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Latent Topics in British Classic Fiction:
Using LDA to classify texts into meaningful groups

Tomoji Tabata
Graduate School of Language and Culture, University of Osaka
1-8 Machikaneyama-cho, Toyonaka, Osaka, 560-0043 Japan

Abstract The present study applies Latent Dirichlet Allocation to a corpus of
British classic fiction, the Osaka Reference Corpus for Hlstrorical/Diachronic Stylis-
tics (ORCHIDS) with a view to analyzing latent semantic structures underlying in the
corpus and mapping its constituent texts in the network of words, topics, and texts.
What is of special interest is that by means of this approach it is possible to shed
new light on thematic structures composed by a large number of infrequent words,
which would otherwise escape the net of key-word statistics due to infrequency of
occurrence. Emerging results from this research are expected to lead to a new line of
inquiry into key semantic patterns that characterize Dickens’s semantic style as well
as thematic features of 18th- and 19th-century classic fiction. The results also sug-
gest a possibility of building a bridge between findings from machine learning text



mining and stylistics, distant reading and close reading, with an empirical interplay
of insights that will benefit historical/diachronic stylistics.
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1. Ui
RGP P Ey 7257 Y v 7OREMN 7L 3 Y X L Latent Dirichret Allocation (LDA) 23 KH#
BEXHT— 7 OBFENERBED 2 A = ZJICBAITH 5 2 L 1L T T Blei er al. (2003),
Blei (2012a/b), Fothergrill ef al. (2016) 72 £ k> TRENTE Y, LDA ZIGH L 72302
%% (Rhody, 2012; Weingart and Meeks, 2012; Tangherlini and Leonard, 2013; Goldstone and
Underwood, 2013), 7 7 A %28 (Schmidt, 2012; Jaworska and Nanda, 2016; Térnberg and
Tornberg, 2016), CRHFZE (FHAM, 2017b; Tabata, 2017) ~DJGHD A HEEE E L RAN R I N
TECW3, AFEHERZE L » Digital Humanities I2817 % Yy 7ETULVDINA, a—,3%A
BREPICBT IO ERETRIC oW L, HM (2017b: 3-4) icB W TEL R R L 72,
AR, EEICBO TN v L E LTRE CHEL 72 18-19 Hid 2 RFET 2
R Z IR L 722 —2SZ ORCHIDS % b £ 12, LDA Ik » THEI NP E Yy ZEFILIC
EoTCODBRLIERD I AV ITPBEL DD, $LFEBLRIEY 7B a—RADED &
I M2 E S LIS o2 RT3,

2. d—NRA

SR Y SRR E D 72 D a — 3 A & L TiflRE E 1172 ORCHIDS (Osaka Reference
Corpus for Hlstorical/Diachronic Stylistics) DFERLIZ DT, Tabata (2015) (ZTHEMH 72 Mg
2175 T0BH, HEa— A2 0%, (FmDAWVEZ, 1B, &FlER7 /) 77— av
DHEE N, Wil %77 o7, Appendix 1-3 12 2 — S AUEFDOIEFR—E %R L T2 %, Dickens
R ZIND 724 7" a3 — /8 A (Appendix 1) & WFER7 / T—>avaEl 2l itk s b —
7 v (ROBFICEVWTSNLS) UADEIE v, 18 #Hfd+ 7 2 — /X (Appendix
2) IX, Defoe @ Robinson Crusoe (1719) #>& The Farther Adventures of Robinson Crusoe % 1)
DEEL, M2 L7277 A ML LTHD#& S —77, Eliza Haywood, The Fortunate Foundlings
(1744) 2B L, 326 /EM, b —27 V%03 4,622,929 38 & o7, 19 HEY 7 a—,32
(Appendix 3) 1%, George Eliot DEfTE L < b — 27 Y #D34 7% \> Brother Jacob (1864) % 4}
L, &> TR Ramola \Z A1UE 2, Thackeray DR/ 3 5, The History of Pendennis
(1848-1850), The Newcomes (1854—1855), The Virginians (1857-1859) % Il Z 7= k&R, 34 1B,
b — 27 v #6,655,409 FEICHEM L 7z,

ORCHIDS DK & 72 thi] & LT, TreeTagger' IC X 2 MadliEHR7” / 7 —> a v &L 72,
TreeTagger Tif, FEFET 7 A MG T 23R E LT, FICHASIELESE TAL

L https://www.cis.uni-muenchen.de/~schmid/tools/TreeTagger/ 72 % C5 (BNC) ¥ 7'k v F #{HHAT 320 icig,
https://www.cis.uni-muenchen.de/~schmid/tools/Tree Tagger/data/english-bnc.par.gz £ § 77 v 71— F U 7 E#f
T7ANERRBAL, 7389 =77ANET 74N DD EANBRLNEDLND D,




V> 54T > % Penn Treebank ¥ 7' v k &, BNC (British National Corpus) CHH Z 114>
% CLAWS (Constituent Likelihood Automatic Word-tagging System) ® C5 ¥ 7% » +20D 2 ffl
HOHIHTIRECH 5, ORCHIDS DYGETIZH 75T, KBEHKISHE 2 — X2 Tdh % BNC,
BNC2014, COCA (Corpus of Contemporary American English), @R 2 —,¢Z COHA (Corpus
of Historical American English) 7 &£, fiction D7 — % Z K&IZIR L 2B a— 2 L Dl
WHREIE 2 HIR T 27212 C5 9 7y P 28M L7, C5% 7k v b id CLAWS DAIHIERE
TH5CTF 7y O BTRICKRSEE - 7—F7 725809 5, Kot R4,
FHEOH T IV =R MLLAEDY SicE LB E EHIT, VBDR (were), VBDZ (was)
DEICH TEEREBIZF 1IN I MINT 2 L) MLy 7 2BEL, &2TohT
V=237 (PV7 7y PRXTEIOET (012) TERT S QEHEHDS Jick L
DlbDTHD, MallERT /7 —>a vyl 6%, HAIE I've 7 £ O contraction 3
TEi%, I_PNP ve_VHB D & 92 2 FEIc3E|Z 415 728, Tabata (2015) IZRE# L 7z 2 — % &
R SR D 5 B,

3. NS EH—ERFE MALLET IC &% LDA OE{T

FEy 7T VORI, ETAERBET S FE Y JEPETNABED 12D D iteration
Mg, ¥—77"v b ET2EREH, OMHRETZ2a3-1ADYA X, HDE0iZa— AL
[ERZIN2T 7 AN (BT AV L) A4 X, ™A R=1F 27—l DEE, S5IK3R
BLOMRE EICLE > TRESEASINS, FREHHOHAGOERBEHICE LY, —&F
WCRGEIR E 72 ) 9 AHEMBARZEREIIFAEL A0, BEALEDEA, EDXI BT S
F—%WETH0IE, EDEHI BRIV —F 72 RFavE2RETEINICELSE, INFE T,
WEET2E 7LD Yy 785 iteration DR D REE, XSty 708%2, 7%
DNIFERE, # 2 1E perplexity (F¥37lE&) > “held-out likelihood” % #RFEEC TR L 721,
LL/token }t3(Bhatia and Kaluza, 2018: 244-6) %, #ii L7z M ¥y 7 2T 2 g0 —EH4
(coherence) T $ % 7774 (Mimno et al., 2011) 3R S 1T %, LL/token tild F Ey 78
DOWIMZHEL, METZ EINTWED, Yy 27EOE{ICZ X 5 LL/token LD EIHR %
AL % Motz et al. (2018) Tl&, #f#a bk €y 7 %150 Rit% T LL/token HIFEIRNCIED K L)
fERE2HE LTS, £/, —H T, LL/token th & AfHIC X %€ 7 VO DI IZAHBED
B LNV EW ) IR H 5 (Kapadia, 2019) b H 5,4

RITE Tk, JEH classic fiction DIFTERIEBRIVEI A R 2 HIVT, DT D X ) %52
L7,

http://ucrel.lancs.ac.uk/clawsStags.html
B OREFRCHEA L 72 Mallet TIRETFILOLEEERTHIEL LT LLoken (NELIE % MEEHCTRR L 7 $H)
PIREND, ZOMED0IGEVIEE, EFAOTFEERED S & FHli 415, “LLAoken indicats the model’s
likelihood, divided by the total number of tokens, indicating how likely the data is given the model. Increasing
values mean the model is improving.” (Bhatia and Kaluza, 2018)
“[R]recent studies have shown that predictive likelihood (or equivalently, perplexity) and human judgment are
often not correlated, and even sometimes slightly anti-correlated.” (Kapadia, 2019)



My 7850

iteration [B14: 1,000

77 A L EY A X 1,000 55

hyperparameter SR % E il D 22 (burn-in): 50

hyperparameter a2 L bE: 10

&=y b & BEEAER IS4, WEHE, —MREEICRE (WEds 7 ofEHRziEM)

AN T o

LDA 12D FE Yy Z7ETILIE, bW “bagof words” 7 7' 0 —F 2§ b, FEHp
T B EEE L CETAEERT LI L0, BRROT 7 A M&RE/RIcTsE, &
FHICOECDHEAVERH E LGHEINTL E0, BRELTHEERELRE MYy 70345
EINTLE), ZNERARICH DI, LDAZEITTEICH72-T, a— 2 RKIERI N
TWVET 7 ANDRE RS-, 77 A FDIE A R, Jockers and Mimno (2013: 754)
WCEEDE 1,00085E L, 1,000 sERHOREL 7' XV MIFEAL 72, 2 — AT 16,179
DX 7 Xy BB L N, MEINIBELHRE, A\UPHEEL TCHNLEwI LY
Ay —%EET DL, 1,0005EE ) VA4 RIEEEHAD XFH Tl 3 L—PRIZICHYS L, —
EDELENZLDIEY I RZAN—TEHRETHLEHMLTEIOTHSL), ol d,
BEMIIZ 1,000 EETHEIT 2720, HRIAV PRV TF VR, HBOIZEREEIITWEL %
WIEETFOREIIBEWTEIDERZRH SS9,

4. HITHR

B AR SR Y — L% v b MALLET Z A\ T LDA 2 Eff L =fERBon by 7
ETNVEMEERT 2 50KD My 7% Table 1 (R L7z, % ¥, LL/token HUZFRAIDAE (iteration
10 [A£8) D —11.26967 2> 582 123 L, iteration 1,000 FI# 1% —9.5205 TH o7, FH 174
LI Py 2HFFAD) %, F2H T LIZENANN—RF I —aDfERL LTS, o
DEDOKNL, Py 7 OEEE < FBMEEERT, 48, off0&RLE, 0. 2EMWL, /I
HHEMTANEU T ZEMERALTWS, 4D T LT EY 70 1407 20 KD key words
% weight PR Z LD DD SMHICIENT V2, BHFRICA L 72 fe BRI o4 L,
FhEAl & R TIRAID | SLFETR SN, EiE (v) DFA DA, BRRHIEZEBIT 27200y 7D 1
XFHE3ILFHOBEREZMN LT3, Table ] D3 AT LITIFLZEFEy 7 ERLEN
DEDMAERL D 2 I ERA L EEB T T3,

Table 1 IZ2BWT, KER aoffZ L2 by ZIIEREWICERLT 2HERA2H 5720, FiE
DIEFRRLT 7 A L EIZBT L LR ODR0Y, afid/hSniEy 238, BEDT 7 A
MR Ay MCRFTRENICAR T 2EAERH % 2 ENRINT0 S,

5 a(adjective): AJO (unmarked), AJC (comparative), AJS (superlative); n (noun): NNO (neutral for number), NN1

(singular), NN2 (plural); v (verb): VVB (base form of lexical verb except infinitive), VVD (past tense form of
lexical verb), VVG (-ing form of lexical verb), VVI (infinitive of lexical verb), VVN (past participle form of
lexical verb), VVZ (s form of lexical verb) %, Table | TIZ R TNLFTCRRENT VS,



Table 1: ORCHIDS KD BELENEY IV ETFILEBRT S50 fEY

No. « Author/Text Key words, or words with the greatest weight
0 .132 door_n room_n house_n bed_n night_n went_vd window_n morning_n came_vd fire_n stairs_n open_a candle_n little_a took_vd key_n time_n opened_vd way_n going_vg
1 .044  Defoe came_vd great_a men_n found_vd made_vd way_n went_vd told_vd time_n other_a little_a place_n good_a began_vd country_n saw_vd things_n island_n shere_n part_n
2 .114 young_a ladies_n lady_n little_a people_n great_a music_n evening_n other_a day_n girls_n time_n company_n gentlemen_n party_n old_a girl_n dinner_n happy_a came_vd
3 .028  BronteC seemed_vd eye_n thought_vd pupils_n little_a english_a evening_n master_n certain_a monsieur_n fell_vd school _n saw_vd french_a day_n asked_vd continued_vd liked_vd answered_vd pleasure_n
4 128 money_n pounds_n man_n business_n sum_n good_a time_n fortune_n year_n poor_a old_a paid_vn house_n years_n life_n hands_n property_n pocket_n small_a little_a
5 184  Haywood time_n great_a person_n made_vd found_vd other_a gave_vd lady_n fortune_n manner_n tock_vd made_vn passion_n day_n told_vd thought_vd young_a good_a means_n whele_a
6 .053 Dickens_BH says_vz man_n sit_n comes_v7 old_a hand_n looks_vz little_a goes_v7 lady_n takes_vz. good_a fricnd_n head_n young_a woman_n looking_vg way_n knows_vz cyes_n
7 012 Swift Stella letter_n dined_vd md_n secretary_n morning_n day_n duke_n went_vd came_vd queen_n good_a night_n great_a fold_vd treasurer_n town_n court_n days_n business_n sent_vd
g .093 wine_n table_n dinner_n glass_n tea_n good_a bottle_n bread_n time_n supper_n water_n little_a fire_n company_n took_vd breakfast_n hot_a drank_vd cold_asmall_a
9 074  Thackeray old_a young_a little_a colonel_n gentleman_n poor_a goed_a friend_n lady_n great_a boy_n man_n says_vz family_n came_vd house_n mother_n gentlemen_n fellow_n world_n
10 065 Trollope said_vd man_n course_n fawn_n knew_vd house_n made_vn cousin_n matter_n said_vn told_vn moment_n friend_n word_n world_n thought_vd wife_n duke_n men_n rate_n
11 049 Richardson P.  said vd good_a lady_n dear_a master_n poor_a ladyship_n sir n madam_n thing_n sure_a happy_a honour_n dear n girl n great a heart_n came_vd goodness_n thought_vd
12279  Dickens_el_al mind_n time_n other_a course_n case_n life_n part_n made_vn point_n circumstances_n state_n way_n subjecl_n man_n question_n means_n greal_a fact_n cerlain_a character_n
13 062 Dickens old_a boy_n head_n boys_n dog_n time_n master_n jew_n small_a cried_vd gentleman_n replied_vd brass_n eyes_n great_a little_a got_vn kit_n eye_n dwarf_n
14 .058  GEliot said_vd felt_vd seemed_vd life_n new_a mind_n sense_n made_vd way_n things_n other_a feeling_n sert_n men_n tone_n thought_n husband_n come_vn strong_a consciousness_n
15 .044  Ficlding answered_vd cries_vz man_n great_a lady_n gentleman_n says_vz sir_n honour_n madam_n said_vd good_a squirc_n other_a poor_a reader_n fellow_n surc_a woman_n coloncl_n
16 166  Dickens night_n old_a time_n day_n man_n came_vd light_n long_a went_vd dark_a seemed_vd dead_a bed_n child_n place_n fire_n life_n looked_vd saw_vd mind_n
17 .028 Collins_Moon. tine_n house_n count_n sergeant_n way_n diamond_n place_n man_n moment_n lady_n words_n room_n cuff_n sir_n asked_vd answered_vd looked_vd side_n mind_n person_n
18 094  18thC great_a book_n world_n men_n work_n books_n man_n other_a history_n good_a lifc_n truc_a learning_n age_n reader_n knowledge_n author_n time_n art_n things_n
19 025  GEliotGaskell said_vd mother_n hit_n poyser_n got_vn work_n good_a folks_n things_n lad_n time_n old_a ud_n poor_a father_n gone_vn job_n way_n went_vd words_n
20 046 Smollett gentleman_n company_n hero_n person_n young_a adventurer_n whele_a great_a began_vd order_n friend_n knight_n time_n consequence_n other_a appearance_n house_n place_n view_n pipes_n
21  .141  Richardson man_n good_a character_n other_a person_n young_a woman_n great_a men_n world_n nature_n love_n gentleman_n mind_n lady_n life_n opinion_n pride_n others_n fortune_n
2207 horse_n horses_n coach_n road_n way_n carriage_n journey_n day_n inn_n miles_n going_vg came_vd coachman_n rode_vd tewn_n house_n morning_n man_n landlord_n time_n
23 .041  Trollope parliament_n man_n great_a men_n house_n country_n peceple_n member_n public_a government_n political_a members_n office_n bill_n party_n honourable_a speech_n friend_n side_n election_n
24 086 Richardson_C. man_n dear_n letter_n lady_n heart_n brother_n creature_n thing_n mother_n [amily_n faveur_n time_n sister_n friend_n given_vn uncle_n dear_a henour_n reason_n {riends_n
25 021 Dickens little_a yard_n head_n headstone_n work_n carrier_n returned_vd dolls_n sloppy_a boy_n hand_n marshalsea_n dressmaker_n got_vd eye_n got_vn fire_n turnkey_n madame_n eyes_n
26 .146  Dickens19thC man_n cried_vd hand_n head_n men_n hands_n blood_n dead_a arms_n face_n mement_n body_n fell_vd ran_vd poor_a saw_vd came_vd fire_n ground_n death_n
27 204 heart_n life_n love_n poor_a tears_n words_n happy_a eyes_n mind_n werld_n soul_n heaven_n happiness_n nature_n sorrow_n hand_n grief_n death_n dear_a day_n
28 077 little_a trees_n garden_n house_n side_n sun_n green_a ground_n old_a stone_n water_n village_n road_n air_n way_n grass_n country_n walk_n summer_n great_a
29 025  Dickens ai_n vbz_n said_vd man_n says_vz took_vd got_vn wery_a boy_n way_n wos_n good_a got_vd mum_n name_n war_n bit_n night_n pipe_n knowed_vd
30 .024  Smollett_TFI great_a city_n other_a place_n country_n people_n town_n water_n english_a part_n mountains_n number_n small_a built_vn french_a sea_n roman_a agreeable_a seen_vn different_a
31 109 Austen sister_n time_n thing_n good_a great_a feclings_n friend_n scemed_vd surc_a felt_vd pleasurc_n happy_a day_n moment_n other_a mother_n family_n brother_n subject_n happincss_n
32 031 Swift great_a other_a country_n majesty_n nature_n whole_a master_n people_n reason_n feet_n court_n certain_a use_n body_n number_n emperor_n animal_n manner_n persons_n author_n
33 060 Dickens_CHE king_n great_a army_n men_n people_n prince_n french_a english_a duke_n war_n made_vd earl_n time_n came_vd enemy_n queen_n country_n soldiers_n made_vn tock_vd
34 .44  Dickens_late young_a lady_n gentleman_n family_n head_n dinner_n manner_n company_n state_n little_a honour_n gentlemen_n dear_n general_a going_vg society_n occasion_n barnacle_n ma’am_n great_a
35 .043 Dickens_early  said_vd replied_vd gentleman_n lady_n young_a inquired_vd gentlemen_n man_n great_a little_a old_a boy_n ladies_n exclaimed_vd sir_n countenance_n other_a friend_n ma’am_n morning_n
36 120  Dickens_mid said_vd little_a dear_n child_n aunt_n old_a poor_a good_a mother_n dear_a thought_vd came_vd face_n went_vd time_n head_n going_vg papa_n returned_vd looking_vg
37 133 Dickens said_vd sir_n man_n old_a returned_vd gentleman_n good_a cried_vd friend_n replied_vd young_a head_n great_a looking_vg hand_n name_n time_n way_n fellow_n manner_n
38 013 Stern_Tristram  uncle_n father_n said_vd queth_n corporal_n world_n honour_n thing_n man_n replied_vd cried_vd brother_n hand_n slep_n continued_vd way_n nature_n chapter_n head_n whele_a
39 041 captain_n ship_n boat_n sea_n board_n water_n shore_n wind_n ships_n great_a men_n voyage_n vessel_n tide_n river_n deck_n gills_n sail_n going_vg cabin_n
40 163 letler_n day_n moerning_n time_n letters_n came_vd went_vd night_n house_n wrote_vd writlen_vn paper_n days_n gone_vn Look_vd nole_n name_n lowD_n news_n evening_n
41 292 Dickens|9thC said_vd hand_n face_n eyes_n looked_vd locking_vg doer_n moment_n voice_n room_n head_n turned_vd saw_vd words_n sat_vd man_n went_vd hands_n stocd_vd took_vd
42 011 stage_n theatre_n play_n manager_n audience_n tragedy_n baron_n piece_n part_n theatrical_a pit_n scene_n actor_n night_n honner_n performance_n acters_n curtain_n scenes_n comic_a
43 104 19thC hair_n whitc_a black_a cyes_n little_a facc_n large_a dress_n head_n worc_vd looked_vd bluc_a red_a long_a gold_n figurc_n coat_n finc_a dressed_vn small_a
44 298 19thC said_vd man_n good_a way_n thing_n thought_vd told_vd woman_n sure_a going_vg people_n things_n went_vd poor_a came_vd knew_vd wife_n time_n little_a word_n
45 031 Trollope church_n bishop_n archdeacen_n clergyman_n man_n old_a hospital_n parish_n warden_n men_n sermon_n new_a service_n dean_n cathedral_n curate_n good_a rector_n congregation_n signora_n
46 043 doctor_n patient_n surgecn_n man_n physician_n medical_a fever_n bed_n ill_a sick_a health_n nurse_n day_n case_n poor_a medicine_n illness_n apothecary_n death_n good_a
47 050  Defoe_Journal  people_n prison_n time_n prisoner_n other_a justice_n court_n city_n house_n law_n taken_vn peor_a case_n great_a plague_n magistrate_n evidence_n death_n prisoners_n houses_n
48 .161 father_n mother_n son_n old_a brother_n child_n family_n daughter_n children_n young_a years_n sister_n wife_n poor_a boy_n house_n life_n good_a husband_n man_n
49 087  Dickens_j old_a people_n great_a streel_n streets_n place_n little_a houses_n windows_n men_n man_n other_a town_n way_n looking_vg city_n walls_n day_n house_n children_n
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Appendix

Appendix 1: Dickens component of ORCHIDS

No. Author  Texts Abbr. Category Date Word-tokens
1 Dickens  Sketches by Boz (SB) Sketches 1833-6 189,535
2 Dickens  The Pickwick Papers (PP) Serial Fiction  1836-7 305,135
3 Dickens  Other Early Papers (OEP) Sketches 1837-40 67,622
4 Dickens  Oliver Twist (OT) Serial Fiction ~ 1837-9 160,056
5 Dickens  Nicholas Nickleby (NN) Serial Fiction  1838-9 326,802
6 Dickens  Master Humphrey’s Clock (MHC)  Miscellany 1840-1 47,671
7 Dickens  The Old Curiosity Shop (0CS) Serial Fiction  1840-1 220,435
8 Dickens  Barnaby Rudge (BR) Serial Fiction 1841 257,126
9  Dickens  American Notes (AN) Sketches 1842 102,358

10 Dickens  Martin Chuzzlewit MC) Serial Fiction 18434 341,605
11 Dickens  Christinas Books (CB) Fiction 1843-8 156,976
12 Dickens  Pictures from ltaly (PED) Sketches 1846 72,828
13 Dickens  Dombey and Son (DS) Serial Fiction  1846-8 346,798
14 Dickens  David Copperfield DO Serial Fiction ~ 1849-50 360,386
15 Dickens A Child’s History of England ~ (CHE) History 1851-3 163,966
16  Dickens  Bleak House (BH) Serial Fiction  1852-3 358,860
17 Dickens  Hard Times HT) Serial Fiction 1854 104,751
18  Dickens  Little Dorrit (LD) Serial Fiction  1855-7 342,086
19  Dickens  Reprinted Pieces (RPR) Sketches 1850-6 92,457
20  Dickens A Tale of Two Cities (TTC) Serial Fiction 1859 137,227
21 Dickens  The Uncommercial Traveller  (UT) Sketches 1860-9 143,949
22  Dickens  The Great Expectations (GE) Serial Fiction  1860-1 187,141
23 Dickens  Our Mutual Friend (OMF)  Serial Fiction  1864-5 331,694
24 Dickens  The Mystery of Edwin Drood ~ (ED) Serial Fiction 1870 95,181
Sum of word-tokens in the set of Dickens texts: 4,912,651
Appendix 2: 18th Century component of ORCHIDS

No.  Author Texts Date Word-tokens

1 Defoe Robinson Crusoe 1719 121,839

2 Defoe The Farther Adventures of Robinson Crusoe 1719 100,655

3 Defoe Captain Singleton 1720 111,074

4 Defoe A Journal of the Plague Year 1722 93,937

5  Defoe Moll Flanders 1722 138,563

6  Defoe The Military Memoirs of Capt. George Carleton 1728 80,770

7  Fielding Joseph Andrews 1742 125,650

§  TFielding Jonathan Wild 1743 69,685

9  Fielding A Journey from this World to the Next 1749 45,062

10 Fielding Tom Jones 1749 347,080

11 Fielding Amelia 1751 212,589

12 Goldsmith The Vicar of Wakefield 1766 63,331

13 Haywood The Fortunate Foundlings 1744 101,742

14 Richardson  Pamela 1740-1741 442,580

15 Richardson  Clarissa Harlowe 1748 941,637

16  Smollett Roderick Random 1748 192,418

17 Smollett Peregrine Pickle 1751 343,489

18  Smollett Ferdinand Count Fathom 1753 158,292

19  Smollett Sir Launcelot Greaves 1760 90,016

20 Smollett Travels through France and Italy 1766 121,307

21 Smollett Humphry Clinker 1771 151,253

22 Sterne Tristram Shandy 1759-1767 188,366

23 Sterne A Sentimental Journey through France and Italy 1768 41,061

24 Swift A Tale of a Tub and the History of Martin 1704 44,233

25  Swift Gulliver’s Travels 1726 104,359

26  Swift A Journal to Stella 1766 191,941

Sum of word-tokens in the set of 18th Century texts: 4,622,929




Appendix 3: 19th Century component of ORCHIDS

No.  Author Texts Date Word-tokens
1 Austen Sense and Sensibility 1811 120,325
2 Austen Pride and Prejudice 1813 123,045
3 Austen Mansfield Park 1814 160,919
4 Austen Emma 1815 161,400
5  Austen Northanger Abbey 1817 77,806
6  Austen Persuasion 1817 83,841
7  BrontA Agnes Grey 1847 68,941
8  BronteC Jane Eyre 1847 187,329
9  BrontéC Villette 1853 195,440

10 BronteC The Professor 1857 88,604
10 BrontéE Wuthering Heights 1847 118,739
12 Collins After Dark 1856 137,456
13 Collins The Moonstone 1868 198,444
14 Collins The Woman in White 18591860 249,036
15 Gaskell Mary Barton 1848 164,363
16  Gaskell Cranford 1853 71,689
17 Gaskell Sylvia’s Lovers 1863 194,908
18  GEliot Adam Bede 1859 220,445
19  GEliot The Mill on the Floss 1860 212,080
20  GEliot Silas Marner 1861 73,371
21 GEliot Daniel Deronda 1876 313,885
22 GEliot Romola 1862-1863 229,423
23 GEliot Middlemarch 1871-1872 321,535
24 Thackeray  Barry Lyndon 1844 127,186
25  Thackeray  Vanity Fair 1847-1848 308,451
26  Thackeray  The History of Pendennis ~ 1848-1850 361,837
27  Thackeray  The Newcomes 1854-1855 369,576
28  Thackeray  The Virginians 18571859 360,982
29 Trollope The Warden 1855 72,838
30 Trollope Barchester Towers 1857 200,444
31 Trollope Doctor Thorne 1858 220,694
32 Trollope Can You Forgive Her? 18641865 321,029
33 Trollope Phineas Finn 1867-1868 265,795
34 Trollope The Eustace Diamonds 1871-1873 273,553

Sum of word-tokens in the set of 19th Century texts: 6,655,409
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