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Knowledge Graph Analysis of Japanese Literary Texts Using
GraphRAG: A Case Study of Edogawa Ranpo’s

“The Murder on D-Slope”

Chenwen Huang

Graduate School of Humanities, The University of Osaka
1-8 Machikaneyama-cho, Toyonaka, Osaka, 560-0043 Japan

Abstract  This study applies GraphRAG, a retrieval-augmented generation method
proposed by Microsoft in 2024, to Japanese literary texts and examines its effectiveness in
supporting textual interpretation through response generation and the visualization of
knowledge structures. While conventional RAG relies on referencing unstructured external
documents for generation, it faces limitations in capturing complex contexts such as
interpersonal relationships and causal structures. In contrast, GraphRAG integrates
knowledge graphs to structurally visualize the relationships between entities and generate
contextually coherent responses.

In this research, Edogawa Ranpo’s short story The Case of the Murder on D. Hill is used



as a case study. Two types of queries—one targeting thematic understanding and the other
aiming at identifying the perpetrator—are analyzed using GraphRAG-generated responses.
Furthermore, the resulting knowledge graphs are visualized using Gephi and Neo4j to
explore character relationships, structural centrality, and causal connections through
network-based representations.

The results indicate that GraphRAG successfully generates semantically coherent
responses in Japanese literary contexts and demonstrates high utility in supporting narrative
interpretation through structural visualization.

Keywords GraphRAG, Network Visualization, Narrative Structure

1. ARER

AR, KBS EEE TV OFREE., ARSHELUEOZIICKREREF 26 L T0w5, H
T, MBEIERA (Retrieval-Augmented Generation, RAG) 1, BT 7V IINBIEHRIR %2 Z
M2 ET, XDIEMETRICEL 72REPXEOERZARICT 2 FiEL L QEHE
NTWw3, RAG F, ETILDHANIER L ARSI A2, IR0 ERR R 2 A d bt
%2 LT, =Y =D LEIN O FRISHIE T 288122 T 5,

—JiT. RAG O7 70 —F 23w 220 bR I T 5, Ko, HARED X ) I
SCERETE DMEMECEIE PR S DS W EIBICE W TIE, RAG AR T 3 1% D SCIRFEAR 12 R
WR 6N S, £/, RAG FHICIEMEN L F¥ 2 X ¥ FRRICKFEL TE D, Mo hg
& 2\ IFESUREAEDO RN L Tld, BEEHRO@EY) 2 RS SINEE & 7 28558035 %,

29 LEEROH T, 2024 4EIC Microsoft 2320 L 72 "GraphRAGy &\ ) Fifca 7 7’1 —
FHEHZHED TV 5, GraphRAG 1, RAG ICAG YT 7 #8EG L B B FETH D,
BHE 72 SRR D SHE N DHFF S T 5,

AW TlE. 2D GraphRAG % HAFEH: 7 ¥ A MM T 258A L LT, ILHIEHO
Fafm NGl TD IDBANFMy ZNRIC, 2O FEE R ZWEET 5, BAERICIZ, Python
Z M7z GraphRAG 74 77 VICE D TXF A M6y T4 74 Y L—vavyaziifil,
Z DfER % Gephi % Neodj THEAL - 9T % 2 &C. Hak 7 7 DR L RITZ1T9 .

ARED HIIZ., GraphRAG 23 HARZE ST ¥ A M LT EDFEAMNIHEEE T 2 D% 5
AES A ETH Y. FIRHCHE L SEOICHTTREIEIC DL THEREMZ 22 L Th 5, K
Al O HAGENIR D5 % FfE 2. #EUERZ ) AN ERE T VORI BB ZE S 2
EW, AMEDERTH S,
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2.1 RAG (Retrieval-Augmented Generation)
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L., 20 2inic X O SURICEI L 72 IEMER XCEZ R TE 5 RH 5,
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P IS D3 8 Lo,

ZDXHIT, RAG ITIFEOFIRME & HHMEDH 27T, TR, 2 OBRMED T
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DX 9 7% RAG DIRAZ T % 7212, Microsoft 1 2024 4£IC GraphRAG  (Graph-based
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R E X AR OBBRITEH T 25D TH %,

GraphRAG D7 70 —F 13, KEL A VT v I/ A72—R, L 72 ) 72— DD
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EDZv T4 T4 LZOBRMEEZMMIL, AGRT 7 7 2 WS 5, ColfTld, /—FEx
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3.2 GraphRAG D% & 6B
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XNV 77 T = ZHENCERT 7DV, / — FIEOHEE * v b7 — 78,
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HEOHEL X ZEIHL T\ 5,
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IR & HAEDOSRICE U 2 ARIBIGR E A S EHE 27 — =T, R LFED T, e Fh, 2 LThRA
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O IC G Z AR B LTVWET,
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HARRTOFMAPH L LG T 2 BAFHE % &, HAME L ED T —< b Ak FLA, ThHD
HIRSHIE, RSN RPN 2R, MEOREZH S o L, BHECEHN 2R 2R L T
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6. ILFEEMLMTHEE

IEREENTHE DT — < SEETT, B, HH, BREEDPRA 2 EEICHS % 2 LT, IERDER
PUTRDIEN L BRI SN T E T,
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Co/NGUE, JUIR & A AFIBEGR, DBEEIIHOR, thaE & E, 2 L TIEREENTHIS Lo
LT D5 T —< 2B T, HICHECAZZRML X, 2T hoT—<2Aaa0, VRS,
BEZMATHET,

GraphRAG 1, i T ¥ A M 2 #EZ BV L, 22 rUcBIE T 2 IR
Wak b R EMNMT 28T BOEAEEZR L, £ )b, HAEICE U 2 MiRkiNie
B HRIER IS L Th ~EDRBETREKZIEZ . ZhE2WHRNAESEL L THMBL T
WA RITRFEREICET 2, 7, T—<ROHELD bEYNGAINTE Y, ALY 7 7 DS
IZ&k > THK M EY 7 HOBRMELHEN L ORI NS 2 LT, fEMICNET 28
M RRREE 2 X D IHEICRECTE 2 X I Ik > T,

4.2 BAICBET B O0—-HILIV TR
Kz, TRAZLLEDFHETT 2?25 £ ) FIWIChT 2 GraphRAG DJEE %2 BT 5,

1. BAZLL-DIZHED?

BAZRL 7D, BEDOTEANTY, HiEYEEOhThLi sl 2] LTE ), WD %z
PAELTHLALTVET,

2. JHEDOFEADOEKE

JHEOT AL, BERY T4 AP ELTHiPNTED, BRAFZL L LD TV ET, RIZTENZ
BRI @HZ2EDAZBEOZ 2L TEY., ZOHTEHREORTEZEMNTZ D EINTVET
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3. fToEEE: FO

JEDOTEANE, ¥ — LD~y K EOBRzRE, @R AHRRoT el fT2iTo7 L3N T
WET, HOTENEEHENTH D | AL R T 20 ke 2 FREZHBU O R T, B2, BEOAL v F
ZEAELU TR ZERI X)L, HF2{E0 CGGEilZFZ 9 & L7 D L TwE § [Data: Entities
(93); Relationships (102, 128, 130)],

4, fhDBIHAY & DB

BPATHZHEDO TN, HEEL L OBICHEEL -7 L SNBMFRE2E>TVE L, HEZIZN
ANEFABED ETREINLTRERERS ). ZONPWEOEM S 28 L T\ % 7 [Data: Entities (91);
Relationships (100)], %7z, HEIRAOEEEZGE L. HOOMIEEIHL XH L L T0E 925, 2
YREOBIERE E® 5 FE L > T\ ¥ T [Data: Relationships (39)].

5. G

D EofEHe» 6, BAZLL 2O RBBEDOENTH S 2 LHGTY, ofTEIe AMBIR, 2L T
SO TAEDE 2 BN E UTRIE T 2 8A & 72> T\ % 7 [Data: Entities (93); Relationships (102, 127,
128, 130, 129)],
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1"source”: "\";AZE\"", "target": "\"=R\"","weight":1,"description”:"\"&®RII, EZE[LHFLLINOFEAICET D& E}-i’d.’iﬂeljlx.?s']'
{"source":"\"&EXEBDEA\"", "target" :"\"FEALHE\"", "weight":1,"description":"\"EZEDE AIFEAL
{"source":"\"HBZEDEA\"", "target":" " tweight":1,"description":"\"EEIFEEDEAICK
{"source":"\"HEZXEBDEA\"", "target":"\"HE\"", "weight":1,"description":"\"EZXEDEAZBAEH LLZ L

{"source":" klﬂﬂﬁ‘ﬁr ", "target":"\".LEAE\"", "weight":1,"description":" klﬁlﬂﬁ‘ﬁliLﬂa—m%éb‘a\f&c\ﬂ%{tl\_buf
{"source":" " target "\"F 28 \"", "weight":1,"description" :"\"Fa /X [ERFADER [ - BIJ) CBIBETEFvS50%
{"source":"\"7R Mim\" R weight":1,"description™:" c

{"source" < ' ok 'weight":1,"description 7 g R LT b - R=2x VM) IS
{"source' K " N\"LITF b s R=2 2 M\"", "weight":1," ipti K—LXE VST h - R=2z Y
{"source":" . "IM\"BEDEA\"", "weight":1,"description" :"\"EIBEDEADSBZAETHDLEZ TS, \"", "text_
{"source":" ", "target":"\"FZAJFE\"", "weight":1,"description" :"\"JBEDEAIRARZILLALLEDNTIVS, \"", "te
{"source":" " "target":"\"(@EAZMHEYLB\"", "weight":1,"description":"\"IEEDEAIITRHEE I HICEHREEVEE
{"source":" ", "target":"\"H— REN\"","weight":1,"description":"\"fBEMEA is connected to H— KMl through
{"source":" " "target":"\"&DwYyk\"", "weight":1,"description":"\"JBEDEA discovered ZMDTY v next
{"source":" " "target":"\"HEEDOHMBE\"", "weight":1,"description":"\"IEEDEA and HEEDHE both have sa
{"source":"\"&HEAEZDOME\"", "target" :"\"JBEDHE\"", "weight":2,"description" :"HEEDHE LEEDMEIL. HICESZEEFS. A

B 1 : GraphRAG £ DBEFRT—% ( TEEDEA. ICEET k)

GraphRAG &, Hli&k 77 7 LICHET 227474 (BEOFEAN) & 2o BiTo
k. 178, b & OBILR) Z2RAIICIE A SXh O RIEEE 2 HPICEHIH T 288 1 2R L e,
LITRE NS L) WED TN TR (B6R 127)  MEFT 2450 7253, (BIFR 128) |

o=y dy B 130) Lo EBOBREZEL THEINTE D, 2o DFEHRIZ
WD TZRR T 2EHELFNN) Lk>TWw 5,
7oL 203, BfR 128 ICB W THEDO EA L TEFRZ R 7202 725, & L Chidid
SNTEH, TNIWEENTOTE) GEILEER) LR onTwb, 7, Bk 130 T
o=y vk L OF BRGNS X 1, INE & g o Hilliz IR 288 z 7 ARBIfR
PELN DS, I HIKHEHTRELDIE, 2h o @B@hﬂ)ﬁ%?é@’@ﬂiﬂjé N7 FH X
(description) & HLICEIBRINT VLR TH S, 7L 21X, BIfR 127 12id THEOFAZBA
%%mLk&ﬁmeméj&mvﬁﬁ#%ménfﬁb\%7w®Mﬁ#$&6%EWUV
71859 BRW - BBHRNEEZROLDOTH L I L br 5

D X912, GraphRAG IFTEHRD R T FVERIEKIED RAG & 135740 | AakoME L
HASHEAEZ HAaBDE 5 2 LT, WRENOKRIEBIR 2 ARBI R o 5 g S % 1 12 32
25 EDARETH S,

4.3 Gephi IC&K 287 5 7 DHAEL

GraphRAG IZ X > CTHEIER S N AGR Y 7 712, WRENOEG Y., Fth, Gk %/
—FELTHRL, 2o BRItz =y P THIS Ry b7 —7REEZ IR L Tw %, AfiT
I%. GraphRAG D)1 7 7 4 )L summarized graph.graphml %\ >CT, 4 — 7>V — 2 D[l
Y —)b Gephi 1T & ) Z DfgiE 2 $5AL L WRERER O BWRIRGE & S AN oL tEZ2 51T L
72,
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J—R @ v mE ©/-RoBm ®2o0Em iRFER T R7Ly Ry—hofoR—k T F-TLoTIR—k ¥ rEEsE v PR %4 Source v ¢
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=l "BAENEER" fRIE 0 1.0 9d2599ceccf6bb0605264... "BIE/NALERIZ A T...

" A" "ERE i) 1 1.0 9d2599ceccibbb0605264... " HAER (& EHFE DM

" EE" "IN Eanl 2 1.0 0a67a2a52a278f058bc54... */VHHHHIZEIE EREFF DS ...

"B "FARIU—LE" Eaol 3 1.0 0a67a2a52a278f058bc! —LEODE...

"B "RE" o) 4 1.0 dob B 5 REOHRT

"B = ol 5 1.0 2deB680aaf61df4fef4695... "BIFNRD B THIEHIC...

"EAR" "EAENRRE i) 6 1.0 ... BRI .

"EAR" "EAROLE" Eanl 7 10 5087820ed0a133f7f07f2f... ‘amgm;u%uazsg 5

"EEE BE = 8 1.0 7db73f4b538496abed46... "HABRDEF IS, F3l...

TEAE" Eaol 9 1.0 0fa5352cff2dcdedb4d03...

"EEE ol 10 1.0 0fa5352cfi2dcde3b4d03...

"ERE fR1E 1 1.0 0fa5352cff2dcdedb4d03...

"ERE SR 12 1.0 d73dbf62d07eed1bazce... *

AR ) 13 2.0 22905(85062ab20a7bf57...

"EAE" Eanl 14 20 2524343b4bdc7144dee

TEAE" Eaol 15 1.0 2524343b4bdc7144deed...

TEAE" ol 16 1.0 2524343b4bdc7144deedt... "HARRETEOBIC...

"HAE ] 17 1.0 144deedf... *EA

"HRENRR" SR 18 1.0 5087820ed0a133(7f07f2f... "BAE/NEEBE HAED.

RN =P 19 1.0 ab4147228cbec0f7e2819... "BHE/NEMBOMEIC ...

"EARINERR" Eanl 20 1.0 60cf32de4124458012fe! BAE/NEEBIZ B OF

"HEINEER" Eaol 21 1.0 ©ec3852bc947a5de5ee60... 3

T ol 22 1.0 7db73f4b538496abed46... -

"B E] 23 1.0 b40GITIB098aBCCO1BRNCh... * BHIEFOT ZMICIL.

"EAEOBHE A" SR 24 1.0 597b7c6aafce981987526... T &b ICHHFICEH'

A" = 2 1.0 06136b019dd8d50a2971... "AIFE—EBOIER Fi...

BB Eanl 26 1.0 7d79c947d7c51cc0lecd... "BARIZAEE—EBOE...

"em'a 5" Eaol) 27 1.0 7d79c947d7c51cc0lecd... " i by (SAETE—ER...

. ) 28 3.0 16330e454412109412447... BBE LA (D F) 3t
) 29 20 a21be91eb718899cad0b... BAMISFEBERRLIAL. .
i) 30 4.0 BRI, BEOMMER
0] 31 1.0 16583a497(83ab05C0b77... *4 is inquired about, an...
Eaol 32 1.0 185ed1796702b9c66b8! HEHBOBEILRE...

" A" i) 33 1.0 O6elaf124df74781e6881... "BARIFEAD EPEEN ..

"DIROHEH" o) 34 1.0 999d4a2e676d850f 1adec... "BE G DIROBHT ...
k-1 $1 35 1.0 187aab5ed6acacaebdds... ‘BEEEOMRICOW...

H2: TyvI5r—7I

Gephi TlX, A&7 7 72T %/ — FEB Ly P oilifE#Rz2 #EACHlERT 5 2 &
WTESL, Ty 7—7) (¥2) 12iE, Source (Bari/ — F) | Target (f&ri/ —F)
OHE R DOBIR DR X %278 Weight 25508 EINTE D, NS DIEFRVPEEN 2y b7 —
I REMDIERE L e o T,

AT R R=Y TV

f—
B .
g EXPLOE
A Rk
B s DEOHH FE ipmerep, -
e
T £ "RAF
"RYFOER"
s
"R
©) RO LB
'3 AR
iy LU
. R \
o [ BT -
_ju)
e
"REORA v F"

H3:2FxXy hNT—UR

X 3 1%, Gephi lZ X - CHEHLE NS 7 7 &tkoiErs R L Cw3, /—FO¥ A X
. 20/ —FIEHLTw2 2y POBIHBIL TE D, 4 XK Z0IZEL S ORIFEL
ZO)—FEHPLEAL TV ZL2EBKT S, ., Ty PDKRE (weight) (ZBIRDIE
JEZR L, ROfZ EBREREETH 2 L 2L LTw3, /— FotizABR SN2
FAZICHIGLTED, 2y P 7—=2HNDOY 7 a3 27 4 EEZHEBENICIETE 2, X3
TRHZEH SN A DX, THf TR, ME%, TIA, THEOFEAN) LwvoZ/ — )
Fy P =7 ORRABEICELE L TR EoTDVE L EREEEH L TCW L ETH S,
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5,

YiEE O G 2 TP 2 BE A ERTH 5 Z L BEIENIC R T

AAYF

E4:BANEHSBRYNT—0TS57

X, &7 706 TPAL BT R —FEhLE LTl - ER LAY 75 7T
Db, TOR»BIE, LA THE, TEZ, UMUE, THEoOTA, THEH, B
BED)—FLERINTHEZ kﬁ%w?§\%KME@%AﬁiE&%%/—P&LT
BENTEh, YWEBEHPTRAL L TRHOLNSSICH D 2 EDPEEINICORBEIN TS,

DX A7 7 7 onlik, E%;&r#%b@ﬁﬁ%ﬁi@ﬁf%@uﬁzm
W AR O BIRIE D IR EEL YRR IC B 1) 2 ARG L 2 BRI IR T 2 9 2 TR THA)
THH, TOYINALATBIT 20N FEE LTRELRWREEZEL T 5,

=

SOoEm M RFER T R7LY RY— DA VR— B F—TLOTIZAR— N 3 EREME v TN Id v 9
1d Label Interval source_id description type
"EEE " EEE 0a67a2a52a278f058bc549afd58d8ec6,... EIMHFIE, BARDBRTULH >/iB... "ORGANIZATION"
"EER AR 0fa5352cff2dcdeabad031769e079911,2... HARIE, FHAFELIIBATHD ... "ORGANIZATION"
"ARINERR" Ri-gisa 5087820ed0a1337f0712fa02867692f,60... BAR/NEEBIE, EARHIEBH THAD... "PERSON"
"EREOKE" "EEEORE" 5087820ed0a133{7f0712fa928e7e92f "EREROXFEIFHENERBOLHEIRT... "PERSON"
BF EF 7db73f4b538496abed466872adaebedf,... [EF i, BPIROMTIHFMBLMSN... "GEO"
"AR" "hA" 7db73f4b538496abed466872adaebedl  “AA. HOKD DM SROMED ... "EVENT'
"EAROBHS A" "HAROBBE A" & A IFBBBAREH, H... "PERSON'
"BROBHS A" "BEOBBE A" hbELBELTHED, ... "PERSON"
AR AR B . BIEE— B BERTHD... "PERSON'
AR -4 S E SBAMDBH T, "GEO"
e "HE" 0O6e1af124df74781e6881254c0cc7bea,... AL MEOBBAMTH D, “H.. "PERSON"
EN ES 0fa5352cff2dcde3bad031769e079911,1... "By &, WERAU < SLOEHT. "PERSON"
"Rk " gkt 7d79¢94; " TR by BREE—BONHT, fEd.. "EVENT"
R R 0fa5352cff2dcdedbad031769e079911  “HRIAIDIBTEMIRT 2HENERFDAY... "PERSON"
k4 k3 0fa5352cff2dcdedbad031769e079911,1... #id, MAFHDFLANTHD. ... "PERSON"
AR AR 0Ofa5352cff2dcdedbad031769e079911  "ARIHIBEARTHREUEHTHD... "EVENT"
"ER VER 59b3ab19ecdd0299acedbedeb5d830d... BHRIL, EWOREEITSHEMTT . "ORGANIZATION"
B wE BTHATNBLIET... "PERSON"
" ZEREOROR" ' ZEYRORDRE" . EOIELTH.. "GEO"
"RRE "RRE 1bdbabofa5f332081d1b26233ded3ci0  "REEM. &< D ANLMMORY... "GEO"
Kl e 1bdbabofa5f332081d1b26233dod3cl0  “FEBIE. EROEHD IC, EOMOY... "EVENT'
S S 0b9a792b952c3ac13a3(93ch68C1e996,1... ' IFBHICBONIHBEETHD... "PERSON"
KD RO 0b9a792b95203acf3a3f93cb6BCIeI9 KN FHICH D, ERAMBABLMS... "GEO"
3 "R 009a792b952c3acf3a3{93ch68Ce996  "RISHF—ET. —ADLAEKREN... "GEO"
" EEFOLINE" " LB ORI d73dbf62d07ee41bd2ceadBactleb77c  * EEFDIUNEIR. BEA K < HBIBA... "GEO"
"REROEHIA" '"BREBEOEWIA" d 7c Al BRICEATH... "PERSON"
R "HFEE" 2524343b4bdc7144dee0f2010744343f ...  "HSEHE) &, FHOBICEEKEDS... "PERSON'
"EAEDEA" REEN-DEIN 3fad50ab5e54124f2dad56aa047b5459,... HAEDEAIG. FHEDORLIEWSA... "PERSON"
"BHEA" "BEEA” b5459 B AT, B... "PERSON"
"KERER" "KERER" 07a2ae0d73e931c94b1877c21dece186... 'KERER, IEREOBRTHD, ... "PERSON"
R A viE 07a2ae0d73¢931c94b1877c21dece186... IS, ERORAEMKIRS nic... "PERSON'
"B @R "RHFOEFR" b54 SORBFTEIS... "ORGANIZATION"
"KERE "KERE" Sfad50abSe541242dad56aad47b5450 " K ERB K!ESEMWE?%:!R "ORGANIZATION"
"B ot 0722260d730931c94b1877c21dece186 SHETHD... "ORG ON!
R 07a2260d73931c94b1877c21dece186 RIS (S RMBEHEHET S1H... "PERSON"
EISREE" 07a2a60d73931c94b1877c21dece186 " FIAFAEKNBIIE%RIBLT SH(E.. "PERSON"

K5:/—

RKF—7IL
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—J. /=F7=7) (¥K5) Tk, %/ —FIZEH 4TSNk type (] : PERSON, GEO,
EVENT)  description (HAFREIC X 23iHH) & EDX S ERPIHERTE 203, TN6DE
PG Z 15 U 72858 Lt A & ni i RET TN % Neodj 12 X 2ERB L DL T
%o

4.3Neo4j Ic & 2HET 5 7 DHEIL

Neodj lZ, 77 7 7 =% ZAFINIKEMN, AIEULT 270D 77 7 77— XR—ZAEFHL AT
LATHY, T4 T4 ) b=y arzBIcHEatIn By d 5 2 L2SHRET
H 5, RFETIE, GraphRAG ST L 77 7 4 V% Neodj I24 Y R—1F L., AEk7 7 7 %)@
HR— 2 THINIRET 5,

Gephi 12X %%y b7 =73 FICBIRMEEDTIEIL L 7 7 A & iRk L T 2 ol xt
L. Neodj TIEH/ — FRY L—vavicftaankglEmzd Lo, 719 X—2TRE
DY 775 7 LR E R T 5 Z L3 CE B, ¥/, Cypher EWEEN D 7 1Y) SEHE
M2 LT BNy —r =y TV VPRIBIBIEORELEZ TH D . SEEFMNOR
RBRCEG A OBREH L o e aHTIcEHTH %,

Node properties ©

neo4j$ MATCH p=()-[r:IN_COMMUNITY]—() RETURN p LIMIT 25

Node properties ©

sAREHENES O

K6 :Neodj IcHFDAZTa =T s18E

X 6 1Z, Neo4j LT IN COMMUNITY VL —>avyZ2HOTHERY 77D a 3 225 4 1
waAh - b L 2 b D Th 5, 2T, BHAPRHEMENED X ) Lty - BEREN &
ITN—=TIBL T2 02T NIHHRET 2 2 L3 TE %,

M, Bz THARZRDICHER SN a2 =T 4 & TS & RFOMAICEHE
T5aia=74) PHERIN, 202D/ — PTG I N7 summary 7087 4 121,
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ZDa 3 227 4 DERERECYEEN TORRBNEHIZAATE TR I N TS, fle L
T, dikEZhLET %3 3 2= 4 IR/ ILE, RiEtE, 2REL EoERyE
EF., VEEOBERRECIATELS &L OBEIEIIIR I T 5,

—H MEZHLETE2H ) —=DDaAZT 22T 4 TlE, T4 A7 Y —LEDPLOFEE PHAEA
ALERDIEHAFL S NTE D FMFOPAE LHIUEEICE T 2 HEFDRFH SN T2, 2D LX)
12, Neodj TlE / — FIZf 5 3472 summary  title 72 EDBEMEERE D LI, Fa o =T
4 DFE D FERE- PRGNV E 2 EENICHEIE 9 2 2 L 23A[HETH D . Gephi TIEFFEI LI WE
RIS 2 2 23S AlRE & 72 5,

Node properties ©

43$ MATCH (n:Person) RETURN n LIMIT 50

neo

zﬁ L -
maen Node properties ©

Graph X

2]

e\ D ey
) 7‘ y § / L c

£

| ¢ e
& N 3
R

B 7: A\¥/—KOBREE

7 1%, Neodj IZEWT Person 7 N)LZ2HKf>/ — FziiiL, LAZHLETIAY v
F7—=2%2FRLIcbDTHS, M7 TR, AL/ — FORLNARAER O, HoEs
NPy (Z5, AT, B4, 7 L) L RDBIREZ A L T3 2 L ETENICHERTE %,

¥, THEOFEAN, ICEHT S E, 2D/ — FiZiX description JEMEE LT IR AH
THY, B ZRT DI Z2E D B0 L2 L T0d ) Lo iR HASEDR
B E-INTw 5, T3UE, GraphRAG 237 ¥ A Mo AVIG /T8 2 gkt L. BERIYIC
fERAlgE e 72 7 7 A L E L THEIEML TWA 2 L 2R LTV 5,

8 13, Neodj IZEWT Geo 7NNVZFKD/ — Nzt L, WEENICEY§ 2 R

(5GP OMEZBIHINCERL72bDTH S, 8Tk, THOM, £ TEO, M, %

EWB—FELTERIN, ZNZNDEEBED L) REG ANV EF LKL Twa
B LI N T 5,

7o 20 THoM,) 1k, Ko RfhricrnIntsh, MELHEEAEDaI2=54, ®

A 28 EDBREZFI > Z LR TE 5, AllloEkEE 2 —loRIns k)i, 2D

/ — FIZiZ description JEMEE LT THEOMIZILAEDLFER I N/ GHrT, BEIHE> T»iz
B &\ o ZHFICB T 25 OREIDEA S T E D | VIREN DOILIEREE 2 22 IRV IS8
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THMME L THAEEL T 5, 2D XIIT, Geo / — FOHEKZMEL T, HEOFAEYITE
SN OITE 2 GIRIICIER 5 2 & T, WEENOZRIN T 7 7 1« TREE R X D SRR
AR FBL ) MR oN 5,

Node properties ©

e __Entity__

<elementl 4:ae0514a1-cdc2-

d> 4709-b54f-
61e314f60fb8:74

<id> 74

descriptio "D FFEAENFR X

n NISHFRT. REHE
B> TWeBE, "

descriptio [0.0007018028409220

n_embedd 278,0.0333396606147

ing 2893,0.033280197530
98488,0.05030681565
403938,-0.0073686200
1940608,0.052606102
07915306,-0.03522269
8003053665,0.006...
Show all]

human_re 42

8 : 3R/ — N DORIREIE

AFfi TR L7 & 912, Neodj 13 GraphRAG I & > TIESE S N Ak 7 2 7 2 *tEE o @tk
R—ATHERT 5 LT, MO THMEFETH S, Fic, /—FPYL—yavitftaansk
type. description, summary &\ 7z X FERZIEN T2 LT, EGAYOKRE., FHFLD
BAMRME, WEEN COZRMIRY 22 ROV 72 & 2 M8 £ CRUC R K Z E23R[RE L k> 72,

5. 8bhic

AWML Tl GraphRAG 271 IELA D &/ NG TD RO HEME0 IHEA L 1R D RAG
TIEHUEDEE L 2> > 7GR - BURIVBIR D MHNIS I L, WEEN D 7 — = TP IL AR E &
Vo ZZIOIZ LT, EOREEE E S AN RIS Z R L7z, £7:. Gephi % Neodj &\ 7 A
by —ntoftick b, I NAHGR T 7 7 OREEZ HENICEE T 2 2 L 30RE & &
0. AR OBRSAETFIE L L oAb HER I L,

F 72, GraphRAG IFHERINICIZ X D ERE T X A MICHEAARETH D, 72 & 2 IXTLHIIEL
HDHES ) — APBUUINGLZ R E L7t B» T, B AYOZELY)REREG O B,
FREOTL & v o - R 2 GRS T 2)EHBHIR SN 5, 207113, BRENRA v
T v 7 AL RS & v o MO RS % OME L 4 5, F 7o, HEBUEWF O
k77 7 Z2lia L, VEBH R 2 W ot 3 2 St SR T~ RE O B I AN S
521259,
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