE S, ZOV—F27 7Y N2, At 308 FBORGENTNTE
ENTED, FHT -Iy THRO ZEFR IR VEE, R T XENREEIZEEATY
% RUXTEHIIET %,

ZDaMh e, BHANYIOFREICZE, [mZEHE] L &b Ik REFI HAGDEINS Z
T, BIERHELTD= 27 Y APEPIIRISN TV Zeplorinof, FHT, &L
FOREPHFORE - M 2R TRFAIHEICHOONTVWD ZEDEETDH 5,

6.3. EIFEMDHIES R

ZDt T aryTl, mEdE L RFEiOHE M (Collocation Analysis) 12DV TaEk
S %, 220 M) 13, Wessex /Natic B\ TEIS AYIDFEE§ 2 B X 2 (s
Yy, FhEREMTIEEFO HHARDYE DI TH3, NtNDFIEETICBWVT,
FEEOBE L BFAN D X5 WCHET 200EHOE2ICT 5 Z 2T, BGANYMOFGE X —
YORMEEERET 2 2 2 HNE LTV 5,

Fig. 5%, Wessex Nt DIRZHNC BT 2 BFA-RRAOHLEZ R LI NT N F v — b (FF e
BlFEzn 2 B 20584 TH B, N7 NLF v — b (Bubble Chart) 21X, 57— DKM
PREANCRBE T 280X (Scatter Plot) O—FTH 5, #FDOEAMAN (HEffoTr—&
ZRT) LIEERY, TROBEREREEEANTLOKEI LB TREAT 2, ZOF v —
kT, M REFE RS 2 EIE (Adverb), FEENCEIZ AV OFEIHE DN B EE
B (Verb) ZEEL, ZHZNOMAEDOEDHEE AT L () OREXOTRLT
W2, [ARKEVIZY, 208 RFOMHAGOEIHEICESR T2 L 2EH®T %, @
BHERRLTED, HENBWEERL, BNMIEEFELRREINS,

NTNF v — b efWa 2T, BHAVORKGED LD X5 REF L FOMASDET
KHHEN2 02 —HTIETZ 2, FFEOHFENED X5 RERERLTHELTO=2T7 YA L
HIHFON TV I EHREICZ 2 DICEH L2 HIETH %,

4 ORISR LT — 22, EEEE SR 101 35, BIFEN 308 BEEN TV S, TRTORT DL
BEREHEL T 2 LAHERMENE RS 2720, KORHMEEZERST 2 HIWT, HEOEWVIEIZ, mEFICHEN
ARG LA 20 FE Y, ZRERBHETT 2 EIF LA 20 FBE RSOOSR E L,
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quickly 4
gently A
hastily A
earnestly A
quietly 1
suddenly 1
bitterly
presently A
sadly 1
slowly 1
blandly
cheerfully 1
firmly 1
drily 1
soothingly A
mournfully
musingly
tenderly
thoughtfully 1
warmly A

o--o--Q-®
®

]
®

Adverb

Frequency

{00e00000000000000000

Fig. 5: BhA-RIRARENTIFr—b (LEHI2058

NITNF v —1bF (Fig. 5) 25, WO DBEIKRW AKX - PR TE S, £, said
(B92) o, &dZ < oalEE HE LA 20 0FlFE2T) eHEELTED, K
quickly (FRF.<) 12500, gently (BEL <) :2418], hastily (AWT) 24 [\], 72 ¥ HEEIC
b Tnad, 2L, —RIRFEEHGF L LT said BERRZFETIRIN 2RI T 272012
IR FHENTWE Z e PERREEZ N5,

—J7 T, continued (il} %), replied GRET %), answered (EZ %), added (TFNZ
%) B DREEOTMNERTEGENE, earnestly (BRNZ), saidly GELIFIZ), blandly (%%
&), firmly (Lo2b &), gently BL L) LWL oRBESKIELZME T 2RI HEL T
BY, RO —UREXKZHEICT 2 7-0IfbhTwnw5,

¥7z, cried (W3« PLEMLR), exclaimed (RS %) 72 Y IRIERH OB OWEIFNE, bitterly
UL - W& LK), suddenly (Z258) LW o 72RIEDE L IR MEERTHEE » X It
35, ZhI, RIGOMEZEHT2ERDNDLEZON 5,

X 512, murmured (D550 L), whispered (X X)) ¥z X 5 A4 A= RO 72
HEEEEY, ZOF v — b6, ZNEIECTOARX =R N5, BIEX thoughtfully
(BUEEHRL) L, #HEIXDRRIECHNENREBE L RIAST 21%E0DH 5, £EF X bitterly
(L - #HA LK), quickly GRREL) tHELTHED, MR FNLVEECLEREZ M S
BiERL TV,

iz, (EEHGEFEEROREDIEZ 5, B2, observed (FEHT 2) 1, gently (BEL
), quietly (§#22), blandly (K42 k) L, BB ELZMHLREEZIZAS L

79



MNEWV, ZO XS, HEFLEFIOHEE X -2 20, SHEANEDO LS b —rRKIFL
EBICHOWSLNTWEDAHAINS, ZAUTX D, NILOH TREDREEFLS D X
IR= a7 Y AEF o THEHLATW B DDDEFENU LD - T2,

OIS H S, BIHANYOFEGEICIE, FEOBEE L EFOMHAEDEN D SIEER
FoTWVWd I Doz, FIC, i LFORKIERLHKIE DM E RILT 572912, BN
B TW2 Z e iR E Lz,

6.4. AMRIDIEE S (BHISH) — Tess of the d’Urbervilles & HIIZ—

Kz, TFEEG AV CAGEEF OBRICOWTHAT 2, 2ot 2r s arTid, REME
Tess of the d’Urbervilles ZHIZ, /NHICES S 2 FEAVIDOFHEEITH W & N 2 {GEEE O
HEaM3 5, BHANWZic, X5 REEFFNFDLATHLI20EHE(TEZ L
T, TNTNDF ¥ 77 R—DFEFEARXANLRHAEHLPICT 22 2HMNE T 5,

Fig. 6 1%, FEEHAYITH % [Tess), Angel), [Alec] D3 NZEX5IZ, FEEERHIZHEH
ENZEEFFDOL Y T =T ZRLTW5, ZOKTIE, 3 NDOFGHEIE DI 2 (EHE
B, TNZENERLE 2B THEL TS, Tess X7, Angel IXFH, Alec lZHEMBTRIN, HH
DANYNHLE T 2EFNIESE (VL —RY) TRREND, ¥, /—FOREIE, &
XX IR —DZOHEE COREMFHLZ2EZRLTWS, 3y N7 —27DOHLENCH 5
BF 2R E, AUCEBINTWAIHED ) — F3 A4 ZXIER LT TH 3, 2, LD
BFAN—ELMEH I TORWEDTH S, ZO1y N —ZI3HERZID D, BHAY
CAREEF ORGS0 Z 2 RIRLT 2 DITEALD,

Z D 3 NHDFHEHEDOBRITEBICMHEH L 7 mZEFEFE oM L 2 O, Table4 1T DT
Hb, HENPORDZ Y, WHEEANNTH S Tess DFEFEIZIE, 1ER Hardy 5 & D 2R AnE
FEzHOTWa Z b d, ZHEFEANROLHEZBEFANA LD HHIICHEL TV
Z XX, Hardy fEFNICBI}S 1723 =222 OFENIKMINTVEEF R 5,

7
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Speaker / Verb Usage

Tess
inquired expressed Angel
Alec
obsgpved Tess+Alec
Angel+Alec
Tess+Angel+Alec
shrieked
stammered rem@arked retorted
asked
. . Angel
implored replied continued resumed
insisted
said
murmured — Tess cfied Alec
gasped .
added exclaimed
pleaded answered,i<hered swgre
entreated
declared ted
deprecated retdined repore
coaxed
adniitted
Fig. 6: TEEZAY EREEFAD R Y M7 — 7 ARIE
Table 4: Tess, Angel, Alec &{RZEENE
Tess Angel Alec
No. Verb Japanese Count | No. Verb Japanese Count | No. Verb Japanese Count
1 said Bl 51 1 said Bl 60| 1 said Bl 23
2 cried LITENEA=1!IBN 12| 2 continued ¢lF % 5| 2 continued #tl} % 5
3 answered &Z % 11| 3 cried LIVS-NERIVA-3UT N 3| 3 resumed FHHT 2 4
4 murmured .55 11| 4 added fFWZ 3 2| 4 added fTWINZ 3 3
5 pleaded ZRFHT 2 4| 5 asked Z=hDd 2| 5 cried LITS-NERITA-1!EN 3
6 replied RET S 4| 6 whispered & X% 2| 6 answered & X % 2
7 asked 3 3| 7 exclaimed /XEES % 1| 7 replied RET? 2
8 continued #ElY % 3| 8 expressed RIAT S 1| 8 asked ZFhd 1
9 remarked RN 3 3| 9 inquired =43 1| 9 declared EE73 % 1
10 added fHImz % 2| 10 observed fEHET 2 1| 10 exclaimed /&B 5 3 1
11 declared EET 5 2| 11 replied EET2 1| 11 insisted B8 FIRT 2 1
12 whispered X X% < 2| 12 resumed RT3 1| 12 remarked 7R3 1
13 admitted FR® % 1| 13 retorted SVNET 1| 13 repeated ##DiRT 1
14 coaxed R7E®H D 1 14 retorted FWVIRT 1
15 deprecated FF#3 % 1 15 returned X3 1
16 entreated ZBFHT % 1 16 swore DDL3 1
17 exclaimed /&B3 % 1 17 whispered & X5 < 1
18 gasped ko L BEHTL 1
19 implored MEFHS 2 1
20 resumed FHHT 2 1
21 returned K3 1
22 shrieked <BYIDE%Z EIF3 1
23 stammered [1Z% DR HF S 1

IholE, v bv—2K (Fig. 6) LHEER (Tabled) =S

Lh o, NVIHIOR
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EHNT 2 S HIZEHIICITY, FEBAYIOFREEIC BT 2 (sEEhER O HEANIC O W TEA
T 5, 72720, said (§2), cried (MW « DEEMR), answered (EZ5), replied GRES
%), asked (F43%), continued (}il} %) 7 ¥ OIREARPNRIZZEER RN, FEANY - k%
fbH3, Fr 7 7&x—REIHBLTEOATWSE LD, ZITREINLZRANHE L&
WZteds, Z2ORbDIZ, 3 ANZNZIUREIZEENCERT %,

3, ZWHEFENR Tess 233 28ENCIE, 3R  NRERRGE) <353
DVZLEENTVWS, BEAKIIZIE, pleaded GBRFES %), entreated GBFRS %), implored
(BEFES %) R DOYIEZFZ 2RI, gasped (1Z- L BE2HL), shricked (YD
# EiF3), stammered (IATHHRNEED) REDBWRERE X LR ITHEGH, X511
murmured (D5 ) ¥ \W\Wo 2§ FEEE R TENEC, coaxed (72729 3), deprecated
CE#t3 2) WV o BRAENR ARG 28N E (MRS5S, Z4UT LD, Tess 23
VIREOH CHREEZIRBUCER L, LIXUIREWEIEZ - TR L, RIS EINTVn5S
ZEIREE NS,

—7, BUHEFEANLRD—ANTH 2 Angel 1, HIFTHERZRFEG D2V, expressed (FH
3 5%), observed (#1555 %), inquired (%) L\Wolz, KEN - UM AT EL RS
N2 A FHEINTVWS, 2L, Angel DFGENLLEINISEH L OHAINTH S Z L &K
MLTWwWbdeEZILNS, LaL, HOIRRIIRIEEZBDICTEGHNH 5, Tess IZLERS
&2 DBEIXMENDS, cried (LA - PLEALR) WV o 7RIEHNR AR DR TZ %, £/,
retorted (§\VRT) b 1[EMEH XN, e ZNRGHIP—EHEEN TS Z e ngHh
%o ZDEKIIZ, Angel IFEFRIIMFHIHGT T 503, FFEOKRNTIIRIEEL RN T 2 —H D
FroZ ehmAlNns,

b~ NDBEUEFEANRNTH S Alec 1, HCOFTRMTIEFIN - SXECHIRFERE ) D32 WEM
W2H %, insisted (7L FIRT 2), repeated (#DIRT) R OHFEHLNTED, Alec 23
HEIH L THCORRZEB UM AN S DR 5. FTz, swore (B33 HEZE
NTEY, WEBWE BN RFETZITO ZIIREINTWVS, X BIZ, retorted (EWViR
) b Alec DEFHITMHEONTED, MW RGHIZRH 2 ZeDBbhr b, ZDEXIIZ, Alec
DFFHZB U DZHFE DS, HOFX ¥ 77 X —pHCFIRIHEL, HFIINLTH
PTOBREH LI D, FAIQXERBER» OB NGEZ1TS ZePHLE Ko T,

IHORERZEZ X D IAMEICEM T2 2, DIFO XS RitsmsEx X5, Tess IXEEATR
RN <, B Z R SHIFNmZENBHBICHO SN TV S, Angel [ZBEkD DA
72 FEEEDHULT, BISSERICE T 2 ZEEn 2 (S5, —F, AlecidHCER
DR <, R - XN RFEFEIFEINTH 5, ERIVNRZTIALZTEICE 2T, b
= ANOMMZE, HHINAEZEHFD» SFLSLEDVBE2A XA =J—HT2DTIERVESS
Mo DI EME, MEEFAINGICBIT X ¥ 77 X—HEIZBWT, WrlIlZEEREE]
ERIZLTOE020, ZIhbisitid,

5

“Now, damn it—TI’ll break both our necks!” swore her capriciously passionate companion. “So you can go from
your word like that, you young witch, can you?” (7ess of the d’Urbervilles, Phase the First: The Maiden, VIII) Z
AUX, Alec (her capriciously passionate companion) 3 Tess 1205 2 FHili CHL T B > /G TH %, swore
EWVIFEE TES) LWIBEKRDH DA, TITIR TES) OBEKRICYTIEE S, ZOMREHFICL->T
Alec DR DE S BFHEICHIRO T 5N 5,
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7. FEHELSEDERE

AL TIE, Wessex /NIZ BT 2 B ANV DFHFEICH W & N2 (mZ8E & lFE 0 o 2
TV, T XS EERMRZE,

F3, Wessex Nl BT 2 28 B L QR OEE () 2PHo»xe D, 1FX
Hardy 2% v 5 7 & — OFEFERIC BT 2 DB EIC B WT, #ffllo 1 nwRE ), Lo
CRERBERNZAL TV RSN, k7, mEEE L OMASDEZ T
52T, BHEANYORBERHE LTDO=a 7 YABED XS IIRBHINL TV L0255
W2 U7ze BIZAX, cried \X bitterly, exclaimed VX suddenly ¥ \» - 7z8lG & HiE 52 Z & 1%
<, BRERHMOBOEEFIIEEOML SRR Z RTEF e HEICHAGDINZZ
DHER S NIz —FT, BIERNC & DL observed i3, gently, quietly, blandly 72 ¥,
BRI E 72 N a2 BB 2 R 3 RlE & e 3 2 a8V, Zhic kb, BB AYORFED
Fins, 1mEENCB T 2EENC K o THRANICKM N TWS Z e bifEsiI N, 61T,
EHANY T & DREFFEOMEREANIIIAEZE VDD D, v 7 7 X — Ok RRMED
A RANIIKMEINT WD Z DAL E R o T, FHT, Tess IFRERFEFTENZ <,
Angel IXHIH - IBERRFEFEDHLTDH D, Alec \FIRFI » SKECHIZRFFEDZ N E D30 D >
T2 2D XD, EEHFADERZE LT, BHAY DS FRGTER X A VDTG X
NTVWD Z PRI NT,

AT, fmEEhEE e BEA O 2@ U TEB A O R 2 — 2V 2L T LT3,
SROEBRBIBIFENT T, UTORENEZ SN 5, (1) /N & DL © ARFFE
TlX, RFRAE Tess of the d’Urbervilles % NI T AT o 723, D Wessex /Nl b [FIERD
AR SN2 S D E BT 5 2 8T, EROXXESLIER T & DFGFE X — > DiE
WEHHLPICT 2REDRD 5, (2) & DFEMREIE M | (ZEEE L AlFR oM A& bR 720
TR, XREZEBLZEEGEN (KT 47 - 2H T4 T7O0ERY) 275282 T, ¥
BNV OFGEC BT 2 BIEN LR Z K DFFICIER 52 2 TE 5, 3) BEHBAYORG
e FEREOBEE - SIS AYIE L OBk (o - 8% - KIERY) DRFEA XA NMED X
IFHELEBZ T30 %0 $5 28T, VeEBOMEZ X DR HRST 2 Z & 20RE
%%, (4 RENZLD M - VIREOEITICHEY, BHANVORER XA NN ED X SI1TE
t5200%2METLILT, Fv 77 X—ORESLHENELZ XD BHMEICHETE 2,

PLED ko512, AFKTIE, DB 2 R8FHERHZ EEBNICOT L, BHAOHER
VREDO BB LD X S5 ICEFHBICRIIN TV 200 2HL ML, S5, ifERE D
g, K EERBEI MDD 2 Z T, XA EMORGERIUCHET 22 52 5AEE
82 ZeifFEn b,
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