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RS, RO TR T VEERLIZEZA, TS IX AUC (Area Under the Curve)
(21T 0.88 Hilf& D MEAESILE.

To efficiently determine the best journal for publishing a new paper, this study developed a model
that predicts the most suitable journal by inferring the content from each article's title. Initially, the study
utilized ChatGPT to infer the contents from the titles of articles published in four different journals. The
results were used to visualize the differences between articles, identifying four distinct clusters. It was
observed that journals A, B, and D predominantly published papers from one particular cluster, whereas
journal C demonstrated a more balanced approach, publishing papers from each cluster. Subsequently,
the authors employed machine learning techniques to create a predictive model for identifying the
optimal journal for submission. This model used the content of each paper as the explanatory variable
and the choice of a journal as the dependent variable. The model achieved a high predictive accuracy

with an AUC (Area Under the Curve) score of approximately 0.88.

F—U—R i GER A AR AL ChatGPT, i SCRRRE THIET IV, Rk 8T, 77 A% — 0387

Keywords : Interactive Generative Al, ChatGPT, Journal Submission Prediction Model, Principal Component

Analysis, Clustering Analysis
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Extra Trees Classifier 0.881 0.707
Light Gradient Boosting Machine 0.874 0.725
Extreme Gradient Boosting 0.873 0.732
Random Forest Classifier 0.869 0.714
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